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Abstract

When evaluating research findings, it is important to examine what statistical meth-

ods were used to reach and support the stated conclusions. Regression is a common

analysis in the Industrial/Organizational psychology literature and researchers have

debated how to interpret the standardized optimal weights produced in ordinary

least squares (OLS) regression. Multiple methods for determining the relative im-

portance of predictors in a regression model have been proposed, along with a va-

riety definitions of what is meant by predictor importance. Conversely, it has been

shown that by slightly decreasing the model R2 that is obtained through OLS mul-

tiple regression an infinite number of alternative weight vectors can be produced,

calling into question the meaning of OLS weights when the alternative weights di-

verge from the OLS weights. Articles published from 2003-2014 in the Journal of

Applied Psychology, Academy of Management Journal, and Psychological Science

that used OLS regression were reviewed. It was found that regression is used to an-

swer questions on a wide variety of topics and interpreted in a multitude of ways

in the I/O psychology and general psychology literature. The study found that dif-

ferent relative importance analyses can result in different conclusions about what

predictors are most important. Examining alternative weight vectors further brings

into question conclusions drawn based on optimal weights. For the majority of

studies examined alternative weight vectors were found that provided a different

rank ordering of predictors with only a small loss in model fit. The findings in this

paper highlight and reinforce the need for Industrial/Organizational psychologists

to turn a critical eye on the interpretation of regression analyses, especially regres-

sion weights, in reaching substantive conclusions.
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1 Introduction

It has become clear in Industrial/Organizational (I/O) psychology that, not

only is it important to carefully consider what topics warrant future study, but

also to give deliberate thought to how to study the selected topic of interest. There

appears to be a delay between the publication in quantitative psychology jour-

nals of new information regarding statistical analysis methods favored by Indus-

trial/Organizational psychologists, and the acceptance and implementation of these

findings by those publishing in premiere I/O journals. A prime example is the con-

tinuing controversy regarding the use of null hypothesis significance testing and

psychologists’ abilities to correctly interpret and communicate the findings of their

statistical analyses (e.g. Cohen, 1994; Cortina & Landis, 2011; Schmidt, 2010).

Dissemination of relevant findings from cutting edge quantitative journals (e.g.,

Psychometrika) to I/O psychology is crucial for informing correct use and interpre-

tation of statistical tools in the I/O field. Critical flaws in widely used statistical

approaches can have a profound effect on I/O knowledge and applications. Ignoring

methodological advancements can compromise the integrity of I/O psychologists’

work. The overall objective of the current research is to critically examine the use

of multiple regression analysis in a sample of recently published I/O research lever-

aging developments from the quantitative literature demonstrating fundamental

problems with regression weights. This analysis will yield an enhanced understand-

ing of how to interpret regression analyses and ensure that conclusions based on

these analyses are sound.

Ordinary least squares (OLS) multiple regression is a frequently used statisti-

cal approach in I/O psychology (Stone-Romero, Weaver, & Glenar, 1995; O’Neill,

McLarnon, Schneider, & Gardner, 2013). Peer reviewed journal articles and field
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applications use regression to test hypotheses about the relative importance of pre-

dictor variables. The field’s guidelines (Principles for the Validation and Use of Per-

sonnel Selection Procedures (Society for Industrial and Organizational Psychology,

2003)) presume the use of multiple regression analyses in providing evidence for im-

portant issues relating to prediction, fairness and bias. In short, multiple regression

has been embedded in the DNA of both applied and academic I/O psychologists.

OLS multiple regression is used to determine which linear combination of in-

dependent variables results in the smallest sum of squared errors (SSE) when pre-

dicting the dependent variable; it also maximizes the correlation between observed

and predicted values of the dependent variable. The combination of weights that

produce this minimized SSE and maximized correlation are considered optimal. In

this paper beta weights will refer to the standardized regression weights calculated

based on a sample of data. It long has been known that, when developing a regres-

sion equation for the purpose of predictive power outside of the original sample,

equal weights perform as well as optimal weights in some situations (e.g., Davis-

Stober, 2011; Green, 1977; Ree, Carretta, & Earles, 1998; Schmidt, 1971; Wainer,

1976; Wilks, 1938).

Waller (2008) demonstrated that there are an infinite number of interchangeable

weights that produce a proportion-of-variance-accounted-for just slightly smaller

than the maximized squared multiple correlation. That is, infinite sets of exchange-

able (or Waller states, “fungible”) regression weights in multiple regression all result

in the same, slightly suboptimal variance-accounted-for. Waller further illustrated

that the fungible solutions may drastically differ from each other and from the least

squares weights. This last point raises major concern for the interpretation of re-

gression weights.

The practice of interpreting regression weights in research and applied settings

2
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appears to have critical flaws. Thus, interpreting regression weights is not as direct

as has been portrayed in applied psychology research and practice. For example,

journal articles that have drawn conclusions based on the size or relative magnitude

of regression weights need to be examined carefully as they may be endorsing erro-

neous conclusions based on optimal weights.

These erroneous conclusions are not only a threat to those conducting I/O psy-

chology research but also to consumers of research who may reach incorrect conclu-

sions and practitioners who may base applications on faulty interpretations. Cur-

rently, much research in I/O psychology uses multiple regression analysis and many

articles using this method are highly influential. Waller’s (2008) demonstration of

how some regression models are insensitive to changing multiple regression weights

and the misleading conclusions than can result from relying on these weights have

not been fully recognized and integrated in the I/O field. It is crucial to bridge this

divide between the applied and quantitative literature.

In order to bridge the divide, research must highlight how findings regarding

statistical methods presented in quantitative journals have a direct impact on the

validity of the conclusions being drawn in applied journals. Analyzing the use of

multiple regression weights in I/O research will help I/O psychologists appreciate

the limitations of the approach and may lead to different substantive conclusions

than those already reported in the literature.

Understanding what regression weights actually mean is essential before conclu-

sions are drawn. Koopman (1988) found that, at least in some situations, similar

composites (which, in terms of multiple regression, would be considered the pre-

dicted criterion values) could be produced by weights that differ from the optimal

weights but that similar weights cannot produce drastically different composites.

It follows then that when examining multiple regression, the interpretation of the

3
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obtained optimal weights can pose a challenge. When determining how to interpret

regression weights, it is important to examine parameter sensitivity. Parameter sen-

sitivity is determined by examining how changes in weights are related to changes

in fit indices (e.g., SSE and R2 values). Models that are sensitive to weight shifts

are characterized by a large change in fit indices accompanied by small changes in

the weights; the fit indices associated with models that are insensitive to weight

fluctuations are robust to slight (and sometimes not so slight) changes in weights.

It is important to make the distinction between sampling variability and param-

eter sensitivity. Large samples and meta-analysis have allowed I/O psychologists

to become increasingly confident in their findings. Large sample sizes help to pro-

tect analyses from sampling variability that arises from capitalization on chance.

Sampling variability is how parameter estimates might change across samples. Sta-

tistical significance is linked to sampling variability. Sampling variability is a valid

consideration that has received much attention, but it is not the only consideration.

Parameter sensitivity has been a less prevalent topic in I/O literature and is actu-

ally independent of sample size (Green, 1977). The lack of a relationship between

parameter sensitivity and sample size is important because the general approach

of bigger is better when considering sample size will not help to protect statistical

results against parameter sensitivity.

Parameter sensitivity highlights the difficulty in deriving meaning from beta

weights in OLS regression. Various issues related to interpreting beta weights have

been examined over the years and many methods have been proposed as improve-

ments over beta weights when it comes to determining relative importance of pre-

dictors. Dominance analysis, relative weights analysis, and various other methods

have made strides towards comparing the relative importance of predictors in a

regression model (Johnson & Lebreton, 2004; Nimon & Oswald, 2013). Unfortu-

4
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nately, despite being discussed within the psychology literature, some believe that

the lack of metrics provided in the standard SPSS regression output contribute to

researchers relying on beta weights and R2 (e.g. Nathans, Oswald, & Nimon, 2012;

Nimon, 2011). Even with the advantages offered by relative importance analytical

methods, these methods do not result in a measure of the overall model sensitiv-

ity. A measure of regression model sensitivity is absent from the I/O literature and

would allow a more complete understanding of regression analysis. Understanding

methods we employ will allow us to make more valid conclusions and provide better

recommendations for practice.

The current research on how to interpret multiple regression weights is com-

pelling. Unfortunately, this research has not made it into the mainstream I/O jour-

nals, despite the use of an I/O article to illustrate the points made in Waller (2008)

and calls for psychologists to attend to the quantitative literature (Nimon, 2011).

In order to strengthen the dissemination of and attention to new statistical find-

ings by I/O researchers and practitioners, it is important to emphasize their direct

applicability and critical importance to I/O psychology.

The current research has descriptive rather than inference-based goals. Well-

defined methods already exist to determine if multiple regression models are insen-

sitive. It is also clear that, when models are insensitive, and even when they are

not, it is difficult to draw conclusions from their relative magnitude. This study

draws upon two complementary lines of existing research - the more theoretical

quantitative research on fungible weights and the applied research in I/O psychol-

ogy. Specifically, the following questions will be addressed:

1. How is regression used in I/O and general psychology and how are regression

weights interpreted?

5
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2. What analyses have been used in the I/O and general psychology literature to

interpret beta weights in regression?

3. Are regression models in the I/O and general psychology literature insensitive

to shifts in predictor weights?

4. How influential are the I/O and general psychology articles that use OLS re-

gression?

Taken together, the answers to these questions will describe the magnitude of prob-

lems arising from reliance on regression weights in the I/O and general psychology

research literature. Examining the insensitivity of multiple regression weights used

in research will allow I/O researchers to understand the magnitude of the impact

of improperly interpreting regression weights specifically and statistical tools more

generally. In this paper the notation of Abadir and Magnus (2002) is used, vectors

are represented by bold-italic lowercase letters, matrices are represented as bold-

italic uppercase laters, and random variables and scalars are represented by italic

lowercase letters.

1.1 Regression in I/O Research

Regression has had a robust presence in I/O research. Stone-Romero et al. (1995)

examined research published in the Journal of Applied Psychology between 1975

and 1993. They found that, across this time period, between 10% and 38% of ar-

ticles employed multiple regression. Also during this time frame, the proportion of

articles using multiple regression increased.

The applications of regression can be split into two distinct categories: predic-

tion and explanation (Courville & Thompson, 2001). Regression has been used

6



www.manaraa.com

heavily to support and reject theories, and has played a major role in the selection

literature. The literature examining general mental ability (g) as a predictor of job

performance has repeatedly used regression to emphasize the role of g in prediction

even when other selection tools are employed.

Schmidt and Hunter (1998) conducted a meta-analysis and summarized 85 years

of research in personnel selection. They used regression to identify predictors that

added incremental validity above g when predicting job performance and training

performance. Work samples, integrity tests, structured interviews, and conscien-

tiousness measures added the most incremental validity when they were combined

with g in a regression. This regression analysis also showed that, if g is used in a

selection system, unstructured interviews add only .04 to the validity of the system.

Regression also identified measures of conscientiousness and integrity tests as the

two predictors that added the most incremental validity above g when predicting

training performance. The impact of this article was enormous, as it was cited over

3,500 times according to Google Scholar (as of February 24, 2017).

Schmidt and Hunter (2004) re-examined past findings on personality and g to

determine which variables measured early in life were most important in predicting

career success later in life. In this study, they re-analyzed data from Judge, Hig-

gins, Thoresen, and Barrick (1999) using multiple regression. They combined occu-

pational level and income into a variable titled career success. The adjusted multi-

ple R for when Big Five personality traits were included in the model was .56. Af-

ter adding g into the model, the multiple R raised to .63. Schmidt and Hunter ex-

amined the beta weights and concluded that g and conscientiousness were the most

important predictors. Another regression was run with only g and conscientiousness

as predictors, and the multiple R remained at .63. This study emphasized the fact

that measures of cognitive ability maintain their validity over the long term, with
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scores obtained in childhood predicting outcomes years later.

Ree, Earles, and Teachout (1994) used multiple regression to examine findings

concerning specific abilities (s) and g. They found that adding s into a regression

only increased the validity of the system by .02 over g. Their findings indicated

that, although s does add validity in predicting performance, the addition is small

and may not be considered worthwhile in some contexts.

Leadership is a popular research topic and there has been controversy over whether

traits are useful in the context of leadership. Bass (1990) posed the question of

what differentiates leaders from other people. Judge, Bono, Ilies, and Gerhardt

(2002) conducted a meta-analysis to look at predictors related to leadership. They

used meta-analytic correlation estimates to conduct a regression to examine how

the Big Five predicted leader emergence and leadership effectiveness. They found

that the multiple R for predicting leadership emergence from the Big Five was .53

and for predicting leadership effectiveness was .39. Extraversion, conscientiousness,

and openness were the strongest predictors of leadership. This study confirmed that

personality is a useful predictor of leadership, both emergence and effectiveness. It

also highlights that personality may be more relevant to emergence than to effec-

tiveness.

A newer interest in personnel selection is changes in criteria over time, and whether

or not predictors will remain valid across these changes in the criteria of interest.

Lievens, Ones, and Dilchert (2009) examined the validity of the Big Five personal-

ity factors for predicting performance across multiple years of medical school. They

used meta-analytic correlation estimates to regress performance on the Big Five.

They found that, across the years of medical school, the beta weights increased for

extraversion, openness, agreeableness, and conscientiousness. The largest gains were

seen in openness, extraversion, and conscientiousness. They attributed this gain to

8
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the change in what was being captured by the selected criteria (GPA). The authors

believe that performance in applied settings became more important, and the need

for interpersonal skills increased. This study emphasized the importance of criterion

change. It also highlighted the importance of personality for predicting long-term

success in the medical field and other fields where interpersonal skills become in-

creasingly important as time goes on.

1.2 Regression in Applied Domains

Not only has regression been a popular tool in academic research, but it is often

used in applied settings as well. In applied settings, regression is frequently used

in developing and evaluating selection systems, determining what factors influence

things like employee engagement and performance, and evaluating the effective-

ness of various intervention programs. When working as an external consultant,

the question often faced is, “Will the consultant increase the company’s predic-

tion capabilities?” In this case, hierarchical regression may be used to demonstrate

whether combining existing predictors with a new, customized measure would allow

the client to better predict which applicants will perform well on the job.

When working within a company, there might be a more general question, such

as, “What measures should the company use to screen and hire applicants for a

particular position?” In this situation a few measures may be administered to in-

cumbents and the incumbents’ performance evaluation can be used as the outcome

variable. The multiple R can be examined to determine the validity of the com-

bined measures. Regression also can be used to eliminate measures that are not

contributing to the prediction of the criterion. If a measure is removed from the

regression equation and the multiple R does not change much, then it may not be
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worthwhile to administer that assessment. It is also possible to break down the per-

formance evaluation into sub-scales and use each subscale as a dependent variable.

If the multiple R is particularly low for one subscale, then efforts can be focused on

developing a new selection measure that would better predict performance in this

area.

Another question in applied settings that is targeted using multiple regression

is: “What drives employee engagement and turnover?” Many companies adminis-

ter surveys at least once a year that gauge employee engagement and/or satisfac-

tion. Regression sometimes is used to examine which items, or subscales, are most

predictive of future employee satisfaction or turnover. Given the dichotomous out-

come variable, predicting turnover within the year would involve using a logistic

regression procedure. Standard OLS regression is often used when looking at how

responses to an engagement survey at time 1 might account for responses to sur-

vey questions such as “Do you intend to stay?” and “What is your overall satisfac-

tion with your job?” at time 2. Using regression, companies attempt to determine

what issues are most likely to cause employees to leave, become disengaged, or less

productive members of the team. The company may decide to change a policy or

launch interventions as a result of these analyses.
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2 Brief Review of Relevant Regression Literature

2.1 Multiple Regression

OLS multiple regression is used to create a linear composite of a specified set of

predictor variables that minimizes the sum of squared errors (SSE) when predicting

the outcome variable. This process maximizes the correlation between the observed

and predicted values of the outcome variable. The combination of weights that pro-

duce this minimized SSE and maximized correlation is considered optimal.

The general (model) form of OLS multiple regression is:

y = b0 + b1x1 + b2x2 + . . .+ bpxp + e

where y is an n × 1 vector of scores on the outcome variable of interest. b0 is the

intercept value, which can be thought of as what the score on y would be if all xi

were equal to 0. Each xi is an n × 1 vector of scores on predictor variable i. The

predictor variables can also be represented as an n × p matrix, X, of predictor

scores. The regression weights associated with each predictor are represented by

b1 through bp. Error in the model is represented by the n × 1 vector e and is of-

ten referred to as random error. The error can be from random influences or from

variables unaccounted for in the model. The takeaway from the model is that in

OLS regression y is assumed to be a linear combination of p predictors and error

(Bobko, 2001; Darlington, 1968).

There are a few important assumptions surrounding the error term. The error is

assumed to be conditionally normally distributed with a mean of 0 and a constant

variance across all values of xi. Sources of error (which can be thought about as

separate ei) are assumed to be independent (Bobko, 2001).
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The model discussed above is a theoretical population model. When creating a

model in practice the error term is not estimated and we are left with:

ŷ = b̂0 + b̂1x1 + b̂2x2 + . . .+ b̂pxp.

Here, ŷ is the n × 1 vector of predicted values of y based on the regression equa-

tion and and each b̂i is the estimated regression weight associated with predictor p.

When scores on all variables are standardized so that their variance is equal to one,

and centered so the their mean is equal to 0, then the regression weights become

standardized regression coefficients, called beta weights. If the scores are standard-

ized and centered at 0 (converted to z-scores), the intercept term disappears. This

standardized regression form is:

ŷ = Xβ.

Where β, is the p× 1 vector of standardized regression coefficients, β1 through βp.

2.2 Determining Importance in Multiple Regression

In the past, researchers have used a variety of methods to evaluate the contri-

bution of predictors, including zero-order correlations, standardized beta weights,

and semipartial correlations (Budescu 1993; Johnson, 2000; Johnson & LeBreton,

2004; Tonidandel, LeBreton, & Johnson, 2009). However, these measures are not

easy to interpret when multicollinearity exists, which is often (if not always) the

case in I/O psychology (Darlington, 1968). When variables are uncorrelated, the

zero-order correlations and standardized beta weights are equivalent and the sum of

their squares is equal to the multiple R2; this equivalence is no longer true when
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predictors are correlated. It has been recommended that regression coefficients

and correlations be taken into account when trying to determine relative impor-

tance. However, simply examining these two indices is subjective and leaves room

for debate (Courville & Thompson, 2001; Johnson & LeBreton, 2004; Thompson &

Borrella, 1985). To complicate the matter, it is possible for a predictor to have a

large correlation with the outcome variable but have a beta weight near 0, or even

a large positive correlation with the criterion and a negative beta weight (Darling-

ton, 1968).

One of the major issues in determining the relative importance of predictors in a

regression equation is defining importance (Nathans, Oswald, & Nimon, 2012; John-

son & LeBreton, 2004; LeBreton, Ployhart, & Ladd, 2004; Budescu 1993). Different

measures use different definitions of importance to rank-order variables. LeBreton

et al. (2004) proposed that measures of relative importance could assess direct ef-

fects, total effects, and partial effects. It is important to note that the definitions

of direct, total, and partial effects used by LeBreton et al. and throughout the rest

of this paper differ from how these terms are commonly defined in structural equa-

tion modeling (SEM) (e.g. Sobel, 1990). LeBreton et al. define direct effects as the

contribution of a predictor to the outcome variable without the presence of other

predictors. A predictor’s total effect is its contribution after the contributions of all

other predictors have been removed. The partial effects focus on a predictor’s con-

tribution when accounting for some type of model subset(s).

A single technique can assess more than one type of importance based on this

classification system. Looking at all three types of effects for a predictor gives a

more complete picture of how that predictor functions within the system. Beta

weights only account for total effects. Given that they are calculated by taking into

account the contributions of all predictors, they do not reflect partial or direct ef-
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fects (Nathans et al., 2012).

2.2.1 Zero-Order Correlation Coefficients

Zero-order correlation coefficients, also known as validities, are the correlations

between the predictors and the outcome variable. They are measures of the direct

effect of the predictor on the outcome variable and do not account for the effects

of other predictors (Nathans et al., 2012). They are easy to calculate and even can

be calculated by hand in small data sets. The zero-order correlation is simply the

covariance of the predictor and outcome variable divided by the product of the two

variables’ standard deviations. For this paper the zero-order correlation for a given

predictor, xi, will be denoted ryxi
.

When predictor variables are uncorrelated, the squared zero-order correlations of

all predictor variables with the outcome variable sum to R2. If the question facing

a researcher or practitioner is, “Which single predictor should I use?” then it makes

sense to choose the predictor with the largest zero-order correlation since shared

variance with other predictors is not a concern. However, when looking at questions

concerning which predictors should be used together, zero-order correlations can be

hard to interpret in the presence of correlated predictors.

2.2.2 Standardized Regression Weights

Standardized regression weights (beta weights) are the weights obtained from

an OLS regression where the predictor and criterion have been transformed into z

scores. Along with interpreting their relative size, researchers often report the sta-

tistical significance of the beta weights. The significance of a beta weight is gen-

erally determined using a t-test, and simply states whether or not the beta weight

significantly differs from 0 (Bobko, 2001). The commonly used formulas for deter-
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mining the significance of a single unstandardized predictor weight can be expressed

as:

t(n− p− 1) =
bi
sbi

.

s2bi =
s2y(1−R2)

s2xi
(1−R2

i )(n− p− 1)
.

Where R2
i is the R2 obtained from regressing predictor xi onto all other predictors

in the model. As R2
i increases, so does s2bi , indicating that with increasing multi-

collinearity amongst predictors the regression weights become more unstable. Re-

member that in the case of beta weights scores on the predictors and the outcome

variable have been converted to z-scores. It follows that for beta weights s2y and

s2xi
will be equal to 1 and can be removed from the calculation for s2bi (e.g. Harris,

2001). This means the equations can be rewritten as:

t(n− p− 1) =
βi

sβi

.

s2βi
=

(1−R2)

(1−R2
i )(n− p− 1)

.

It is important to note that Jones and Waller (2013) found that under certain

conditions using the above formula to compute the standard error for a given βi

produced biased results, and suggested that users of regression should use the delta

method to estimate the standard error for a given βi.

Regression weights represent the expected difference in the outcome variable,
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given an increase of one unit in the predictor, while holding the value of other pre-

dictors constant (Hoyt, Leierer, & Millington, 2006). Interpreting the relative size

of beta weights is often used to assess variable importance (Thompson, 2001; Zien-

tek, Capraro, & Capraro, 2008).

2.2.3 Structure Coefficients

Structure coefficients examine direct effects by looking at the correlation be-

tween a predictor and the score on the outcome variable predicted by the full re-

gression model (ŷ) (Courville & Thompson, 2001; LeBreton, Ployhart, & Ladd,

2004):

rSi
= rŷxi

.

Dunlap and Landis (1998) demonstrate that structure coefficients can also be

calculated by dividing the zero-order correlation by the multiple R for the regres-

sion model:

rSi=
ryxi

R
.

In order to see how rŷxi
is equivalent to ryxi

R
let X be the n × p matrix of stan-

dardized scores (z scores) for all n subjects on p predictor variables. Let β be the

p × 1 column vector of standardized OLS regression weights and let ŷ be the n × 1

column vector of predicted criterion scores. Given ŷ = Xβ, we know that:

Cov(X, ŷ) = Cov(X,Xβ).

Which means that:
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Cov(X, ŷ) =
(

1
n−1

)
X ′Xβ.

Given that:

RX =

(
1

n

)
X ′X,

where RX is the predictor correlation matrix. The Cov(X, ŷ) can be expressed as:

Cov(X, ŷ) = RXXβ.

In order to convert Cov(X, ŷ) to rŷX , it is necessary to divide Cov(X, ŷ) by

the square root of the variance of ŷ. The variance of ŷ can be calculated as:

s2ŷ = E(ŷ2)− [E(ŷ)]2.

Since E(ŷ) is equal to 0 this can be reduced to:

s2ŷ = E(ŷ2).

It then follows:

E(ŷ2) =
(
1
n

)∑
ŷ2

(
1

n

)∑
ŷ2 =

(
1

n

)
β′X ′Xβ = β′RXβ.

Putting it all together we see that:

rŷX =
RXβ√
β′RXβ

.

Noting that:
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β = R−1
X ryX ,

it follows:

rŷX =
RXR−1

X ryX√
β′RXR−1

X ryX

=
ryX√
β′ryX

.

Given that R2 = β′ryX :

rŷX =
ryX
R

.

Structure coefficients are simply correlations, and squaring structure coefficients

represents the variance shared between the estimate of the outcome variable and

the score on a predictor variable. Looking at structure coefficients in conjunction

with beta weights can be enlightening. A variable with a large structure coefficient

and small beta weight must share common variance with the outcome variable with

at least one other predictor. One or more other predictors are accounting for that

shared variance in the regression model (Nathans et al., 2012).

Structure coefficients can also be used to detect suppressor variables. If a pre-

dictor has a large beta weight and a small structure coefficient, that variable is a

suppressor variable. However structure coefficients cannot identify which predictors

are being suppressed nor the size of the suppression effect (Nathans et al., 2012).
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2.2.4 Pratt Measure

Pratt (1987 as cited in Nimon & Oswald, 2013 and Thomas, Hughes, & Zumbo,

1998) developed a measure referred to as the Pratt measure or product measure. It

is calculated as follows:

mi = βiryxi
.

Where mi is the value of the Pratt measure for predictor i. As can be seen above,

this measure is the product of the standardized regression coefficient for predictor i

and the zero-order correlation between scores on predictor i and the outcome vari-

able y. It is a decomposition of R2 and the mi’s sum to R2. Given the nature of

the calculation, this measures both direct (zero-order correlation) and total effects

(beta weights) (Nathans et al., 2012).

This measure of variable importance is fascinating in that it allows importance

to be calculated for a subset of variables simply by adding their individual impor-

tance scores. Difficulties of interpretation for this measure arise when a negative or

zero value of mi is observed, which can be a result of correlated predictors or sup-

pression effects (Thomas et al., 1998).

2.2.5 Commonality Analysis

Commonality coefficients partition the variance explained in the regression model

into unique effects and common effects. Unique effects apply to a single predictor

while common effects come from variance shared by every possible subset of predic-

tors (Amado, 1999; Nathans et al., 2012; Zientek & Thompson, 2006).

Unique effects are a measure of total effect. They quantify the contribution of

a predictor to the model that is not shared with other predictors. It is also known
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as the predictor’s usefulness or squared semipartial correlation. In the case where

all predictors are uncorrelated, the unique effect is equivalent to the squared zero-

order correlation and squared beta weight. In the case of uncorrelated predictors,

ranking of variable importance can be done based on the unique effects (Nathans

et al., 2012). Common effects are also a measure of total effect and measure the

predictor’s contribution that that predictor shares with every possible predictor set.

For a three predictor model, seven commonality coefficients would be calculated.

Three commonality coefficients would be calculated for the unique contribution of

each predictor and then four commonality coefficients would be calculated for the

four, two-predictor subsets.

Commonality analyses can be particularly useful in identifying suppressor ef-

fects (Nimon & Oswald, 2013; Zientek & Thompson, 2006). While a small negative

commonality coefficient can be a result of sampling error, negative commonality

coefficients can also indicate the presence of a suppressor. Commonality analysis al-

lows suppression effects to be quantified by summing the negative common effects

(Nimon & Oswald, 2013).

2.2.6 Dominance Analysis

Budescu (1993) set out three conditions for determining the relative importance

of predictors in a regression equation:

“(a) Importance should be defined in terms of a variable’s “reduction of

error” in predicting the criterion, y; (b) The method should allow for

direct comparison of relative importance instead of relying on inferred

measures; (c) Importance should reflect a variable’s direct effect (i.e.

when considered by itself), total effect (i.e., conditional on all other pre-
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dictors), and partial effect (i.e. conditional on subsets of predictors).”

(Budescu, 1993, p.544).

Note that Budescu does not assume that variables can be ordered in terms of im-

portance. Dominance analysis sets out to determine if ranking by importance can

occur (Johnson & LeBreton, 2004).

Dominance analysis compares pairs of predictors and how they behave in h =

2(p−2) models. These models involve all subsets of predictors. Variable a dominates

variable b in model h if adding variable a to model h results in a greater R2 than

adding variable b to model h. By performing a dominance analysis for all pairs of

the p predictors, dominance analysis determines an order of importance for the pre-

dictors, if that order exists.

Azen and Budescu (2003) defined three levels of dominance: complete, condi-

tional, and general. Variable a completely dominates variable b if it is dominant

across all h models. Variable a conditionally dominates variable b if the average in-

crease in resulting from the addition of variable a across models of size k is greater

than that for variable b for all k. Variable a generally dominates variable b if the

average increase in R2 caused by the addition of variable a across all h models is

greater than that for variable b.

Dominance analysis becomes computationally difficult as the number of predic-

tors in the model increases. For a 10 predictor model, 256 models must be com-

puted, this number rises to 262,144 models in the case of 20 predictors. Even with

modern computers this process can be prohibitive due to memory and time require-

ments. Let’s think about a company with a 21 item engagement survey, 20 items

are considered possible drivers of engagement and one item is a general engagement

question that is seen as the outcome variable of interest. The company wants to
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know the “key drivers” of that single outcome item by examining the relationship of

the 20 items at time 1 to the outcome item at time 2. That immediately involves

the aforementioned 262,144 models, assuming only company wide results are re-

quired. Now suppose someone asks how that same analysis would look for the sales,

HR, and engineering functions? This would require running 4 dominance analyses

with 20 predictors- that is over 1 million models. And this does not even take into

account regional stakeholders.

2.2.7 Relative Weights

Noting the computational challenges of dominance analysis as the number of

predictors increased, Johnson (2000) proposed a method of relative importance

analysis that examines total effects (Nathans et al., 2012). Relative weights analysis

involves deriving a set of variables that are uncorrelated with each other but that

maximize the correlation with the initial predictors (Tonidandel & Lebreton, 2010).

The goal is to find the best-fitting set of orthogonal variables in the least squares

sense, where the SSE between the original and orthogonal variables is minimized.

Finding the orthogonal variables starts with the singular value decomposition of X,

where X is an n× p matrix of predictor scores. The decomposition is as follows:

X = PΔQ′.

Where P is an n × p matrix containing the eigenvectors of XX ′ that correspond

to the nonzero eigenvalues, Q is a p × p matrix of the eigenvectors of X ′X, and Δ

is diagonal and contains the singular values of X. The set of orthogonal variables

that minimizes the residual sum of squares between the original and orthogonal

variables is contained in matrix Z:
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Z = PQ′.

After finding the orthogonal variables, standardized beta weights are obtained

from regressing y on Z. The vector of beta weights from this regression is given by

the following:

β∗ = QP ′y.

Next, X is regressed on Z. The standardized weights from this regression are rep-

resented by Λ∗ and are calculated as follows:

Λ∗ = QΔQ′.

Using these standardized weights, the vector of relative weights can be calculated:

ε = Λ∗[2]β∗[2] ,

where Λ∗[2] = ||λ∗2
ki || and β∗[2] = ||β∗2

i ||. Each λ∗2
ki represents the proportion of vari-

ance in zi accounted for by xi. The values in ε should sum to R2. However, if there

are suppression effects, the total may exceed R2 (Nathans et al., 2012). Dividing

εp by R2 gives a measure of how much variance predicted by the optimal model is

attributable to predictor p. When predictors are uncorrelated, then ε contains the

squared standardized regression coefficients.

From a computing perspective relative weights are easy to compute when com-

pared to dominance analysis (Johnson, 2000). Summing to R2 allows for relative
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weights to be easily understood as a partition of the total variance accounted for

by the model and have the added value of reducing the effects of multicollinear-

ity. However, relative weights do not neutralize the issue of correlated predictors;

weights generally contain both unique and shared variance (Nathans et al., 2012).

In 2014 Thomas, Zumbo, Kwan, & Schweitzer published a reanalysis of John-

son’s methods. Thomas et al. points out that Johnson’s approach assumes that

the variance of each zk (the columns of Z ) could be partitioned between the xi

(columns of X) based on the squared correlations between the xi and a given zk.

Thomas et. al emphasized the fact that the columns of X are generally correlated

with each other making it inappropriate to use squared simple correlations as a

method of partitioning variance accounted for by these columns. The authors do

mention however that despite these mathematical issues past articles (i.e. Johnson,

2000; LeBreton, Ployhart, et al. 2004) have found surprising levels of agreement

between the results of general dominance and relative weights.

Thomas et al., provide two examples of where relative weights and dominance

analysis diverge. One of the examples showed a difference in the estimates of the

percent of explained variance accounted for by each predictor and the other exam-

ples showed an inversion of the 2nd and 3rd ranked predictors when comparing gen-

eral dominance and relative weights. The objections presented in the paper based

on the derivation of relative weights are certainly a valid criticism and one that

should be concerning to those who are considering using relative weights. However,

the demonstrations of how the results of dominance analysis and relative weights

differ in practice may leave some readers unconvinced that using relative weights

would be problematic in practice, especially given the amount of computing power

required to run dominance analyses.
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2.2.8 Agreement Between Measures of Relative Importance

A summary of the approaches to relative importance analysis discussed in this

paper is provided in Table 1. LeBreton et al. (2004) performed a Monte Carlo sim-

ulation that examined the agreement of relative importance methodologies. The

study used the rankings produced by dominance analysis and calculated a Kendall’s

τ for the agreement of these rankings, with rankings based on squared zero-order

correlations, squared beta coefficients, the Pratt measure, and relative weights anal-

ysis. The correlations ranged from .78 (squared beta) to .96 (relative weights), in-

dicating a high, although not perfect, level of agreement. However, this study failed

to provide a full correlation matrix for the relative importance measures and only

dominance analysis was correlated with all alternative methods examined. The

question regarding agreement amongst the other metrics still remained.

Despite the attention paid to methods of interpreting relative importance in

regression, it is still common for published research to look to beta weights to de-

termine the importance of variables used in regression analysis. To understand

the meaning of beta weights, it is necessary to examine past work on regression

weights.

2.3 Regression Weights

Optimal weights are produced by OLS regression. Optimal weights can be stan-

dardized or unstandardized. Standardized weights can be obtained by converting

the scores on all variables in the model to z-scores. Unstandardized weights remain

in the original variable metric. It is common for optimal weights to be reported in

published research that employs OLS regression. Optimal weights are designed to

minimize SSE and are a function of observed data (Davis-Stober, 2011). By priori-
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tizing minimizing SSE in a particular sample, optimal weights capitalize on sample

characteristics that may not be representative of the larger population and have

occurred due to sampling error (Bobko, Roth, & Buster, 2007). Because optimal

weights capitalize on chance sample characteristics, they can have issues in cross-

validation when optimal weights from one sample are applied to a new sample. The

new sample will not have all the characteristics that the initial regression model

was designed to explain.

Equal weights have been examined as one alternative to optimal weights. Equal

weights fall under the category of “improper linear models” discussed by Dawes

(1979) and are often referred to as unit weights (Bobko et al. 2007). When equal

weights are employed, the score on each predictor is converted to a z-score and each

predictor is given an equal weight in the regression model. Unlike optimal weights,

unit weights do not capitalize on sampling error, are not sensitive to outliers, viola-

tions of normality in the sample do not affect their performance in cross-validation,

and they can perform similarly or better than optimal weights in cross-validation

(Raju, Bilgic, Edwards, & Fleer, 1999; Wainer, 1976).

Wainer (1976) declared, “It don’t make no nevermind” in reference to estimat-

ing weights in linear regression, he later corrected this to “It hardly makes no nev-

ermind” (Wainer, 1978, p. 269). Wainer demonstrated that in some instances loss

of variance explained when using equal weights (and removing variables with very

small regression weights) as opposed to optimal weights is small, even when true

population weights can be known. This loss of variance is even smaller when pre-

dictors are correlated, which is often the case in I/O. Ree et al. (1998) focus on

how equal weighting schemes affect rankings. In I/O psychology there are many sit-

uations where ranking individuals is the goal, as opposed to providing a point esti-

mate on the outcome variable of interest. For example, in selection the goal is usu-
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ally to predict who will be the best rather than who will obtain a certain score on

a performance review. Ree et al. found that a variety of weighting schemes would

produce near-identical selection decisions based on ranking applicants.

It is important to note that, classically, the performance of regression weights in

cross-validation has been evaluated in terms of the weights’ ability to predict val-

ues in the outcome variable. This value is common in I/O psychology (and other

applied areas), where the focus tends to be on the predictive validity of a system.

However, weights can also be evaluated in terms of how well they perform in pre-

dicting the true population weight values. Davis-Stober (2011) chose to examine

the performance of various fixed weighting schemes in terms of estimating popu-

lation weight values, and found that standardized OLS weights outperform fixed

weights (in regards to the Mean Squared Error) when the multiple R is equal to

0.6 and sample size is as low as 20. When the multiple R decreases, the sample size

required for OLS weights to outperform fixed weights increases.

When it comes to weights, it is imperative that regression users have clear goals.

It can be tempting to draw broad conclusions from optimal weights but the actual

implications of optimal weights are very specific, perhaps more than many users

realize. When the goal of a study is to influence practice, then presenting optimal

weights without clear explanation of the implications may be misleading and even

damaging.

2.3.1 Fungible Weights

Relative importance analyses such as dominance analysis and relative weights

analysis have worked towards comparing the relative importance of predictors in a

regression model (Johnson & Lebreton, 2004). However, these methods do not re-

sult in a measure of the overall model sensitivity. A measure of regression model
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sensitivity is absent from the literature and would allow a more complete under-

standing of regression analysis. Understanding methods we employ will allow us to

reach more valid conclusions. Waller (2008) demonstrated that it was possible to

generate infinite vectors of alternative weights in regression models with three or

more predictors by reducing the R2 value obtained by using optimal weights in OLS

regression.

Waller (2008) uses the following procedure to produce alternative weight vec-

tors. Once again, X is an n × p matrix, where n is the number of observations and

p is the number of predictors. RX is the predictor correlation matrix, a is the set

of alternative standardized weights, and β is the set of optimal beta weights.

ŷβ = Xβ.

ŷa = Xa.

The correlation between the predicted criterion scores produced by the alternative

and optimal weights is calculated as follows:

rŷaŷβ
=

a′RXβ

(a′RXa)1/2(β′RXβ)1/2
. (1)

Equation 1 can be reduced to an inner product of vectors u and k, where both vec-

tors are unit length:

rŷaŷβ
= k′u. (2)

Converting Equation 1 to Equation 2 is done by allowing RX to be decomposed
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into a product of V and Λ, where V is a p × p matrix of orthonormal eigenvectors

and Λ is a diagonal p× p matrix containing the associated eigenvalues. Thus:

RX = V ΛV ′. (3)

Values of u and k can be calculated as follows:

u =
Λ1/2V ′β

(β′RXβ)1/2
.

k =
Λ1/2V ′a

(a′RXa)1/2
.

Now, given any u it is possible to find a corresponding k. Allow for the follow-

ing:

k = rŷaŷβ
u+Uz(1− r2ŷaŷβ

)1/2,

where U is a p × (p − 1) orthonormal matrix such that U ′u = 0 and z is a (p −
1)× p normalized random vector where z′z = 1. In the approach laid out in Waller

(2008), U is constructed using the Gram-Schmidt method. Given these conditions

it follows that,

k′u = rŷaŷβ
= (rŷaŷβ

u′ + (1− r2ŷaŷβ
)1/2z′U ′)u.

Remembering that U ′u = 0 it is easy to see that an infinite number of z can be

constructed. Given this infinite number of z an infinite number of k can also be

constructed. At this point let ki (i = 1, 2, . . . ,∞) refer to the ith vector in the infi-
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nite set. Given a value of ki the goal is to find the corresponding ai.

Let s be a constant and,

ãi =
ai

s
= V Λ−1/2ki. (4)

The right hand side of this equation scales and rotates ki so that it aligns with ai.

It is still necessary to find an s that will scale ãi to minimize the SSEa . Allow s to

be:

s =
r′
xyãi

ã′
iRXãi

.

Keeping in mind (3) and (4) ai can b expressed as,

ai = (r′
xyV Λ1/2k)V Λ−1/2k.

Each ai will satisfy the following:

R2
ai

= r2yŷa
= a′

iRXai.

This is a quadratic form that defines a hyper-ellipsoid in p-dimensional space (Jones,

2013; Waller, 2008). The fungible weight vectors for a given R2
a lie at the intersec-

tion of this hyper-ellipsoid with a p− 1 dimensional hyper-plane defined by:

rŷaŷb
ryŷaryŷb

= a′RXb.

Waller (2008) used the fungible weights approach to re-examine findings pre-

sented by Kuncel, Hezlett, and Ones (2001) concerning the relationship between
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GRE scores and graduate school performance. Waller generated 20,000 alterna-

tive weight vectors by reducing the R2 from the initial study by 0.005, and demon-

strated that there is a large amount of variability in the value of the standardized

regression weights associated with each predictor.

This process differs from measures of relative importance because it keeps the

sample characteristics and variables in the model the same, and only changes the

value of R2. It also does not focus on producing a rank order of relative impor-

tance among variables, but rather a measure of overall model sensitivity. Waller

states that relative importance is difficult to determine given the presence of fungi-

ble weights. When thinking about the relative importance metrics reviewed above

the Pratt measure immediately comes to mind as one metric that would be particu-

lar hard to interpret for models that are insensitive to weight variations. For every

vector of alternative weights you could calculate a corresponding vector of Pratt

measures, calling into question the value of the initial metric.

Four factors affect the results of the fungible weights analysis presented in Waller

(2008): the model R2, the eigen structure of the correlation matrix of the predic-

tors, the orientation of the vector of beta weights with respect to structure of the

predictor correlation matrix, and the number of predictors in the model (Jones,

2013). It is important to highlight that sample size is not a factor in fungible weights

analysis and, therefore, is markedly different from other techniques that choose to

focus on sampling variability. The model R2 and the number of predictors are par-

ticularly interesting when thinking about an appropriate comparison group for a

model. Depending on the field of study, different sizes of model R2 are considered

interesting. It is interesting to investigate a model’s sensitivity in isolation and also

compare the model sensitivity to other, similar models.

The current study examined how published literature performs when subjected

31



www.manaraa.com

to fungible weights analysis. The study also examined how published models per-

form when compared to similar, simulated regression models.

2.4 Current Study

This dissertation examined how regression analysis has been used in the I/O

psychology literature, as well as the sensitivity of those regression models and the

level of agreement of relative importance indices when applied to regression mod-

els within the literature. Published literature was reviewed, coded, and re-analyzed

using existing and new approaches for multiple regression interpretation. The re-

search focused on what topics have been studied using regression and what types

of conclusions have been drawn from OLS regression analyses. The research also

examined how often and what relative importance analyses are employed to draw

conclusions regarding the importance of predictors.

The study also examined the sensitivity and variability of weights in the pub-

lished I/O literature using fungible weights and predicted performance of equal

weights. This study indicates how current practices in reporting of regression re-

sults may be misleading to consumers of published I/O research. The results of this

study hopefully will encourage members of the I/O community to carefully evaluate

current approaches to regression interpretation. Research and practice can benefit

from a deeper understand of regression analysis.
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3 Methods

3.1 Database of Past Literature

To determine how the use of multiple regression weights has impacted indus-

trial organizational psychology, published articles that have been distributed to a

wide audience were the focus of this review. Articles published in the years 2003

through 2014 in the Journal of Applied Psychology (JAP), and alternating years

of Psychological Science and Academy of Management Journal (AMJ) (specifically

2003, 2005, 2007, 2009, 2011, and 2013 Psychological Science and 2004, 2006, 2008,

2010, 2012, and 2014 in AMJ), three popular top-tier, peer-reviewed journals in

work and general psychology, and prime resources for I/O psychologists, human

resource management practitioners, and people from across the field of psychol-

ogy were reviewed. This timeframe was chosen to allow enough time after John-

son (2000) for authors to have access to relative weights analysis as well as various

other methods for interpreting the relative importance of predictors in a regression

model.

To be included in the study analysis, an article must have included an OLS re-

gression with three or more predictor variables and not included interaction or ex-

ponent terms. These inclusion criteria were based on the requirements necessary to

put the regression equations through further analysis. In order to produce an infi-

nite amount of alternative weight vectors, fungible weights analysis requires three

or more predictor variables. Both fungible weights and relative importance metrics

require a correlation matrix. Correlations for interactions and exponent terms are

generally not provided in the published literature and therefore this study focused

on regression analyses that would be eligible for further analyses if predictor and

criterion correlation matrices were provided. It was necessary for regression coef-
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ficients, or the results of one of the relative importance analyses reviewed above,

to be shown somewhere (either in the text or a table) in the article or one of its

published appendices. As a result of the aforementioned inclusion criterion, articles

where regression procedures were referenced but results were not displayed were

excluded from this study. Articles that used hierarchical multiple regression were

analyzed, but only the most inclusive model in the hierarchical analysis was exam-

ined. To be used in further analysis, an article must have included a full correlation

matrix of all the variables included in the regression so that the necessary analy-

ses could be run. Overall, 197 articles were found that met the inclusion criteria to

be included in the database of past literature and 117 of those articles contained

a full predictor and criterion correlation matrix and were eligible to be included in

further analyses. Of the 80 articles that did not contain a full correlation matrix, 4

(5.00%) had at least some intercorrelations for all variables, 54 (67.50%) were miss-

ing at least one entire variable’s correlations, and 22 (27.50%) did not provide any

correlation table. It was concerning to find so many articles that were lacking a full

predictor and criterion correlation matrix. Not only are correlation matrices use-

ful for interpreting findings within a given study, correlation matrices are essential

for scientists attempting to conduct meta analyses. Missing correlations can harm

current readers as well as negatively impact the accuracy of future meta-analytic

findings.

Each article was coded to determine how the regression results were interpreted

and to examine the impact of the article. To quantify the impact of the article

the number of times the article had been cited, according to Google Scholar, was

recorded on February 24, 2017. The articles’ authors’ country affiliations were recorded

to track how widespread the use of regression is and to determine how represen-

tative the sample is of widespread practices. The number of predictors was also
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recorded. The topic of the regression was coded according to the broad topic ar-

eas identified by Cascio and Aguinis (2008) in their content analysis of articles pub-

lished in JAP and Personnel Psychology. These topics were: job analysis, research

methodology and psychometric issues, predictors of performance, performance mea-

surement and work outcomes, training and development, industrial relations, re-

ward systems, work motivation and job attitudes, leader influences, work groups

and teams, career issues, decision making, human factors and applied experimental

psychology, consumer behaviors, and societal issues. Articles that did not fit into

one of those categories were assigned a category of other and the topic was noted.

After all articles were coded the other category was reviewed and new categories

were created. It also was noted whether or not the regression was conducted on pri-

mary or meta-analytic data, and the sample size used in the regression. The arti-

cles were examined to determine what conclusions were drawn from the regressions,

specifically whether or not a statement was made to indicate the relative impor-

tance of variables based on the regression. The articles were also coded for whether

a relative importance analysis was conducted, and if so, what method was used.

Of the RX in the database, 98.28% of the matrices were positive definite, mean-

ing that one or more of the eigen values for RX was not positive. The condition

number, κ, was calculated for each positive definite RX . Where κ is calculated as:

κ =

√
λ1

λp

.

Where λ1 is the largest eigen value for RX and λp is the smallest eigen value for

RX (Cohen, Cohen, West, & Aiken, 2003). κ is a popular measure of multicollinear-

ity and is also related to the shape of the ellipsoid in fungible weights (Jones, 2013).

When the eigen values of RX are close to equal, the ellipsoid will be close to spher-
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ical. When there is a large difference in the sizes of the eigen values for RX the

ellipsoid (or in the case of more than 3 dimensions, hyper ellipsoid) will be (hyper)

cigar or (hyper) pancake shaped (Jones, 2013; Waller & Jones, 2009).

3.2 Analysis

3.2.1 Database Summary

Descriptive statistics were used to describe the articles in the database. The

mean and standard deviation were calculated for number of times an article has

been cited and number of predictors used in each regression. Frequencies were cal-

culated for topic of regression analysis, meta-analysis vs. primary data, type of con-

clusion drawn from the regression analysis, and number of articles that used regres-

sion without providing a complete correlation matrix. A description of all data col-

lected throughout this dissertation is provided in Table 2.

3.2.2 Relative Importance Analysis

Relative importance analyses were conducted for all regressions that met the

inclusion criteria for the literature review and also contained a correlation matrix

of all variables included in the regression. For meta analyses, when available, cor-

rected correlations were used. The relative importance analyses were conducted

using an edited version of the yhat package in R (Nimon & Roberts, 2012). Specif-

ically, the calc.yhat function was edited to remove excess calculations for the sake

of computational efficiency. The program was run to obtain a matrix of the beta

weights, zero-order correlation coefficients, squared structure coefficients, unique

coefficients from commonality analysis, the sum of common coefficients from com-

monality analysis, general dominance weights, Pratt measures, and relative weights.
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For each regression, an intraclass correlation was calculated to determine the

level of agreement between the rank of the predictors produced by the various rel-

ative importance measures. For articles that drew conclusions based on the rank

ordering or relative size of beta weights, it will be determined which relative impor-

tance analyses support or refute the conclusion in the article. A correlation table

of Kendall’s taus also was also calculated for these measures for each regression.

These correlation tables allowed the mean and standard deviation for Kendall’s tau

to be computed across all regressions for each pair of relative importance analy-

ses. These correlations demonstrated which procedures showed the highest levels of

agreement in the given sample.

3.2.3 Sensitivity Analysis

For those articles that met the inclusion criteria for the literature review as well

as contained a correlation matrix for all variables included in the regression further

analyses were run to examine the sensitivity of those models. To critically exam-

ine the use of multiple regression weights within the I/O literature, the fungible

weights methods described in Waller (2008) were used. Correlation matrices from

the articles were manipulated to generate fungible weights using the R-code pre-

sented in the original article. Fungible weights were generated for an R2 value that

was 0.01 less than that produced by the optimal weights. This analysis produced

5,000 vectors of alternative standardized weights. The output included the mini-

mum, maximum, mean, and median value of the alternative weights associated with

each predictor variable.

Additional code was added to examine how many of these 5,000 vectors contain

a change in the rank order of the variables compared to the rank order associated

with the original βi. To further examine sensitivity, Kendall’s τ was calculated to
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determine the level of agreement between the rank ordering of the beta weights

associated with the IVs in the optimal solution and the rank ordering of the beta

weights associated with the IVs in the 5,000 alternative solutions. The average,

minimum, and maximum Kendall’s τ across all alternative weight vectors was in-

cluded in the output.

Waller (2008) suggested that one possible measure of model sensitivity would

be the cosine between ki and kj, where the angle between ki and kj is twice the

angle between a given ki and u. Recall that u and all values of k are unit vectors

defined in the fungible weights section earlier. Allowing O to be the origin of an

3-dimensional Cartesian coordinate system, this cosine can be calculated as:

cos�kiOkj = 2r2ŷaŷb − 1

The cosine may not be as intuitive a metric as some might hope. As a reminder,

when thinking about a unit circle, the cosine is 1 when the angle is 0°, the cosine

is 0 when the angle is 90°, and the cosine continues to move from 0 to -1 as the an-

gle moves from 90° to 180°. This means that as the cosine value approaches 1 the

angle is smaller, the closer it gets to -1, the larger the angle. The idea is that the

smaller the angle, the more similar the alternative weight vectors will be to each

other, while larger angles will be associated with more dissimilar weights. For each

regression the cos�kiOkj was calculated and the meaning of this metric was exam-

ined.

This paper also examined whether regressions where equal weights result in

a similar R2 value to the R2 produced by optimal weights were less sensitive to

weighting changes. In order to investigate equal weights and model sensitivity each

regression that was put through the fungible weights analysis was also examined
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to determine the R2 for a model using unit weights. Unit weights were assigned as

follows: -1 was assigned to predictors with a negative correlation with the crite-

rion and 1 was assigned to predictors with a positive correlation with the criterion.

R2 was calculated according to the methods laid out in Dana and Dawes (2004).

Specifically, let βU be the vector of unit weights, Rx is the predictor correlation

matrix, and ryX be the vector of correlations between the predictor variables and

the criterion. The R2 of the unit weighted vector was calculated as follows:

R2
U =

(β′
UryX)2

β′
URxβU

.

3.2.4 Simulation Study

Using fungible weights to re-examine past findings provided information on the

range of outcomes found in the published literature. However, the results from pub-

lished literature are still a relatively small set of possibilities and do not provide

insight into how a particular model performs when compared to similar models.

Although the average Kendall’s τ can be examined in the context of existing knowl-

edge about correlations it is unclear what might be considered a “good” value. To

determine what could be considered a high vs. low value for the average Kendall’s

τ , a simulation was run.

Five regression equations from the published literature were selected. The top

3 most highly cited articles that drew conclusions based on the size of the beta

weights and contained full correlation matrices were chosen. The top 2 most highly

cited articles that conducted at least one relative importance analysis and con-

tained full, positive definite, correlation matrices were also chosen. Given that ar-

ticles that drew conclusions based on the beta weights or conducted relative im-

portance analyses indicate that the author’s were interested in making statements
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about the relative size or importance of predictors, it is fascinating to take a deeper

dive and examine these articles under a new lens. For each of these regressions 1000

correlation matrices were produced using the fungibleR function provided in Waller

(2016). This function was used to produce positive definite predictor correlation

matrices, denoted R∗
X , which satisfied the following equation:

βTR∗
Xβ = R2.

Where β is the vector of standardized OLS regression weights and R2 is the model

R2. These correlation matrices were then put through the fungible weights analy-

sis, where 5000 alternative weight vectors were produced for each R∗
X . The aver-

age Kendall’s τ ’s were used to create an empirical distribution. Since the fungible

weights analysis used in this study examined a sample of 5000 alternative weight

vectors from drawn an infinite number of possible alternative weight vectors, it was

important to also examine the variability of this procedure when trying to compare

results from different models. In order to create a sensible comparison for the dis-

tribution created from the 1000 R∗
X , another distribution was created by running

fungible weights using the original RX 1000 times.

Comparing the two distributions demonstrated how the model with the original

RX performed compared to other R∗
X while holding the OLS model R2 and β con-

stant. It is a highly constrained simulation that provides one possible method for

evaluating the results of fungible weights.
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4 Results

4.1 Database Summary

After reviewing the relevant journals over the given years 197 articles were found

that met the inclusion criteria for the literature review, a full list of articles in-

cluded in the literature review can be found in Appendix A, with a summary of the

article characteristics found in Table 3. The articles were authored by people from

institutions in 23 different countries, indicating the international representation in

this review. On average articles had authors associated with 1.28 countries. This

indicates that regression is a technique used by scholars around the globe, including

when scholars residing in different countries collaborate with one another. A full

list of countries and number of articles authored by people associated with those

countries can be found in Table 4. The overwhelming majority of articles (84.26%)

had at least one author associated with the US. A breakdown of the number of ar-

ticles per topic area is provided in Table 5. Most articles were able to be coded into

the categories provided by Cascio and Aguinis (2008). Additional categories were

added for developmental psychology, adult psychology, clinical interventions, health

psychology, neuropsychology, and psychopathology. Khaire and Wadhwani (2010)

wrote about constructing meaning and value in the emerging market of modern in-

dian art, this article defied classification and was classified as “other”. The most

common categories for articles to fall into were predictors of performance (25.38%),

work motivation and attitudes (20.30%), work groups-teams (15.23%), and leader

influences (10.66%). The distribution across categories is not surprising given that

work in these areas often rely on regression and the distribution reflects some of the

findings for more recent years presented in Cascio and Aguinis (2008). For a break-

down of articles by topic area for only those articles published in JAP or AMJ see
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Table 6.

The number of times each article was cited according to the Google Scholar

database was retrieved and recorded on February 24, 2017. The purpose of record-

ing the number of citations was to get a measure of impact of the articles included

in the review and further analysis. A histogram of the number of times the articles

included in the database summary were cited is provided in Figure 1. On average

articles were cited 223 times, though the distribution was positively skewed with a

median of 108 and a standard deviation of 328.79. This indicates that the findings

from regression analyses are influential, with the findings from these articles going

on to influence the work of many others. Figure 2 shows a distogram of the number

of times only the meta-analysis articles were cited.

Of the 197 articles, 80 (40.61%) of them did not contain a full correlation ma-

trix for the predictor and criterion variables used in the regression. The lack of

complete correlation matrices was surprising given that bivariate correlations can

be very useful when making an effort to interpret larger models.

Fifteen articles (7.61%) drew conclusions based on the size of the predictor weights

in at least one of their regression equations. These conclusions included discussing

the magnitude of the betas, comparing the beta sizes to one another and pointing

out which was larger, and declaring that the predictor with the largest associated

beta coefficient was the optimal predictor. For example, Bartram (2005) used beta

weights to rank the importance of predictors in predicting overall job performance

(OJP) stating, "Of the eight competency ratings, those most strongly related to

OJP ratings, in order of importance ... are Analyzing & Interpreting, Organiz-

ing & Executing, Enterprising & Performing, Leading & Deciding, and Creating

& Conceptualizing. The more contextual competencies (Supporting & Cooperat-

ing, Adapt- ing & Coping, Interacting & Presenting) are less strongly related" (p.
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1196). Ford, Heinen, and Langkamer (2007) simply pointed out the largest weight,

“The largest beta weights were found for family conflict and family stress” (p. 64).

Both of these articles failed to provide complete correlation matrices in the article

and therefore were not included in further analysis.

Nine articles (4.6%) conducted some form of relative importance analysis, only

one of these articles was one of the 15 articles mentioned above that drew con-

clusions based on the size of the beta weights. Six articles used relative weights,

2 used dominance analysis, and an additional article used both relative weights

and dominance analysis. Out of the articles that made a point of mentioning beta

size, 4 included a full correlation matrix which allowed the regressions to be put

through further analyses. Seventy six (38.58%) articles mentioned and/or inter-

preted the model R2 when discussing regression results. One hundred seventy three

(87.82%) articles interpreted the significance of individual beta weights and 126

articles (63.96%) interpreted the sign associated with the weight. Sixty articles

(30.46%) published an adjusted R2 metric, although only one article, Van Iddekinge,

Putka, and Campbell (2011), stated what kind of correction was used. For those

interested, adjusted R2 were calculated using Wherry’s (1931) correction for all re-

gressions that had an associated sample size and a complete positive definite cor-

relation matrix, summary metrics regarding these adjusted R2, as well as summary

metrics regarding other findings from the analyses in this paper, can be found in

Table 13. Wherry’s (1931) correction was chosen for these calculations since it is

the default correction used in SPSS, a popular software package for statistical anal-

ysis.

Of the articles included in the database summary, 117 contained full correlation

matrices for the regressions that fit our inclusion criteria. From these 117 articles,

correlation matrices from 409 separate regressions were entered into the dataset to
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be put through further analyses. The number of predictors in the individual regres-

sions ranged from 3 to 25, with a mean of 6.97, median of 6 and standard deviation

of 3.92. The full distribution of the number of predictors can be seen in Figure 4.

Of these 409 regression 7 were unable to be analyzed due to a lack of a positive def-

inite correlation matrix. None of these non-positive definite correlation matrices

came from meta analyses. The articles lacking a positive definite correlation matrix

are noted in Appendix A. Matrices that were flagged as not positive definite were

double checked with the source material to ensure that the tables were entered cor-

rectly. At this point it is important to note that these matrices may have ended up

being not positive definite due to typos in the published materials. After remov-

ing the non-positive definite RX , 402 regressions from the database summary were

able to be put through further analyses. κ was calculated for each of the positive

definite RX . κ from 1.11 to 11.29 with a mean of 2.73 and a standard deviation of

1.27. The full distribution of κ can be seen in Figure 3.

4.2 Relative Importance Analysis

For each of the 402 regressions with a positive definite RX , Kendall’s τ was cal-

culated between the rank order of the magnitude of each of the relative importance

indices studied (for a full list of regressions and the associated Kendall’s τ see Ap-

pendix D). The Kendall’s τ were calculated between the rank of the standardized

OLS regression weights (βi), the bivariate correlations between the predictors and

the criterion (ryxi
), the general dominance weights (GD), the relative weights (εi),

the squared structure coefficients (r2Si
), the unique effects from commonality analy-

sis (U), the common effects from commonality analysis (C), and the Pratt measure

(mi). The averages and standard deviations for these Kendall’s τ can be seen in
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Table 7. An intraclass correlation was also calculated to measure the overall agree-

ment between the ranks produced by all the relative importance indices. A full dis-

tribution of the intraclass correlations across the 402 regressions can be seen in Fig-

ure 5. The ICC tended to be quite high with a mean of 0.81, with a first quartile of

0.73 and third quartile of 0.91. Ciccheti (1994) stated that ICC values ranging from

0.6 to 0.74 are considered good with ICC values at or above 0.75 considered excel-

lent, the majority of the ICCs in this study fall into the excellent range. The level

of agreement is not surprising given that some of these metrics tap into the same

measurements and others are meant as approximations of each other, such as with

general dominance and relative weights.

The more interesting details come from examining the average Kendall’s τ be-

tween various pairs of metrics. The average Kendall’s τ ’s ranged from 0.41 (be-

tween beta weights and common effects from commonality analysis) to near per-

fect. Unsurprisingly the average correlation between structure coefficients and zero-

order correlations was close to perfect (rounding to the second decimal place left

it at 1.00) with almost no variation across regressions. Given that the structure

coefficient is the correlation between the predictor score and the estimated crite-

rion value the agreement of the ranking of this metric and the the ranking of the

zero order correlations is to be expected. The next-highest level of agreement was

found between relative weights and general dominance weights which had an aver-

age correlation of 0.97 with a standard deviation of only 0.07. Given that these two

metrics are meant to be on the same scale the question might also arise about the

absolute level of agreement between the outputs. In order to look at the absolute

agreement, the relative weights and general dominance weights associated with each

predictor in each model were examined. Across all 2803 variables that had associ-

ated relative weights and general dominance weights the average difference between
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these two metrics was 0.000001 with a standard deviation of 0.003. Given that the

averages of general dominance weights and relative weights in this study was 0.041,

0.000001 is a small difference. This indicates that despite the theoretical differences

in the derivations of these two metrics, within this sample relative weights is doing

quite well at providing similar rankings to general dominance analysis and is doing

a decent job at approximating the precise output as well. It is important to empha-

size that these findings are sample specific and do not indicate that relative weights

and general dominance will always produce findings with high agreement.

Some people might be interested in simply identifying the single “most impor-

tant” predictor in a model. So, how did the eight metrics examined do in regards

to agreeing on the top ranked predictor in a model? Of the regressions examined,

112 (27.86%) of them had agreement across all 8 indices on which predictor was

the most important, emphasizing that the various importance metrics are measur-

ing different constructs. The median number of metrics that agreed on which vari-

able was the most important in this sample was 6. To see a full distribution of how

many metrics agreed on the top ranked predictor see Figure 6.

There were only 4 articles that drew conclusions based on the size of the betas

and had full correlation tables. All four articles were looked at individually to de-

termine which relative importance indices would agree or disagree with the conclu-

sions drawn in the articles. The values of the relative importance indices in this pa-

per may differ slightly from those in the published articles. The relative importance

values in the tables in this paper are based on calculations done using the published

correlation coefficients and therefore may differ slightly based on rounding or other

errors in the publications.

Mumford, Van Iddekinge, Morgeson, and Campion (2008) which focused on the

development and validity of a situational judgement test (SJT) for team role knowl-
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edge called the Team Role Test (TRT). The article had been cited 102 times as of

February 24, 2017. In regards to the regressions run in the article the authors found

“The TRT emerged as the strongest predictor of task and overall role performance

( βs=.35 and .30, respectively), whereas agreeableness was the best predictor of so-

cial role performance (β=.28)” (p. 259). Let’s examine the regressions predicting

task role performance from mental ability, agreeableness, conscientiousness, emo-

tional stability, extraversion, openness, and overall TRT scores more carefully. In

Table 8 you will see the raw scores and ranks across the relative importance indices

examined in this study. All importance indices agree with Mumford et al.’s con-

clusion that TRT is the strongest predictor of task performance. All indices except

commonality coefficients ranked emotional stability as the second most “important”.

As lower ranked variables are examined, agreement between metrics becomes less

consistent, but none of the metrics disagree with the statement that TRT is the

strongest predictor.

Next let’s take a look at Klehe and Anderson (2007). The authors examined

the difference in motivation and ability across typical performance and maximum

performance . The article has been cited 68 times as of February 24, 2017. They

found that “the best predictor of typical performance during both performance pe-

riods was direction (β=.44 and β=.42, respectively, both ps < .01). The second

most relevant predictor was the procedural skills used during the task (β=.21 and

β=.25, respectively, both ps< .01)” (p. 987). The regression of typical performance

at time 2 on direction, persistence, computer self efficacy, task valence, and working

smart (referred to as procedural skills in the text of the article) was examined. Re-

sults from the relative importance analyses can be seen in Table 9. Consistent with

the authors’ statement, all relative importance measures ranked Direction as the

most important predictor in this regression equation. However, when it came to the
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second most important predictor conclusions differed with 4 (50%) of the metrics

ranking working smart second, with the remaining four metrics evenly split between

ranking computer self efficacy and task valence as the second most important pre-

dictor. If Klehe and Anderson had used first order correlations, squared structure

coefficients, common effects, or the Pratt measure they would have drawn a differ-

ent conclusion about which predictor was the second most relevant.

Dabos and Rousseau (2004) studied how mutuality and reciprocity in psycho-

logical contracts was related to performance outcomes. The authors used regres-

sion coefficients to make conclusions about their model. The article has been cited

516 times as of February 24, 2017. The regression of scientist’s perception of di-

rector transactional obligations onto director perception of director transactional

obligations, director perception of director relational obligations, and director per-

ception of director balanced obligations was examined. They found that “when the

scientist’s perception of director transactional obligations was regressed onto all cor-

responding director scales, director transactional (D) was the strongest predictor

(B=0.26, p< .05).” (p.62). Results from the relative importance analyses can be

found in Table 10. The ranks across all indices agree, indicating that all approaches

would confirm the conclusion in the article. This is not surprising given that there

were few predictors in the model and a decent spread across the correlations be-

tween the predictor and criterion.

Gupta, Ganster, and Kepes (2013) developed a measure of sales self-efficacy and

studied the incremental validity of this new measure above and beyond the Big 5

personality traits. The authors used regression coefficients and dominance analysis

to draw conclusions. They found that “As expected, SSE was the largest predictor

of sales performance (β = .28, p < .01) and PA (β =.16, p < .01) in the concurrent

study” (p. 694). The article has been cited 11 times as of February 24, 2017. The
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regression of sales performance onto conscientiousness, extraversion, agreeableness,

openness to experience, emotional stability, and total sales self-efficacy was exam-

ined. The results from the relative importance analyses can be found in Table 11.

The ranks for the most important variable and the second most important variable

agree across all measures.

4.3 Sensitivity Analysis

In addition to the regressions removed due to the lack of a positive definite cor-

relation matrix, an additional 15 regressions could not be run through sensitivity

analyses due to the fact that the model R2 derived from the correlation matrix was

less than 0.01. In these cases reducing the model R2 by 0.01 resulted in a negative

value for the alternative model R2 . This meant that 387 regressions, rather than

402 regressions, were put through sensitivity analysis.

Only 15 (3.87%) regressions had all 5000 alternative weight vectors produce the

same rank of the variables according to weight that was present in the OLS solution

vector, 205 (52.97%) of the regressions had 1000 or less alternative weight vectors

preserve the entire rank. A full distribution of the results across the 387 regressions

of the number of vectors preserving this order (out of the 5000 alternative weight

vectors produced for each regression) can be seen in Figure 7. When examining just

the top ranked weight and whether or not that remained associated with the same

variable across alternative weighting vectors, the results were more favorable. A to-

tal of 91 (23.51%) regressions had the OLS weight vector and all 5000 alternative

weight vectors agreed on which variable was ranked as number one. None of the

regressions had 1000 or less alternative weight vectors preserve the top ranked vari-

able. A full distribution for the number of vectors (out of 5000) that preserved the
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top ranking can be seen in Figure 8. Some might be curious about how often the

alternative vectors agreed with the initial β on which variable was associated with

the lowest rank. A total of 153 (39.53%) regressions had the OLS weight vector and

all 5000 alternative weight vectors agree on which variable was lowest ranking. A

full distribution for the number of vectors (out of 5000) that preserved the lowest

ranking can be seen in Figure 9.

Given that some studies focus on the rank in magnitude, rather than the rank

in values, the agreement based on the absolute values of the original and alter-

native weight vectors was also examined. When looking at the absolute values of

weights, only 6 (1.55%) regressions had all 5000 alternative weight vectors produce

the same rank of the variables according to weight that was present in the OLS so-

lution vector, 281 (72.61%) of the regressions had 1000 or less alternative weight

vectors preserve the entire rank. A full distribution of the results across the 387 re-

gressions of the number of vectors preserving this order (out of the 5000 alternative

weight vectors produced for each regression) can be seen in Figure 10. When exam-

ining just the top ranked weight based on absolute value and whether or not that

remained associated with the same variable across alternative weighting vectors,

the results were slightly more favorable. A total of 17 (4.39%) regressions had the

OLS weight vector and all 5000 alternative weight vectors agreed on which variable

was ranked as number one. A total of 33 (8.53%) regressions had 1000 or less alter-

native weight vectors preserve the top ranked variable. A full distribution for the

number of vectors (out of 5000) that preserved the top ranking can be seen in Fig-

ure 11. A total of 130 (33.59%) regressions had the OLS weight vector and all 5000

alternative weight vectors agree on which variable was lowest ranking. A full dis-

tribution for the number of vectors (out of 5000) that preserved the lowest ranking

can be seen in Figure 12. Across the board, examining the rank order of the mag-
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nitudes resulted in more disagreement than examining rank order according to the

raw values.

The rank ordering of alternative weight vectors may be examined when conclu-

sions are drawn based on the values of the βi. The fungible weights results from

the four regressions analyzed in the relative importance analyses above were exam-

ined in regards to fungible weights. Mumford et al. (2008) used the βi to identify

the strongest predictor, and all relative importance analyses agreed that the TRT

was the strongest predictor of task performance. However, only 61.40% of alterna-

tive weight vectors ranked TRT as the strongest predictor of task performance, and

only 19.24% of alternative weight vectors preserved the entire rank order from the

OLS weight vector. Klehe and Anderson (2007), used the βi to identify the best

predictor and second best predictor, all relative importance analyses agreed on the

most important predictor and 50% agreed on the second most important predic-

tor. In the fungible weights analysis, 87.74% of alternative weight vectors agreed

with the OLS weight vector on which variable was ranked number one and 27.48%

of alternative weight vectors preserved the entire rank order of the OLS weights.

Dabos and Rousseau (2004) used the βi to identify the strongest predictor, with all

relative importance indices agreeing on the full rank order of predictors. This re-

gression had high agreement in the fungible weights analysis as well with 93.66% of

alternative weight vectors agreeing with the OLS weight vector on which variable

was ranked number one and preserving the entire rank order of the OLS weights.

The final regression from Gupta et al. (2013) used the βi to identify the largest pre-

dictor and all of the relative importance analyses agreed on the largest and second

largest predictor. In the fungible weights analysis, 89.08% of alternative weight vec-

tors agreed with the OLS weight vector on which variable was ranked number one

and 23.30% of alternative weight vectors preserved the entire rank order of the OLS
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weights. It is clear that fungible weights provides information that is not captured

within relative importance analyses and can call into question the results of relative

importance analyses.

In order to summarize the agreement of the rank order between the alternative

weights vectors and the OLS weight vector the Kendall’s τ between the rank order

of the predictors according to the OLS weights and alternative weights was calcu-

lated for each alternative weight vector and averaged across the 5000 alternative

vectors for each regression. The distribution of these average correlations can be

seen in Figure 13. The distribution has a mean of 0.79 and a standard deviation of

0.14. It is important to note that the Kendall’s τ is focused on the order preser-

vation in alternative weight vectors. When using the absolute values of weights

the agreement based on the metric also decreases. The distribution of these av-

erage correlations when absolute values of weights are used can be seen in Figure

14. Some might be interested in the distribution of the minimum Kendall’s τ for

each regression, which can demonstrate how dramatic rank disagreement can be for

a given regression. Figure 15 shows the distribution for the minimum τ when us-

ing raw values of weights, and Figure 16 shows the distribution for the minimum τ

when using absolute values of weights. Information on the distributions of the max-

imum, median, first quartile, and third quartile Kendall’s τ can be found in Table

13. These correlations are interesting summary metrics to examine from the per-

spective of determining if different weight rank orders can result in a similar model

fit index but it is not the same as measuring the variation in the alternative weights

for a given predictor.

Waller (2008) suggests that one possible measure of model sensitivity would be

cos�kiOkj, to gain some insight into how this metric functions it makes sense to

see how it relates to the the average τ discussed above. The correlation between the
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cosine and the average τ is 0.47. This makes sense- it would be expected that when

a model is more sensitive to weight fluctuations, and therefore the alternative vec-

tors are more similar so the angle between them is smaller and the cosine is larger,

that there would be less rank shifts in the alternative weighting vectors. The full

distribution for this cosine metric can be seen in Figure 17.

When looking at the formula for cos�kiOkj, it is clear that this metric is de-

pendent on the relationship between predicted values of y produced by the optimal

and alternative weight vectors. The relationship between between these predicted

y values is dependent upon the decrease in model fit between optimal and alterna-

tive models. In the current analysis the absolute value of the reduction of R2 was

kept constant, but this meant that the percent reduction of R2 varied across mod-

els. The percent reduction ranged from 1.20% to 83.33%, with a mean of 6.93% and

standard deviation of 8.89%. To see a full distribution of the percent reduction in

R2 between optimal and alternative models when reducing the optimal R2 by 0.01

see Figure 18. The relationship between the percent reduction and cos�kiOkj is

shown in Figure 19. Based on the equations covered earlier in this paper it is not

surprising to see a linear relationship between cos�kiOkj and the percent reduc-

tion in R2 between optimal and alternative weight models. In fact, as Waller (2008)

notes, cos�kiOkj can be calculated as:

cos�kiOkj = 2
r2yŷa
r2yŷb

− 1

Given the relationship between cos�kiOkj and the percent reduction in R2, this

brought up the question of what would happen if all the model R2 were reduced by

a constant percent instead of a constant value. In order to examine this, the fun-

gible weights procedure was run on all 402 regressions with complete, positive def-
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inite, correlation matrices using an alternative model R2 that was 99% the size of

the OLS model R2. This meant that the absolute loss in R2 between the optimal

and alternative weight models ranged from 0 to 0.009, so the models in these anal-

yses had a smaller reduction than the models reduced by a constant of 0.01. To see

the full distribution of the absolute loss in R2 see Figure 20. Keeping the percent of

the reduction in R2 constant, made cos�kiOkj a constant value across all regres-

sions, in this case, it was equal to 0.99.

With the 1% reduction, 55 (13.68%) regressions had all 5000 alternative weight

vectors produce the same rank of the variables according to weight that was present

in the OLS solution vector, 117 (29.10%) of the regressions had 1000 or less alterna-

tive weight vectors preserve the entire rank. A full distribution of the results across

the 402 regressions of the number of vectors preserving this order (out of the 5000

alternative weight vectors produced for each regression) can be seen in Figure 21.

When examining just the top ranked weight and whether or not that remained as-

sociated with the same variable across alternative weighting vectors, the results

were more favorable. A total of 205 (51.00%) regressions had all 5000 alternative

vectors assign the same variables the largest weight as in the OLS weight vector.

None of the regressions had 1000 or less alternative weight vectors preserve the top

ranked variable. A full distribution for the number of vectors (out of 5000) that

preserved the top ranking can be seen in Figure 22.

As with the 0.01 reduction condition, the Kendall’s τ between the rank order of

the predictors according to the OLS weights and alternative weights was calculated

for each alternative weight vector and averaged across the 5000 alternative vectors

for each regression where the model R2 was reduced by 1% . The distribution of

these average correlations can be seen in Figure 23. The distribution has a mean

of 0.90 and a standard deviation of 0.10. This distribution highlights the fact that
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while cos�kiOkj remains constant, the agreement between the rank order of the

optimal and alternative weights still varies across regressions.

Given the past focus on the performance of unit weights in the literature some

might wonder how the performance of unit weights may relate to the sensitivity of

weights as examined through the fungible weights procedure. The R2 produced by

unit weights was compared to the R2 produced by the OLS weights. Recall that

weights of 1 were assigned to predictors where ryxi
was greater than 0 and -1 where

ryxi
was less than 0. The R2 for the unit weighted models were calculated accord-

ing to the methods laid out in Dana and Dawes (2004). The distribution of the dif-

ference between these two R2 can bee seen in Figure 24. When looking at the raw

differences it might seem as if there is generally only a small reduction (depending

on your particular field of study) in R2 for models with unit weights compared to

models with OLS weights (mean=0.11) , however this metric ignores the initial size

of the OLS model R2. To get an idea of the magnitude of the difference the per-

cent reduction of the R2 from the OLS weights model to the unit weight model was

examined. The full distribution of this percent reduction can be seen in Figure 25.

The percentage reductions are more normally distributed across regressions with

an average reduction in R2 of 34.95% when going from the OLS weights to the unit

weights.

Some might theorize that models where unit weights perform comparatively well

are likely to be more insensitive to shifts in weights- perhaps making the investiga-

tion of alternative weight vectors through fungible weights unnecessary. In order to

investigate this, the relationship between the change in the model R2 between mod-

els with OLS weights and unit weights and the results of the fungible weights anal-

ysis was examined. The correlation between the change in R2 between OLS and

unit weights and the average kendall’s τ was 0.40. A scatterplot of this relationship
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is presented in Figure 26. It is notable that only a small subset of models (6.72%,

to be precise) show a decrease in R2 less than 0.01, which was the reduction in R2

used in the fungible weights analysis that produced the kendall’s τ in the scatter-

plot. The correlation and the scatterplot show a small positive relationship between

the reduction in R2 between OLS weights and unit weights and a model’s insen-

sitivity to changes in weights. These results might feel counter intuitive. Because

unit weights are a particular form of alternative weights, models that are more ro-

bust to one set of alternative weights might be expected to be more robust to other

(and in this case a wider variety of) alternative weighting schemes. However, exam-

ination of the scatterplot shows that testing unit weights is not a replacement for

examining fungible weights. Some models with a smaller difference in loss of model

fit when comparing unit and optimal weights show a fairly small difference in rank-

ing (a high average kendall’s τ) when comparing OLS and alternative weights, indi-

cating that weights need to stay relatively similar to preserve model fit indices de-

spite the small change in R2 when using unit weights. This also makes sense- unit

weights are just one instance of possible alternative weighting schemes. Examining

the change in model fit for a single alternative weight vector does not replace eval-

uating the set of alternative weight vectors produced by a pre-determined reduction

in model fit.

4.4 Simulation Study

Individual regressions from 5 articles were chosen for a deeper look at weight

sensitivity. The top 3 most highly cited articles that drew conclusions based on the

size of the beta weights were chosen as well as the top 2 most highly cited articles

that conducted a relative importance analysis. The sensitivity analysis showed the
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range of model sensitivity for the regressions examined in this study. However, the

sensitivity analysis did not necessarily provide a sensible baselines for regression

users looking to compare their model’s sensitivity to the sensitivity of other, similar

models.

In this simulation, similar models were defined as models that had the same

values for β and R2. In order to do this, for each regression examined 1000 pre-

dictor correlation matrices were produced using the FungibleR function (Waller,

2016). The values of β and R2 were held constant, only the values in the various

R∗
X were allowed to differ, with the only further constraint on R∗

X being that R∗
X

remain positive definite. At this point it is clear that cos�kiOkj will remain the

same across these conditions, given that R2 and the reduction in R2 will be held

constant. You can see the relationship between model R2 and cos�kiOkj in Figure

27. Once a model approaches an R2 of about 0.2, cos�kiOkj shoots up at a rapid

rate.

Remember by examining the alternative vectors produced by the fungible weights

analysis only a sample of alternative weight vectors from an infinite pool are being

studied. Metrics based on this sample of alternative vectors can vary from sample

to sample, even when all inputs remain constant. In order to be able to sensibly

compare the results of running the fungible weights analysis using 1000 R∗
X , the

fungible weights analysis was also run 1000 times using the original RX .

The first regression examined came from Mumford et al. (2008), this regression

was used to draw conclusions based on the size of the beta weights and was dis-

cussed above in regard to relative importance metrics. The regression with task role

performance as the criterion was run through the simulation. When looking at the

average τ distribution it is clear that the distribution produced by running the orig-

inal regression through the fungible weights procedure 1000 times (let’s call this the
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fungible weights distribution) is different than the distribution of the average τ pro-

duced by running 1000 R∗
X (let’s call this the fungible R distribution) through the

fungible weights procedure. The fungible weights distribution of the average τ can

be seen in Figure 28. A vertical line is present at the median point for the fungible

R distribution. The fungible R distribution of the average τ with a vertical line at

the median for the fungible weights distribution can be seen in Figure 29. None of

the average τ ’s in the fungible weights distribution fall below the median for the

fungible R distribution. Conversely, 84.17% of the average τ ’s in the fungible R dis-

tribution fall below the median value of the average τ for the fungible weights dis-

tribution. These results indicate that among models with the same values of β and

R2, this regression from Mumford et al. (2008) is doing pretty well in regards to

having alternative vectors that maintain the same ranking of the beta coefficients.

The next regression examined was from Dabos and Rousseau (2004) this regres-

sion was used to draw conclusions based on the size of the beta weights and was

discussed above in regard to relative importance metrics. The fungible weights dis-

tribution of the average τ with a vertical line at the median point for the fungible

R distribution can be seen in Figure 30. The fungible R distribution of the aver-

age τ with a vertical line at the median for the fungible weights distribution can be

seen in Figure 31. These distributions are similarly shaped to those seen in Mum-

ford et al. (2008), however the comparison is quite different. It is still true that

none of the average τ ’s in the fungible weights distribution fall below the median

for the fungible R distribution. However, 64.50% of the average τ ’s in the fungible

R distribution fall below the median value for the fungible weights distribution. In

this case it looks like the regression from Dabos (2004) is not doing nearly as well

as the one examined above from Mumford et al. (2008) in regards to rank order

shifts among alternative weight vectors when compared to similar regressions.
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Next a regression from Klehe and Anderson (2007) was examined, this regres-

sion was used to draw conclusions based on the size of the beta weights and was

discussed above in regard to relative importance metrics. The fungible weights

distribution of the average τ with a vertical line at the median point for the fun-

gible R distribution can be seen in Figure 32. The fungible R distribution of the

average τ with a vertical line at the median for the fungible weights distribution

can be seen in Figure 33. It is still true that none of the average τ ’s in the fungi-

ble weights distribution fall below the median for the fungible r distribution. In

this case, 88.29% of the average τ ’s in the fungible R distribution fall below the

median value for the fungible weights distribution. The regression examined here

from Klehe and Anderson (2007) is doing better than the other regressions exam-

ined thus far in regards to rank order shifts among alternative weight vectors when

compared to similar regressions.

The next regression came from Jiang, Lepak, Hu, and Baer (2012), a meta anal-

ysis that investigated the relationship between various dimensions of HR systems

and organizational outcomes. The selected regression regressed human capital onto

skill-enhancing HR practices, motivation-enhancing HR practices, and opportunity-

enhancing HR practices. The authors also used relative weights to determine what

percent of variance explained was associated with each predictor. They concluded

“the analyses of relative weights indicate that skill-enhancing HR practices explained

the largest percentage of variance in human capital (48%), followed by motivation-

enhancing HR practices (36%) and opportunity-enhancing HR practices (16%)”

(p.1272). The article had been cited 514 times as of February 24, 2017. The fungi-

ble weights distribution of the average τ with a vertical line at the median point for

the fungible R distribution can be seen in Figure 34. The fungible R distribution

of the average τ with a vertical line at the median for the fungible weights distri-
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bution can be seen in Figure 35. It is still true that none of the average τ ’s in the

fungible weights distribution fall below the median for the fungible R distribution.

In this case, 80.60% of the average τ ’s in the fungible R distribution fall below the

median value for the fungible weights distribution. The regression examined here

from Jiang et al. (2012) is doing worse than those examined from Mumford et al.

(2008) and Klehe and Anderson (2007) in regards to rank order shifts among alter-

native weight vectors when compared to similar regressions.

The last regression came from Richards and Schat (2011). The regression ex-

amined was the final step of a hierarchical regression that regressed emotional sup-

port seeking onto age, gender, positive affectivity, negative affectivity, extraversion,

agreeableness, conscientiousness, emotional stability, openness, organizational com-

mitment, attachment anxiety, and attachment avoidance. The authors conducted a

relative weights analysis to determine what percent of variance explained was asso-

ciated with each predictor. The authors found that “Attachment anxiety uniquely

predicted ... and emotional support seeking (β=.39, R2 .08), F(1, 134) =24.51, p

< .001, beyond the control variables” (p.176) and that “Attachment avoidance also

uniquely predicted emotional support seeking (β=-.38, ΔR2 = .09), F(1, 134) =

28.21, p .001, with relative weights analysis showing that it was the strongest pre-

dictor, accounting for 23.1% of the total variance explained (R2 = .13)” (p.176).

The article has been cited 128 times as of February 24, 2017. The fungible weights

distribution of the average τ with a vertical line at the median point for the fun-

gible R distribution can be seen in Figure 36. The fungible R distribution of the

average τ with a vertical line at the median for the fungible weights distribution

can be seen in Figure 37. It is still true that none of the average τ ’s in the fungi-

ble weights distribution fall below the median for the fungible R distribution. In

this case, 90.70% of the average τ ’s in the fungible R distribution fall below the
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median value for the fungible weights distribution. The regression examined here

from Richards and Schat (2011) is doing better than the other regressions examined

in this simulation in regards to rank order shifts among alternative weight vectors

when compared to similar regressions.

These simulations provide one option for how you can compare the sensitivity

of one regression model to other, similar models. The simulations also demonstrate

that even when R2 and β are kept constant models can have different levels of sen-

sitivity to changes in weights. Summary metrics from all of the above simulations

can be found in Table 13.
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5 Discussion

5.1 Summary of Results

In this study we have seen a sample of how regression is used in the I/O and

general psychology literature, investigated the agreement of various relative impor-

tance metrics, looked into how to examine model sensitivity, and demonstrated that

examining model sensitivity can can call into question conclusions drawn in the

published literature. Regression has been and continues to be used across a wide

variety of subject areas within psychology. The articles that use regression have

been cited many times, indicating the influence of this literature on other published

findings. Conclusions drawn from regressions often focus on the significance and

sign of the coefficients as well as the model R2. Conclusions based on the size of

the coefficients are comparatively less common but still occur. The use of relative

importance metrics is fairly rare with less than 5% of the articles examined using

some kind of relative importance analyses. Only dominance analysis and relative

weights were seen in this literature review. Surprisingly, and worthy of concern was

the finding that many articles that published regression models did not include full

correlation matrices for the predictor and criterion variables, making it difficult for

readers to critically examine the regression model with the added information pro-

vided by bivariate correlations.

Using published literature to examine the agreement between various relative

importance metrics revealed that these metrics, while all positively correlated, can

and do lead to different conclusions. The agreement between the full rank order

of the predictors varied depending on the pair of metrics examined, but all pairs

showed at least some disagreement on rank. When examining the more narrow

question of whether or not these metrics agree on the most important predictor
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in a model it was discovered that in the regressions studied more than half of the

time they do not. While all metrics reviewed in this paper ostensibly aim to answer

the question “What is the most important predictor in a model?” it was clear at

the outset of the study that each measure was operating with a unique definition of

importance. The findings here emphasize that these differences in definitions and

approaches to measuring relative importance are not trivial and do provide different

conclusions. It is important that choice of relative importance metric ensures that

the definition of importance is aligned with the research question.

In the sensitivity analysis it became clear that the models reviewed varied in

their insensitivity to rank shifts in their weights. Models that were insensitive to

rank shifts had large variations in predictor rankings according alternative weight

vectors despite having similar model fit indices to the original OLS model. It was

also shown that relative importance analyses are not a replacement for examining

model sensitivity. In some cases, even when all relative importance analyses ex-

amined agreed on the most “important” predictor, alternative weight vectors dis-

agreed with the OLS weight vector regarding which variable was associated with

the largest coefficient.

Two approaches were taken to model fit reduction. In the first approach alterna-

tive models explained 1% less of the variance in the dependent variable, in other

words the model R2 was reduced by a constant value of 0.01. Considering that

some model R2 were quite low, to the point that a 0.01 reduction might be consid-

ered a large portion of variance explained, all models were also put through fungi-

ble weights analyses where the model R2 was reduced by 1%. In this condition the

alternative model R2 was 99% the size of the optimal model R2. Less variation in

the rank ordering of weights was observed when the model R2 was reduced by 1%

as opposed to a constant of 0.01. This was expected since the reduction of 1% in
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the R2 resulted in a smaller absolute reduction in model fit than when all model R2

were reduced by 0.01. Under both conditions there was still variance across models

in terms of sensitivity to shifting rank order.

When examining the questions of whether or not alternative vectors agreed with

the OLS vector on the top ranked predictor is was found that only 23.51% of re-

gression models in the 0.01 reduction condition had all 5000 alternative vectors

agree on the largest predictor, this went up to 51.00% for the 1% reduction condi-

tion. The numbers plummet to 3.87% (0.01 reduction) and 13.68% (1% reduction)

when looking at how many models had the entire rank order of predictors preserved

across all alternative models. These findings emphasize the difficulty of drawing

meaningful conclusions based on the relative size of regression coefficients given

that the rankings of the predictors can shift drastically in the face of only small

model fit reductions. Given that it is common for models to be associated with al-

ternative weight vectors that do not even agree with the OLS model on which pre-

dictor is associated with the largest coefficient conclusions based on coefficient size

should be questioned. It is worth noting how other metrics that use regression coef-

ficients to draw conclusions (e.g. the pratt measure) will experience similar difficul-

ties.

The simulation study provided one possible example of how to evaluate the level

of a model’s sensitivity to rank shifts in the weights. The simulation compared a

model’s variance in predictor rank to similar model’s variance in predictor rank,

where model R2 and the βi were kept constant. Along with providing one method

of comparing the results of the fungible weights analysis for a given model to sim-

ilar models as defined by variance explained and optimal weights, the simulation

also demonstrated how varying the correlation matrix of the variables in the regres-

sion impacts the results of fungible weights analyses.
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5.2 Limitations and Areas for Future Research

The results presented in this paper are not without limitations. The sample of

regressions come from a particular subset of the literature, it was designed to be

a systematic review of an influential sample of recent I/O, Human Resources, and

general psychology related studies. While the inclusion criteria were thoughtfully

designed, this review is a sample and not meant to be an exhaustive description

of the population of all studies in I/O, human resources, or general psychology.

The paper aimed to provide a demonstration on a meaningful sample rather than

a complete statement on the state of OLS in regression in psychology. This study

focuses on a narrow slice of regression, with fairly stringent inclusion criteria. The

inclusion criteria were designed to both sample from a meaningful slice of the lit-

erature while also maximizing the chance that articles included in the database of

past literature could be included in further quantitative analysis. The inclusion cri-

teria for this study means that this paper did not tackle non-OLS regression or re-

gressions that included interaction and exponential terms. It is easy to see how the

findings presented in this paper could be applied beyond the scope of the inclusion

criteria. Indeed, fungible weights has already been extended to apply to logistic re-

gression (Jones, 2013), latent curve models (McCallum, Lee, & Brown, 2012), and

structural equation models (Lee & MacCallum, 2015; MacCallum, Browne, & Lee,

2009; Pek, 2012) as well as studied with regards to implications for mediation anal-

ysis (Agler, 2015). If the correlations between interaction or exponential terms and

the other variables in the model are known the procedures used in this paper can

be directly applied. Future research could focus on the applying sensitivity analyses

to more complex models and dissecting the conclusions from those models.

The study did not focus on issues related to cross-validation, in fact that anal-
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yses in this study were independent of sample size and therefore did not touch on

issues related to sampling variability. While the purpose of this study was to em-

phasize that there are issues with interpreting regression independent of sampling

choices there are avenues for future research concerning how relative importance

metrics behave across samples and working to determine what factors are related to

a predictor’s importance remaining constant across samples.

The analyses were based on published findings which in and of themselves can

be flawed due to typos and rounding error. Not to mention that published studies

may not be representative of the larger set of research being done due to publica-

tion bias. The data for this study was entered by hand and although data entry

was done carefully and data was checked multiple times there is always a chance,

especially when it comes to entering as many individual numbers as in the present

study, that data entry errors may have occurred and impacted the results.

A subset of relative importance metrics were chosen to study, but more exist

in the literature, and I strongly suspect more will continue to be proposed. Rather

than presenting a single best indicator of importance this study was meant to be a

review and observation of these metrics in practice. Those wishing for one definitive

answer regarding what predictor is most important in their regression mode will

find this study wanting.

The sensitivity analysis chose to only examine 2 possible values for each regres-

sion for the reduction in model fit. Subjective decisions were made regarding what

can be considered a trivial reduction in model R2. While I believe these reductions

were small and chose to examine two types of reductions to ensure this, some may

argue that the reductions in this study represent large losses in explanatory power

of the model and therefore the findings regarding sensitivity do not apply. Future

studies could look at increasing the variation in reduction of model fit.
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The simulation relating to model sensitivity run in this study provided a very

specific comparison, restricting the model fit and original model weights. In terms

of model inputs, this only allowed for variation in the correlation matrix. Some

might be more interested in how a specific model compares to all other models with

the same number of predictors, or all models with the same model fit. Varying dif-

ferent aspects of the model will provide different result distributions and the per-

formance articles examined will depend on the specific comparison group. Future

research could compare results across a number of different situations with a variety

of combinations of parameters that are held constant and allowed to vary.

5.3 Practical Implications

This paper makes it clear that I/O psychology has a large problem with pre-

senting the findings of OLS regression. This study emphasizes the need for care-

ful consideration and definition of the goals of a study before undertaking analy-

ses. This paper has presented a set of tools to use, and explained their variations

and nuances, in what is hoped to be an easily consumable manner. Regression is a

tool that solves a very specific problem, it provides a linear model using the given

predictors and criterion that is optimized with respect to minimizing the squared

errors in the prediction of the criterion value. It has been made clear in past lit-

erature that in many instance OLS regression weights are not the best weights

for providing accurate prediction in a future sample. This is not surprising given

that the goal of OLS regression is not to optimize performance in a cross valida-

tion framework. The current study demonstrated that when different definitions of

importance are used to create relative importance metrics, those metrics will often

disagree on what predictor is determined to be most important. Examining the sen-
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sitivity of the regression models to changes in predictor weights indicated that the

regression models included in this study were generally insensitive to weight shifts

and were able to maintain similar model fit indices even when predictor weights

were varied. In some instances unit weights showed a relatively low reduction in

model R2.

Given what is known about regression and the findings from the current study,

when considering using regression it makes sense to stop and ask a few questions:

1. Have I designed my study well?

Methods of analysis are not a fix for flaws in methodology. It is much easier

to control for alternative explanations through study design rather than work-

ing to partial out effects post-hoc.

2. What question am I trying to answer with my study?

Be specific. General questions like “I want to investigate the relationship of

the variables” can lead to confusion later on. What can you see by looking at

the correlation matrices, and what is it that you are trying to find beyond a

bivariate correlation?

3. Do I want a model that is going to do well in my current sample or one that I

can successfully apply to new samples?

If the goal is prediction in new samples, OLS regression is not your best choice.

Look at analyses that are designed to optimize prediction in new samples,

rather than optimized for describing the current sample.

4. Am I going to try make a statement regarding what is important in my model?

If so, what do I mean by importance?
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Do you define a variable’s importance in relationship to the other variables in-

cluded in the model or do you want a measure of importance based simply on

the relationship between a given predictor and the criterion. Is it important

for a predictor’s importance to be based on all possible models that can be

built with the given predictors or just the model with all predictors included?

If all possible models are important, are you interested in directly comparing

each variable to every other variable, such as is possible with dominance anal-

ysis?

5. Is my model sensitive to changes in weights?

There are no precise guidelines here. But if you are planning to make a con-

clusion about the size, or even the sign of your weights, it makes sense to ex-

amine weight vectors that will produce a similar model fit and think about if

the conclusions drawn from original model would hold given the characteris-

tics of these alternative vectors. If a given predictor has a positive weight in

the OLS model but a negative weight in a subset of alternative weight vectors

that only reduce the model fit by a small amount, how strong are conclusions

based on the sign of the coefficient? Similarly, if conclusions are drawn based

on how large a specific βi is in isolation or in comparison to other predictors,

if the alternative weight vectors result in largely different values and ranks for

the predictor it is difficult to be confident about a conclusion drawn based on

the initial value of βi. This study has shown that alternative models in I/O,

HR, and psychology can be quite different from optimal ones, it is important

to leverage knowledge about a model’s sensitivity when interpreting findings.

Based on the literature reviewed in this study the following 2 recommendations

would help to improve published studies that use regression analyses:
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1. Do not draw conclusions based solely on the size of the βi’s.

βi are the coefficients that minimize SSE for a specific model in a specific

sample. Unless the research question is very specific to this use case, do not

use the size of the βi’s to draw conclusions. The studies examined in the cur-

rent paper that drew conclusions based on the size of the βi were not seeking

to answer questions that aligned with the specific meaning of OLS weights.

Instead they used βi as a proxy to indicate a more general construct of im-

portance. It is clear from past research and the current study that the size

of the βi’s can vary based on sample characteristics, and can change if you

slightly loosen the requirement to minimize SSE. SIOP (2003) has previously

highlighted the dangers of optimal weights in regards to sampling variabil-

ity but has not yet emphasized the difficulties that arise when you consider

model sensitivity. The literature and the field will benefit from emphasiz-

ing the drawbacks associated with βi’s. Instead of focusing on the raw value,

sign, or even significance of βi’s consider discussing what approaches would

result in different conclusions and the sensitivity of a given model to changes

in weights.

2. Always provide full correlation or covariance matrices for all variables used in

a regression model.

Correlation matrices are important, and savvy readers will often examine the

correlation matrices before moving on to more complex models. Correlations

allow readers to draw their own conclusions based on the data and conduct

follow up analyses if desired. Publishing correlation matrices also allow for

easy data collection for future meta-analyses.

By consistently considering the above questions and following the stated recommen-
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dation I/O psychologists will vastly improve the way OLS regression is handled in

the published literature. There is reason to believe this will have positive effects in

the applid world and the training of new I/O psychologists in the future.

5.4 Concluding Remarks

OLS regression has been and continues to be a popular tool in applied and aca-

demic realms of I/O psychology (e.g. Stone-Romero et al. 1995, O’Neill et al., 2013).

OLS regression has often been the subject of criticism regarding its ability to pro-

duce similar results across samples, the complicated or at least misunderstood mean-

ing behind the predictor weights, and the question of its value-add when compared

to other metrics. A variety of metrics have been proposed as methods of determin-

ing what predictor is the most “important” variable in a given regression model.

Each of these relative importance metrics has garnered praise and criticism from

different camps. I would argue that the issue does not lie with the tools themselves,

as it may seem based on some of the criticisms. Each method is designed with spe-

cific goals and each method does produce a result that answers a question (although

the question answered may not be the one initially intended). The issues lie in-

stead, with the applications of these tools. It seems that consumers of these tools

have often conducted analyses without carefully considering what insights they

hope to gain. This is understandable given that thinking about what question is

driving research, and what is actually considered valuable can be deceptively com-

plicated. It is also reasonable to see how the meaning of predictor importance would

be considered an intimidating pursuit since past definitions and approaches to quan-

tifying importance have been subjected to harsh scrutiny.

When thinking about variable importance it is much easier to make the state-
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ment “I need to know the most important variable in this model” rather than to

consider the nomological net of what constitutes variable importance and the met-

rics associated with the different facets of this construct. For example Duckworth

and Seligman (2005) state that “the standardized regression coefficient of self-discipline

was more than twice that of IQ in a simultaneous multiple regression predicting fi-

nal GPA. These results suggest that, indeed, self-discipline has a bigger effect on

academic performance than does intellectual talent” (p. 942-943). In this instance,

as in others, effect has been defined by the size of βi. Defining effect or importance

by the size of βi is akin to defining depression as the score on a depression inven-

tory without first going into extensive details about how the scale was constructed

and what definition of depression the scale was set out to measure. Statements

about the results of a regression equation are often presented without much com-

ment on how the specific results should be interpreted. This seems to suggest that

there is an assumption of a universally agreed upon meaning for regression results,

however that is clearly not the case. Past literature has demonstrated the danger of

interpreting the size of regression weights, but as was demonstrated in this study,

the size of regression weights are still being used to formulate conclusions. While

the majority of articles reviewed did not make statements regarding the size of the

regression weights, those that did were cited, on average, 518 times (as of February

24, 2017). This indicates that even if interpreting the size of regression weights in

published literature is rare, the influence of findings based on these interpretations

is large. Many authors, and likely many readers, have been influenced by articles

that use the values of βi to draw conclusions. Given that these articles were pub-

lished in highly regarded journals, consumers of these articles may be under the im-

pression that drawing conclusions based on the values of βi is acceptable and per-

haps even encouraged. Given that influential articles draw conclusions based on the
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size of the βi, simply publishing βi without a clear discussion of the purpose of the

weights, could lead to readers misinterpreting results.

The current study focused on published literature but it is important to empha-

size that regression is a frequently used tool in applied I/O as well. It is difficult, if

not impossible, to quantify the effect of regression in the applied domain but it is

possible to consider a specific example. Thinking back to the introduction of this

paper, a common question for an applied I/O psychologist is “What is most impor-

tant in driving employee engagement?”. Many practitioners may begin by creating

a regression model that has employee engagement scores as the dependent variable

and all possible predictors of engagement in their database as predictors. It is pos-

sible that the next step would be to look at the model R2 in order to get an idea

about how much variance in employee engagement is able to be explained by the

included predictors. This R2 is likely inflated in comparison to the relationship

you would expect to see in the population since it is capitalizing on sample char-

acteristics. The R2 can be adjusted based on sample size and number of predictors

with the assumption being that this new adjusted R2 (if using the correction pro-

posed by Wherry (1931)) would be reflective of the R2 that would be observed if

this model was applied to the whole population.

The practitioner might briefly examine the R2 to ensure that the included vari-

ables were accounting for enough variance in engagement in order for the analy-

sis to move froward. However, the R2 will only demonstrate if that combination

variables is related to engagement, not what is the most important driver. Next

the practitioner might examine the values in β. The practitioner may remember

reading some articles, in highly regarded journals, where the authors indicated that

larger values of βi meant that the associated predictor was more important. Per-

haps the practitioner also recalls taking a statistics course where the instructor dis-
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cussed how βi is the expected change in the dependent variable given a one unit

change in the predictor, holding all other predictors constant, and with all variables

in the model transformed into z scores. Perhaps the practitioner stops here and and

tells his or her clients that the variable most important for driving engagement is

the one associated with the largest βi.

Maybe the practitioner keeps going, he or she has gone to a few conferences and

knows that there are newer methods associated with determining relative impor-

tance. In fact the practitioner remembers that dominance analysis takes into con-

sideration all possible subsets. All possible subsets may seem appealing given that

the model might have been built without much thought being put into what vari-

ables were included in the model. So the practitioner runs a dominance analysis. If

there are a lot of variables in the model and limited computing resources the dom-

inance analysis may not run, in which case the practitioner might run a relative

weights analysis. Since relative weights is meant to be a more computationally effi-

cient form of dominance analysis, this seems like the right choice. The practitioner

might be feeling good at this point. First order correlations seem basic, βi have a

large literature associated with their flaws, and these new analyses appear to be

cutting edge. The practitioner presents the findings of the relative weights analysis

to his or her stakeholders. The practitioner is able to decide which variable is most

important by making a statement about what percent of the explained variance is

able to be attributed to each predictor. The results of these analyses gives a nice

balance of information that appears to be easy to understand while still implying

technical expertise.

No matter choice the practitioner makes in terms of how to determine what

variable is most important, a critical step has been missed in this thought exper-

iment. There has not been a discussion of how the findings of these analyses will
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be used. In the applied world analyses are generally not done due to academic cu-

riosity, analyses are used to make decisions regarding action planning. Stakeholders

often want to know what drives employee engagement so that plans can be made

to increase engagement through leveraging these drivers. The way in which these

action plans are going to be formulated, however, can be an important piece of in-

formation. If the stakeholders want to focus on changing a single factor related to

employee engagement it might make sense to choose the predictor with the largest

bivariate correlation with engagement. If the stakeholders want to focus on 2 or

3 things, it may make sense to look into model selection and find the set of 2 or 3

predictors that account for the largest variance in engagement. Brainstorming how

the findings of a study could be used, before beginning the study, is an important

step in ensuring the right choice in analytic techniques.

Regression models have played a large role in establishing the field of I/O psy-

chology. It is imperative that users and consumers of regression continue to scruti-

nize the findings from these models. Models that are able to withstand large shifts

in weights with small changes in fit indices call into question the meaning of the co-

efficients in these models. The sensitivity of a model to shifts in weights is a prod-

uct of the mathematical basis of the model itself and cannot be remedied by ap-

proaches recommended to mitigate sampling variability such as increasing sample

size. By carefully examining our analyses, using the steps laid out in this paper, we

will gain a better understanding of how to interpret and present our results. Ac-

knowledging and examining the strengths and weaknesses in our analyses will en-

able us to make stronger conclusions and progress as a field.
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Figure 1: Distribution of Number of Times Each Article Was Cited as of February
24, 2017

Histogram of the number of times each article included in the databased summary
was cited as of February 24, 2017 according to google scholar. The red vertical
line indicates the median (108) number of times articles were cited. Mean=223.20,
s.d.=328.79, 1st quartile=51, 3rd quartile=248, N=197.
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Figure 2: Distribution of Number of Times Each Article Was Cited as of February
24, 2017: Meta Analyses Only

Histogram of the number of times each article included in the databased summary
was cited as of February 24, 2017 according to google scholar. The red vertical
line indicates the median (451) number of times articles were cited. Mean=510.60,
s.d.=585.33, 1st quartile=180, 3rd quartile=570.20, N=20.
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Figure 3: Distribution of κ from all Positive-Definite Predictor Correlation Matrices
in the Database

Histogram of κ from all positive definite RX in the database of past literature.
The red vertical line indicates the median (2.41). Mean=2.74, s.d.=1.27, 1st quar-
tile=1.87, 3rd quartile=3.35, N=402.
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Figure 4: Distribution of Number of Predictors for Regressions with Correlation
Tables

Histogram of the number of predictors for regressions from articles containing com-
plete correlation tables. The red vertical line indicates the median (6) number of
predictors. Mean=6.97, s.d.=3.92, 1st quartile=4, 3rd quartile=9, N=409.
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Figure 5: Intraclass Correlations Among Ranks Produced by Relative Importance
Analyses

Histogram of the intraclass correlations among the ranks of the relative impor-
tance analyses used in this study for each regression examined. The red vertical
line indicates the median (0.83). Mean=0.81, s.d.=0.13, 1st quartile=0.73, 3rd
quartile=0.91, N=402.
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Figure 6: Agreement Between Relative Importance Metrics Regarding the Most
Important Predictor

Histogram of number of relative importance metrics, out of the 8 metrics stud-
ied, agreed on the most important predictor in a regression. The red vertical line
indicates the median (6). Mean=5.94, s.d.=1.69, 1st quartile=5, 3rd quartile=8,
N=402.
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Figure 7: Distribution Across Regressions of Number of Alternative Weight Vectors
with Entire OLS Weight Rank Order Preserved for 0.01 Reduction in R2

Histogram of number alternative weight vectors with the entire OLS weight vector
rank order preserved from the fungible weights analysis. The red vertical line indi-
cates the median (886.5). Mean=1330.89.51, s.d.=1361.67, 1st quartile=149.75, 3rd
quartile=2060.00, N=387.
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Figure 8: Distribution Across Regressions of Number of Alternative Weight Vectors
with Top Ranking OLS Weight Rank Preserved for 0.01 Reduction in R2

Histogram of number alternative weight vectors where the predictor associated with
the top ranking OLS weight is also the predictor associated with the top ranking
alternative weight from the fungible weights analysis. The red vertical line indi-
cates the median (3986.00). Mean=3835.15, s.d.=1048.31, 1st quartile=2877.50, 3rd
quartile=4991.00, N=387.
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Figure 9: Distribution Across Regressions of Number of Alternative Weight Vectors
with Lowest Ranking OLS Weight Rank Preserved for 0.01 Reduction in R2

Histogram of number alternative weight vectors where the predictor associated with
the lowest ranking OLS weight is also the predictor associated with the top ranking
alternative weight from the fungible weights analysis. The red vertical line indi-
cates the median (4712.00). Mean=4148.69, s.d.=988.77, 1st quartile=3241.50, 3rd
quartile=5000.00, N=387.
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Figure 10: Distribution Across Regressions of Number of Alternative Weight Vec-
tors with Entire OLS Weight Rank Order Preserved When Using the Absolute
Values of Weights for 0.01 Reduction in R2

Histogram of number alternative weight vectors with the entire OLS weight vec-
tor rank order preserved from the fungible weights analysis when using the ab-
solute values of weights. The red vertical line indicates the median (294.00).
Mean=739.566, s.d.=1010.50, 1st quartile=17.50, 3rd quartile=1102.00, N=387.
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Figure 11: Distribution Across Regressions of Number of Alternative Weight Vec-
tors with Top Ranking OLS Weight Rank Preserved When Using the Absolute
Values for 0.01 Reduction in R2

Histogram of number alternative weight vectors where the predictor associated with
the top ranking OLS weight is also the predictor associated with the top ranking al-
ternative weight from the fungible weights analysis when using the absolute values
of weights. The red vertical line indicates the median (2254.00). Mean=2379.51,
s.d.=1097.83, 1st quartile=1564.50, 3rd quartile=2930.50, N=387.
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Figure 12: Distribution Across Regressions of Number of Alternative Weight Vec-
tors with Lowest Ranking OLS Weight Rank Preserved When Using the Absolute
Values for 0.01 Reduction in R2

Histogram of number alternative weight vectors where the predictor associated
with the lowest ranking OLS weight is also the predictor associated with the top
ranking alternative weight from the fungible weights analysis when using the
absolute values of weights. The red vertical line indicates the median (4164.00).
Mean=3919.80, s.d.=1104.32, 1st quartile=2879.00, 3rd quartile=5000.00, N=387.
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Figure 13: Average Kendall’s τ Between Predictor Ranks for OLS and Alternative
Weight Vectors for 0.01 Reduction in R2

Histogram of average kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors. The red vertical line indicates the median (0.82). Mean=0.79,
s.d.=0.14, 1st quartile=0.73, 3rd quartile=0.88, N=387.
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Figure 14: Average Kendall’s τ Between Predictor Ranks for OLS and Alternative
Weight Vectors When Absolute Values of Weights are Used for 0.01 Reduction in
R2

Histogram of average kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors when absolute values of weights are used. The red vertical line
indicates the median (0.68). Mean=0.66, s.d.=0.17, 1st quartile=0.58, 3rd quar-
tile=0.77, N=387.
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Figure 15: Minimum Kendall’s τ Between Predictor Ranks for OLS and Alternative
Weight Vectors for 0.01 Reduction in R2

Histogram of minimum kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors. The red vertical line indicates the median (0.45). Mean=0.41,
s.d.=0.35, 1st quartile=0.33, 3rd quartile=0.62, N=387.
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Figure 16: Minimum Kendall’s τ Between Predictor Ranks for OLS and Alternative
Weight Vectors When Absolute Values of Weights are Used for 0.01 Reduction in
R2

Histogram of minimum kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors when absolute values of weights are used. The red vertical line
indicates the median (0.21). Mean=0.14, s.d.=0.41, 1st quartile=0.00, 3rd quar-
tile=0.40, N=387.
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Figure 17: Distribution of cos�kiOkj

Histogram of cos�kiOkj. The red vertical line indicates the median (0.96).
Mean=0.93, s.d.=0.11, 1st quartile=0.92, 3rd quartile=0.98, N=387.
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Figure 18: Percent Reduction of R2 Between Optimal and Alternative Models
When Reducing R2 by 0.01

Histogram of the percent reduction R2 between optimal and Alternative Models
When Reducing R2 by 0.01 using fungible weights. The red vertical line indicates
the median (3.68%). Mean=6.93%, s.d.=8.89%, 1st quartile=2.38%, 3rd quar-
tile=7.58%, N=387.
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Figure 19: cos�kiOkj and Percent Reduction of R2 Between Optimal and Alterna-
tive Models When Reducing R2 by 0.01

Scatterplot of the relationship between cos�kiOkj and the percent reduction in
R2 between optimal and alternative models when the R2 from the OLS model is
reduced by a constant of 0.01.
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Figure 20: Absolute Reduction in Model R2 Between Optimal and Alternative
Models for 1% Reduction in Optimal R2

Histogram of absolute reduction in model R2 between optimal and alternative mod-
els where the optimal R2 was reduced by 1%. The red vertical line indicates the
median (0.003). Mean=0.003, s.d.=0.002, 1st quartile=0.001, 3rd quartile=0.001,
N=402.
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Figure 21: Distribution Across Regressions of Number of Alternative Weight Vec-
tors with Entire OLS Weight Rank Order Preserved for 1% Reduction in R2

Histogram of number alternative weight vectors with the entire OLS weight vector
rank order preserved from the fungible weights analysis where the model R2 was
reduced by 1% in the alternative models. The red vertical line indicates the median
(2398.50). Mean=2399.25, s.d.=1729.55, 1st quartile=843.25, 3rd quartile=3875.00,
N=402.
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Figure 22: Distribution Across Regressions of Number of Alternative Weight Vec-
tors with top Ranking OLS Weight Rank Preserved for 1% Reduction in R2

Histogram of number alternative weight vectors where the predictor associated
with the top ranking OLS weight is also the predictor associated with the top rank-
ing alternative weight from the fungible weights analysis where the model R2 was
reduced by 1% in the alternative models. The red vertical line indicates the me-
dian (5000). Mean=4425.55, s.d.=839.90, 1st quartile=3911.75, 3rd quartile=5000,
N=402.

105



www.manaraa.com

Figure 23: Average Kendall’s τ Between Predictor Ranks for OLS and Alternative
Weight Vectors for 1% Reduction in R2

Histogram of average kendall’s τbetween predictor ranks for OLS and alterna-
tive rank vectors fungible weights analysis where the model R2 was reduced by
1% in the alternative models. The red vertical line indicates the median (0.92).
Mean=0.90, s.d.=0.10, 1st quartile=0.88, 3rd quartile=0.96, N=402.
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Figure 24: Raw Difference between R2 for Models with OLS and Unit Weights

Histogram of the difference between the model R2 for models with optimal weights
and the model R2 for models with unit weights. The red vertical line indicates the
median (0.07). Mean=0.11, s.d.=0.10, 1st quartile=0.03, 3rd quartile=0.15, N=402.
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Figure 25: Percent Difference between R2 for Models with OLS and Unit Weights

Histogram of the percent difference between the model R2 for models with optimal
weights and the model R2 for models with unit weights. The red vertical line indi-
cates the median (33.86%). Mean=34.95%, s.d.=17.57%, 1st quartile=22.31%, 3rd
quartile=47.01%, N=402.
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Figure 26: Relationship Between Change in R2 Between Unit and OLS Weighted
Models and the Average Kendall’s τ

Scatterplot of the change in R2 between models using linear weights and models
using OLS weights and the average kendall’s τ . The red vertical line is placed at
0.01, the reduction in R2 between the OLS and alternative models in the fungible
weights analysis that produced the Kendall’s τ in the plot.
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Figure 27: Relationship Between R2 and cos�kiOkj

Relationship between the OLS model R2 and cos�kiOkj for alternative models
where the R2 from the OLS model is reduced by a constant of 0.01.
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Figure 28: Fungible Weights Distribution of Average τ for Mumford et al. (2008)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for the regression taken from Mumford et al. (2008). In the alterna-
tive models the R2 from the OLS model is reduced by a constant of 0.01. N=1000
average kendall’s τ , where each average is computed from 5000 alternative weight
vectors generated with the fungible weights procedure. The red line represents the
median (0.862) of the average kendall’s τ for the 1000 average kendall’s τ ’s com-
puted using predictor matrices generated by Fungible R and put through the same
fungible weights procedure as the original regression. Mean=0.868, median = 0.868,
s.d.=0.001, 1st quartile=0.867, 3rd quartile=0.869.
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Figure 29: Fungible R Distribution of Average τ for Mumford et al. (2008)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for regressions computed using predictor matrices generated by Fun-
gible R using the original correlation and regression information from Mumford et
al. (2008). In the alternative models the R2 from the OLS model is reduced by a
constant of 0.01. N=1000 average kendall’s τ , where each average is computed from
5000 alternative weight vectors generated with the fungible weights procedure. The
red line represents the median (0.868) of the average kendall’s τ for the 1000 aver-
age kendall’s τ ’s computed using the original predictor correlation matrices and put
through the same fungible weights procedure described above. Mean=0.847, median
= 0.862, s.d.=0.050, 1st quartile=0.850, 3rd quartile=0.867.
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Figure 30: Fungible Weights Distribution of Average τ for Dabos & Rousseau(2004)

Histogram of average kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors for the regression taken from Dabos & Rousseau (2004). In the
alternative models the R2 from the OLS model is reduced by a constant of 0.01.
N=1000 average kendall’s τ , where each average is computed from 5000 alternative
weight vectors generated with the fungible weights procedure. The red line repre-
sents the median (0.905) of the average kendall’s τ for the 1000 average kendall’s
τ ’s computed using predictor matrices generated by Fungible R and put through
the same fungible weights procedure as the original regression. Mean=0.957, me-
dian = 0.957, s.d.=0.002, 1st quartile=0.956, 3rd quartile=0.959.
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Figure 31: Fungible R Distribution of Average τ for Dabos & Rousseau (2004)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for regressions computed using predictor matrices generated by Fun-
gible R using the original correlation and regression information from Dabos &
Rousseau (2004). In the alternative models the R2 from the OLS model is reduced
by a constant of 0.01. N=1000 average kendall’s τ , where each average is computed
from 5000 alternative weight vectors generated with the fungible weights procedure.
The red line represents the median (0.957) of the average kendall’s τ for the 1000
average kendall’s τ ’s computed using the original predictor correlation matrices and
put through the same fungible weights procedure described above. Mean=0.881,
median = 0.905, s.d.=0.135, 1st quartile=0.823, 3rd quartile=0.959.
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Figure 32: Fungible Weights Distribution of Average τ for Klehe & Anderson (2007)

Histogram of average kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors for the regression taken from Klehe & Anderson (2007). In the
alternative models the R2 from the OLS model is reduced by a constant of 0.01.
N=1000 average kendall’s τ , where each average is computed from 5000 alternative
weight vectors generated with the fungible weights procedure. The red line repre-
sents the median (0.800) of the average kendall’s τ for the 1000 average kendall’s
τ ’s computed using predictor matrices generated by Fungible R and put through
the same fungible weights procedure as the original regression. Mean=0.827, me-
dian = 0.827, s.d.=0.002, 1st quartile=0.826, 3rd quartile=0.828.
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Figure 33: Fungible R Distribution of Average τ for Klehe & Anderson (2007)

Histogram of average kendall’s τ between predictor ranks for OLS and alterna-
tive rank vectors for regressions computed using predictor matrices generated by
Fungible R using the original correlation and regression information from Klehe &
Anderson (2007). In the alternative models the R2 from the OLS model is reduced
by a constant of 0.01. N=1000 average kendall’s τ , where each average is computed
from 5000 alternative weight vectors generated with the fungible weights procedure.
The red line represents the median (0.827) of the average kendall’s τ for the 1000
average kendall’s τ ’s computed using the original predictor correlation matrices and
put through the same fungible weights procedure described above. Mean=0.762,
median = 0.800, s.d.=0.097, 1st quartile=0.740, 3rd quartile=0.821.
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Figure 34: Fungible Weights Distribution of Average τ for Jiang et al. (2012)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for the regression taken from Jiang et al. (2012). In the alternative
models the R2 from the OLS model is reduced by a constant of 0.01. N=1000 av-
erage kendall’s τ , where each average is computed from 5000 alternative weight
vectors generated with the fungible weights procedure. The red line represents the
median (0.534) of the average kendall’s τ for the 1000 average kendall’s τ ’s com-
puted using predictor matrices generated by Fungible R and put through the same
fungible weights procedure as the original regression. Mean=0.599, median = 0.599,
s.d.=0.005, 1st quartile=0.596, 3rd quartile=0.603.
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Figure 35: Fungible R Distribution of Average τ for Jiang et al. (2012)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for regressions computed using predictor matrices generated by Fun-
gible R using the original correlation and regression information from Jiang et al.
(2012). In the alternative models the R2 from the OLS model is reduced by a con-
stant of 0.01. N=1000 average kendall’s τ , where each average is computed from
5000 alternative weight vectors generated with the fungible weights procedure. The
red line represents the median (0.599) of the average kendall’s τ for the 1000 aver-
age kendall’s τ ’s computed using the original predictor correlation matrices and put
through the same fungible weights procedure described above. Mean=0.493, median
= 0.533, s.d.=0.135, 1st quartile=0.432, 3rd quartile=0.591.
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Figure 36: Fungible Weights Distribution of Average τ for Richards & Schat (2011)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for the regression taken from Richards & Schat (2011). In the alterna-
tive models the R2 from the OLS model is reduced by a constant of 0.01. N=1000
average kendall’s τ , where each average is computed from 5000 alternative weight
vectors generated with the fungible weights procedure. The red line represents the
median (0.873) of the average kendall’s τ for the 1000 average kendall’s τ ’s com-
puted using predictor matrices generated by Fungible R and put through the same
fungible weights procedure as the original regression. Mean=0.881, median = 0.881,
s.d.=0.001, 1st quartile=0.880, 3rd quartile=0.881.
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Figure 37: Fungible R Distribution of Average τ for Richards & Schat (2011)

Histogram of average kendall’s τ between predictor ranks for OLS and alternative
rank vectors for regressions computed using predictor matrices generated by Fun-
gible R using the original correlation and regression information from Richards &
Schat (2011). In the alternative models the R2 from the OLS model is reduced by
a constant of 0.01. N=1000 average kendall’s τ , where each average is computed
from 5000 alternative weight vectors generated with the fungible weights procedure.
The red line represents the median (0.881) of the average kendall’s τ for the 1000
average kendall’s τ ’s computed using the original predictor correlation matrices and
put through the same fungible weights procedure described above. Mean=0.858,
median = 0.873, s.d.=0.044, 1st quartile=0.857, 3rd quartile=0.880.
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Table 1: Summary of Relative Importance Analyses

Approach Description Strengths Weaknesses
Zero-Order
Correlations

Bivariate correlations between each
predictor variable and the outcome
variable.

Less sensitive to sampling error
than beta weights.
Can be used to quantify the shared
variance between the predictor and
outcome variable.
Not affected by other predictor
variables in the model.
Easy to calculate.

Difficult to interpret when there is
multicollinearity.

Beta
Weights

The expected difference in the
z-score of the outcome variable,
given an increase of one standard
deviation unit in the predictor
while holding the value of other
predictors constant.

Easy to calculate.
Serve as a good starting point for
further exploration.

Hard to interpret when there is
multicollinearity.
Capitalize on sample-specific
characteristics.

Pratt
Measure

The product of a predictor’s
zero-order correlation and its beta
weights.

The sum across all predictors is
equal to the model R2 even when
there is multicollinearity.
Easy to calculate.

Can result in negative values that
are difficult to interpret.

Structure
Coefficients Correlation between the predictor

variable and the model-predicted
values of the outcome variable.

Squared structure coefficients can
be interpreted as the shared
variance between the predicted
outcome variable score and the
predictor variable.

Do not identify which predictors
share variance related to the
outcome variable.
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Commonality
Coefficients

Unique effects: Measures the
contribution of an individual
predictor that is not shared with
any other predictors. It is the
squared semipartial correlation.
Common effects: Quantifies each
predictors contribution to
predicting the outcome variable
that the predictor shares with
other predictor variables

Sum to the multiple R2 The number of commonality
coefficients increases exponentially
with the increase in number of
predictors.

Dominance
Analysis

Determines importance based on
comparing all pairs of predictors.

Measure of direct, total, and
partial effects.
Rank order is consistent across
multiple fit indices.

Complex computations, with the
required number of models to run
increasing exponentially with the
number of predictors.

Relative
Weights

With uncorrelated predictors, the
relative weight for each predictor is
the product of the zero-order
correlation and the inverse of the
model R2.
When predictor variables are
correlated, they are transformed
into uncorrelated principal
components in order to partition
the variance through two
regressions.

Weights usually sum to R2.
Calculations take steps to minimize
the effects of multicollinearity.

The sum of the weights can exceed
R2 in the presence of suppression
effects.
Dependent on other predictors in
the model.

Note: Information compiled from Johnson, 2000; Tonidandel & LeBreton, 2011; Nathans et al., 2012; Nimon & Oswald, 2013.
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Table 2: Summary of Data Collected

Variable Description
Journal Journal in which article is published
Year Year of publication
Cited by Number of times article has been cited in

Google Scholar
Regression Topic Topic of regression analysis based on topic

areas identified by Cascio and Aguinis (2008)
Author Country
Affiliation The country that the article’s authors’

affiliations are located in.
Number of Predictors Number of predictors in the regression model.
Hierarchical Whether or not the regression is part of a

hierarchical regression analysis.
Correlation Present Whether or not there is a full predictor and

outcome variable correlation matrix presented
in the article.

Meta Analysis Whether or not the regression uses
meta-analytic data and if it uses full
meta-analytic data or partial meta-analytic
data. If partial is used the number of separate
metrics will be recorded.

Sample Size The sample size used in the regression.
Conclusion: Interpreted
Coefficient Sign If the authors discussed the sign of one or more

of the regression coefficients.
Conclusion: Interpreted
Coefficient Size If the authors discussed the size of one or more

of the regression coefficients.
Conclusion: Interpreted
Coefficient Significance If the authors discussed the statistical

significance of one or more of the regression
coefficients.

Conclusion: Interpreted
R2 If the authors discussed the value of the model

R2.
Relative Importance Whether or not a method of relative

importance analysis was used and, if so, which
one.

Adjusted R2 Code if a shrinkage correction is applied, if so,
which one.

κ Condition number for all positive definite RX
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Table 3: Database of Past Literature Summary Frequencies

Article Characteristic Count Percent
JAP 123 62.44%
AMJ 45 22.84%
Psychological Science 29 14.72%
2003 6 3.05%
2004 19 9.64%
2005 7 3.55%
2006 20 10.15%
2007 21 10.66%
2008 20 10.15%
2009 20 10.15%
2010 14 7.11%
2011 17 8.63%
2012 22 11.17%
2013 9 4.57%
2014 22 11.17%
Hierarchical 99 50.25%
Meta Analysis 20 10.15%
Correlation Present 117 59.39%
Interpreted Coefficient Sign 126 63.96%
Interpreted Coefficient Size 15 7.61%
Interpreted Coefficient Significance 173 87.82%
Interpreted R2 76 38.58%
Relative Importance 9 4.57%
Adjusted R2 60 30.46%
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Table 4: Author Country Affiliation

Country Number of Articles
with Authors

Affiliated with
Country

Percent of Total
Articles

Australia 8 4.06%
Belgium 4 2.03%
Canada 8 4.06%
France 4 2.03%
Germany 3 1.52%
Hong Kong 13 6.60%
India 1 0.51%
Israel 2 1.02%
Italy 1 0.51%
Japan 1 0.51%
Netherlands 13 6.60%
Phillipines 1 0.51%
Portugal 1 0.51%
Singapore 4 2.03%
South Korea 4 2.03%
Spain 1 0.51%
Sweden 1 0.51%
Switzerland 2 1.02%
Taiwan 1 0.51%
UK 13 6.60%
US 166 84.26%
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Table 5: Number of Articles by Topic Area: All Journals

Topic Article Count Percent of Total Articles
Predictors of performance 50 25.38%
Work motivation and attitudes 40 20.30%
Work groups-teams 30 15.23%
Leader influences 21 10.66%
Societal issues 13 6.60%
Training and development 5 2.54%
Consumer behavior 5 2.54%
Decision making 4 2.03%
Performance measurement 4 2.03%
Career issues 3 1.52%
Developmental psychology 3 1.52%
Human factors 3 1.52%
Neuropsychology 3 1.52%
Reward systems 3 1.52%
Adult psychology 3 1.52%
Health psychology 2 1.02%
Research methodology 2 1.02%
Clinical interventions 1 0.51%
Psychopathology 1 0.51%
Other 1 0.51%
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Table 6: Number of Articles by Topic Area: JAP and AMJ Only

Topic Article Count Percent of Total Articles
Predictors of performance 42 25.00%
Work motivation and attitudes 39 23.21%
Work groups-teams 29 17.26%
Leader influences 21 12.50%
Societal issues 7 4.17%
Training and development 5 2.98%
Consumer behavior 5 2.98%
Performance measurement 4 2.38%
Career issues 3 1.79%
Decision making 3 1.79%
Human factors 3 1.79%
Reward systems 3 1.52%
Research methodology 2 1.19%
Neuropsychology 1 0.60%
Other 1 0.60%
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Table 7: Average τ Correlations Between Selected Relative Importance Metrics

βp ryxp GD εp r2Sp
U C mp

βp 1.00

ryxp

0.58 1.00
0.31

GD 0.72 0.82 1.00
0.24 0.20

εp
0.72 0.81 0.97 1.00
0.25 0.20 0.07

r2Sp

0.58 1.00 0.82 0.81 1.00
0.31 0.00 0.20 0.20

U 0.90 0.58 0.75 0.74 0.58 1.00
0.17 0.30 0.23 0.23 0.30

C 0.41 0.60 0.60 0.59 0.61 0.42 1.00
0.36 0.34 0.33 0.34 0.34 0.36

mp
0.78 0.78 0.86 0.86 0.78 0.78 0.51 1.00
0.82 0.22 0.17 0.17 0.22 0.21 0.34

Note: Average correlations are presented with standard
deviations below. βp are the OLS regression weights;
ryxp are the bivariate correlations between the
predictors and the criterion; GD are the general
dominance weights; εp are the relative weights, r2Sp

are
the squared structure coefficients; U are the unique
effects from commonality analysis; C are the common
effects from commonality analysis; mp is the Pratt
measure.
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Table 8: Mumford et al. (2008) Relative Importance Indices for Predictor Variables
Regressed onto Task Role Performance

βp ryxp GD εp r2Sp
U C mp

Overall TRT
Scores

0.35 0.39 0.13 0.13 0.61 0.10 0.05 0.14

1 1 1 1 1 1 1 1
Emotional
Stability

-0.23 -0.21 0.05 0.05 0.18 0.05 0.00 0.05

2 2 2 2 2 2 5 2
Extraversion 0.21 0.16 0.03 0.03 0.10 0.03 -0.01 0.03

3 3 3 3 3 4 6 3
Openness -0.21 -0.07 0.02 0.02 0.02 0.04 -0.03 0.01

4 7 4 4 7 3 7 4
Mental Ability 0.05 0.08 0.01 0.01 0.03 0.00 0.00 0.00

5 5 6 6 5 6 4 6
Conscientiousness 0.07 0.11 0.01 0.01 0.05 0.00 0.01 0.01

6 4 5 5 4 5 2 5
Agreeableness 0.02 0.08 0.00 0.00 0.03 0.00 0.01 0.00

7 6 7 7 6 7 3 7
Note: Raw values of select relative importance metrics calculated
from the published predictor and criterion correlation matrices for
each predictor are presented along with the associated rank orders.
βp are the OLS regression weights; ryxp are the bivariate correlations
between the predictors and the criterion; GD are the general
dominance weights; εp are the relative weights, r2Sp

are the squared
structure coefficients; U are the unique effects from commonality
analysis; C are the common effects from commonality analysis; mp is
the Pratt measure.

129



www.manaraa.com

Table 9: Klehe & Anderson (2007) Relative Importance Indices for Predictor Vari-
ables Regressed onto Typical Performance Time 2

βp ryxp GD εp r2Sp
U C mp

Direction 0.40 0.55 0.20 0.20 0.61 0.12 0.18 0.22
1 1 1 1 1 1 1 1

Persistence 0.18 0.11 0.02 0.02 0.02 0.03 -0.02 0.02
4 5 5 5 5 4 5 5

Computer Self
Efficacy

0.26 0.44 0.11 0.11 0.39 0.04 0.14 0.11

3 2 3 3 2 3 3 3
Task Valence 0.07 0.39 0.06 0.06 0.31 0.00 0.15 0.03

5 4 4 4 4 5 2 2
Working Smart

(Procedural
Skills)

0.29 0.40 0.11 0.12 0.32 0.08 0.08 0.12

2 3 2 2 3 2 4 4
Note: Raw values of select relative importance metrics calculated
from the published predictor and criterion correlation matrices for
each predictor are presented along with the associated rank orders.
βp are the OLS regression weights; ryxp are the bivariate correlations
between the predictors and the criterion; GD are the general
dominance weights; εp are the relative weights, r2Sp

are the squared
structure coefficients; U are the unique effects from commonality
analysis; C are the common effects from commonality analysis; mp is
the Pratt measure.
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Table 10: Dabos & Rousseau (2004) Relative Importance Indices for Predictor Vari-
ables Regressed onto Scientist’s Perception of Director Transactional Obligations

βp ryxp GD εp r2Sp
U C mp

Director
Transactional

(D)

0.28 0.44 0.11 0.11 0.84 0.05 0.15 0.13

1 1 1 1 1 1 1 1
Director

Relational (D)
-0.22 -0.41 0.09 0.09 0.73 0.03 0.14 0.09

2 2 2 2 2 2 2 2
Director

Balanced (D)
-0.05 -0.26 0.03 0.03 0.29 0.00 0.07 0.01

3 3 3 3 3 3 3 3
Note: Raw values of select relative importance metrics calculated
from the published predictor and criterion correlation matrices for
each predictor are presented along with the associated rank orders.
βp are the OLS regression weights; ryxp are the bivariate correlations
between the predictors and the criterion; GD are the general
dominance weights; εp are the relative weights, r2Sp

are the squared
structure coefficients; U are the unique effects from commonality
analysis; C are the common effects from commonality analysis; mp is
the Pratt measure.
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Table 11: Gupta et al. (2013) Relative Importance Indices for Predictor Variables
Regressed onto Sales Performance

βp ryxp GD εp r2Sp
U C mp

Conscientiousness 0.12 0.09 0.01 0.01 0.06 0.01 -0.00 0.01
3 3 3 3 3 3 5 3

Extraversion -0.08 -0.06 0.01 0.01 0.03 0.00 -0.00 0.00
4 4 4 4 4 5 6 4

Agreeableness -0.00 -0.04 0.00 0.00 0.01 0.00 0.00 0.00
6 6 6 6 6 6 4 6

Openness to
Experience

-0.22 -0.19 0.04 0.04 0.29 0.03 0.00 0.04

2 2 2 2 2 2 2 2
Emotional
Stability

-0.07 -0.05 0.00 0.00 0.02 0.00 -0.00 0.00

5 5 5 5 5 4 3 5
Total Sales Self

Efficacy
0.29 0.23 0.06 0.06 0.42 0.06 -0.01 0.07

1 1 1 1 1 1 1 1
Note: Raw values of select relative importance metrics calculated
from the published predictor and criterion correlation matrices for
each predictor are presented along with the associated rank orders.
βp are the OLS regression weights; ryxp are the bivariate correlations
between the predictors and the criterion; GD are the general
dominance weights; εp are the relative weights, r2Sp

are the squared
structure coefficients; U are the unique effects from commonality
analysis; C are the common effects from commonality analysis; mp is
the Pratt measure.
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Table 12: Simulation Studies Summary of Results

Article R2
OLS R2

alt Number of
Predictors

τ mean τ median τ s.d. τ min τ max τ Q1 τ Q3

Mumford et al.
(2008)

0.248 0.238 7 0.868 0.868 0.001 0.863 0.873 0.867 0.869
0.248 0.238 7 0.847 0.862 0.050 0.324 0.873 0.850 0.867

Dabos &
Rousseau (2004)

0.230 0.220 3 0.957 0.957 0.002 0.950 0.963 0.956 0.959
0.230 0.220 3 0.881 0.905 0.135 0.099 1.000 0.823 1.000

Klehe &
Anderson (2007)

0.497 0.487 5 0.827 0.827 0.002 0.821 0.832 0.826 0.828
0.497 0.487 5 0.762 0.799 0.097 0.110 0.836 0.740 0.821

Jiang et al.
(2012)

0.224 0.214 3 0.599 0.599 0.005 0.586 0.620 0.596 0.603
0.224 0.214 3 0.493 0.534 0.135 -0.003 0.731 0.431 0.591

Richards &
Schat (2011)

0.549 0.539 12 0.881 0.881 0.001 0.878 0.883 0.880 0.881
0.549 0.539 12 0.858 0.874 0.045 0.371 0.884 0.857 0.880

Note: Summary metrics from the simulation studies are provided above. Metrics regarding average kendall’s τ between
predictor ranks for OLS and alternative rank vectors are provided. For each article the top row is for the fungible
weights analysis being run 1000 times on the original correlation matrices. The bottom row is for regressions computed
using predictor matrices generated by using Fungible R with the original correlation and regression information to
produce 1000 new predictor correlation matrices which were then put through the fungible weights analysis. Q1 and Q3
refer to the 1st and 3rd quartile, respectively.
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Table 13: Summary of Relevant Results for Relative Importance and Sensitivity Analyses

Metric N Mean Median sd Min Max Q1 Q3
Number of predictors 409 6.970 6.000 3.920 3.000 25.000 4.000 9.000
Sample Size 409 385.900 147.000 822.791 27.000 8839.000 85.500 288.500
κ 402 2.744 2.408 1.273 1.110 11.290 1.874 3.345
OLS R2 402 0.284 0.258 0.196 0.000 0.835 0.127 0.414
Wherry (1931) R2

adj 402 0.246 0.214 0.197 -0.110 0.082 0.082 0.368
OLS R2-R2

adj 402 0.039 0.027 0.036 0.001 0.197 0.013 0.050
% Reduction between
OLS R2 and R2

adj

402 0.364 0.146 1.077 0.003 14.240 0.060 0.344

ICC across 8 relative
importance metrics

402 0.810 0.830 0.130 0.035 1.000 0.730 0.910

Number of relative
importance metrics
(out of 8) that agree on
the most important
predictor

402 5.940 6.000 1.690 1.000 8.000 5.000 8.000

εi
R2 − GDi

R2 2803 -0.000 0.000 0.007 -0.083 0.091 0.000 0.002
εi
R2 − mi

R2 2803 -0.000 0.002 0.069 -0.850 0.724 -0.009 0.016
mi
R2 − GDi

R2 2803 0.000 0.000 0.070 -0.738 0.819 -0.015 0.011
Number of alternative
weight vectors with
entire rank order
preserved (0.01
reduction in R2)

387 1331.000 886.500 1361.672 0.000 5000.000 149.800 2060.000
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Metric N Mean Median sd Min Max Q1 Q3
Number of alternative
weight vectors with
entire rank order
preserved using
absolute values of
weights (0.01 reduction
in R2)

387 739.566 294.000 1010.500 0.000 5000.000 17.500 1102.000

Number of alternative
weight vectors with
entire rank order
preserved (1%
reduction in R2)

402 2401.000 2409.000 1727.719 0.000 5000.000 843.500 3873.000

Number of alternative
weight vectors that
agree on top ranked
predictor (0.01
reduction in R2)

387 3835.000 3986.000 1048.311 1222.000 5000.000 2878.000 4991.000

Number of alternative
weight vectors that
agree on top ranked
predictor using
absolute values of
weights(0.01 reduction
in R2)

387 2379.509 2254.000 1097.829 499.000 5000.000 1564.500 2930.500

Number of alternative
weight vectors that
agree on top ranked
predictor (1% reduction
in R2)

402 4424.000 5000.000 839.824 1846.000 5000.000 3894.000 5000.000
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Metric N Mean Median sd Min Max Q1 Q3
Number of alternative
weight vectors that
agree on lowest ranked
predictor (0.01
reduction in R2)

387 4148.687 4712.000 988.768 1699.000 5000.000 3241.500 5000.000

Number of alternative
weight vectors that
agree on lowest ranked
predictor using
absolute values of
weights(0.01 reduction
in R2)

387 3919.801 4164.000 1104.324 995.000 5000.000 995.000 5000.000

Number of alternative
weight vectors that
agree on lowest ranked
predictor (1% reduction
in R2)

402 4646.799 5000.000 705.329 1897.000 5000.000 4796.750 5000.000

Average τ between
OLS ranks and
alternative ranks (0.01
reduction in R2)

387 0.792 0.823 0.144 0.042 1.000 0.731 0.879

Average τ between
OLS ranks and
alternative ranks using
absolute values of
weights (0.01 reduction
in R2)

387 0.657 0.683 0.168 0.002 1.000 0.581 0.768
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Metric N Mean Median sd Min Max Q1 Q3
Average τ between
OLS ranks and
alternative ranks (1%
reduction in R2)

402 0.904 0.922 0.096 0.102 1.000 0.878 0.961

Minimum τ between
OLS ranks and
alternative ranks (0.01
reduction in R2)

387 0.406 0.448 0.349 -1.000 1.000 0.333 0.619

Minimum τ between
OLS ranks and
alternative ranks using
absolute values of
weights (0.01 reduction
in R2)

387 0.136 0.214 0.413 -1.000 1.000 0.000 0.3970

Minimum τ between
OLS ranks and
alternative ranks (1%
reduction in R2)

402 0.679 0.714 0.251 -1.000 1.000 0.600 0.810

Maximum τ between
OLS ranks and
alternative ranks (0.01
reduction in R2)

387 0.996 1.000 0.019 0.821 1.000 1.000 1.000

Maximum τ between
OLS ranks and
alternative ranks using
absolute values of
weights (0.01 reduction
in R2)

387 0.999 1.000 0.033 0.744 1.000 1.000 1.000
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Metric N Mean Median sd Min Max Q1 Q3
Maximum τ between
OLS ranks and
alternative ranks (1%
reduction in R2)

402 0.999 1.000 0.004 0.940 1.000 1.000 1.000

Median τ between OLS
ranks and alternative
ranks (0.01 reduction
in R2)

387 0.808 0.833 0.161 0.333 1.000 0.733 0.905

Median τ between OLS
ranks and alternative
ranks using absolute
values of weights (0.01
reduction in R2)

387 0.662 0.667 0.189 0.000 1.000 0.600 0.786

Median τ between OLS
ranks and alternative
ranks (1% reduction in
R2)

402 0.932 0.964 0.095 0.333 1.000 0.881 1.000

Q1 τ between OLS
ranks and alternative
ranks (0.01 reduction
in R2)

387 0.697 0.733 0.225 -0.333 1.000 0.643 0.820

Q1 τ between OLS
ranks and alternative
ranks using absolute
values of weights (0.01
reduction in R2)

387 0.530 0.600 0.247 -0.400 1.000 0.333 0.696
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Metric N Mean Median sd Min Max Q1 Q3
Q1 τ between OLS
ranks and alternative
ranks (1% reduction in
R2)

402 0.842 0.867 0.180 -0.333 1.000 0.800 1.000

Q3 τ between OLS
ranks and alternative
ranks (0.01 reduction
in R2)

387 0.901 0.924 0.123 0.333 1.000 0.863 1.000

Q3 τ between OLS
ranks and alternative
ranks using absolute
values of weights (0.01
reduction in R2)

387 0.797 0.800 0.161 0.333 1.000 0.714 0.908

Q3 τ between OLS
ranks and alternative
ranks (1% reduction in
R2)

402 0.967 1.000 0.070 0.333 1.000 0.944 1.000

cos�kiOkj (0.01
reduction in R2)

387 0.927 0.963 0.107 0.199 0.995 0.923 0.976

cos�kiOkj (1%
reduction in R2)

402 0.990 0.990 0.990 0.990 0.990 0.990 0.990

Percent reduction in R2

when reducing OLS R2

by 0.01

387 0.931 0.964 0.089 0.167 0.995 0.924 0.976

Absolute reduction in
R2 when reducing OLS
R2 by 1%

402 0.003 0.003 0.002 0.000 0.019 0.001 0.004

median ai
βi

(0.01
reduction in R2)

2738 0.442 0.1929 14.001 -265.600 484.000 -0.185 0.693

139



www.manaraa.com

Metric N Mean Median sd Min Max Q1 Q3
mean ai

βi
(0.01 reduction

in R2)
2738 0.564 0.196 20.068 -411.800 646.300 -0.257 0.684

SD ai
|βi| (0.01 reduction in

R2)
2738 6.826 1.504 44.913 0.114 1512.000 0.798 3.568

maximum ai
βi

(0.01
reduction in R2)

2738 -0.060 1.015 104.366 -3921.000 2149.000 -2.700 2.977

minimum ai
βi

(0.01
reduction in R2)

2738 0.8728 -0.297 48.842 -600.300 2007.000 -1.558 1.431

Raw difference between
R2 between OLS and
unit weights

402 0.106 0.073 0.100 0.000 0.563 0.032 0.145

Percent difference
between R2 between
OLS and unit weights

402 0.350 0.339 0.176 0.001 0.811 0.223 0.470

Note: Q1 and Q3 refer to the 1st and 3rd quartile, respectively.
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Appendix A: List of References Included in the Database

Summary

Citations marked with an * lacked a full correlation matrix and were not included

in the sensitivity and relative importance analyses, citation marked with a

+ included regressions that lacked a positive definite correlation matrix and

those regressions were not included in the sensitivity and relative importance

analyses.

Agle, B. R., Nagarajan, N. J., Sonnenfeld, J. A., & Srinivasan, D. (2006). Does

CEO charisma matter? An empirical analysis of the relationships among or-

ganizational performance, environmental uncertainty, and top management

team perceptions of CEO charisma. Academy of Management Journal, 49 (1),

161-174.

*Ahlqvist, S., London, B., & Rosenthal, L. (2013). Unstable identity compatibility

how gender rejection sensitivity undermines the success of women in science,

technology, engineering, and mathematics fields. Psychological Science, 24( 9),

1644-1652.

*Allen, T. D., Eby, L. T., & Lentz, E. (2006). Mentorship behaviors and mentor-

ship quality associated with formal mentoring programs: closing the gap be-

tween research and practice. Journal of Applied Psychology, 91 (3), 567-578.

*Ambrose, M. L., & Cropanzano, R. (2003). A longitudinal analysis of organiza-

tional fairness: an examination of reactions to tenure and promotion deci-

sions. Journal of Applied Psychology, 88 (2), 266-275.
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Anderson, C., Spataro, S. E., & Flynn, F. J. (2008). Personality and organizational

culture as determinants of influence. Journal of Applied Psychology, 93 (3),

702-710.

*Arthurs, J. D., Hoskisson, R. E., Busenitz, L. W., & Johnson, R. A. (2008). Man-

agerial agents watching other agents: Multiple agency conflicts regarding un-

derpricing in IPO firms. Academy of Management Journal, 51 (2), 277-294.

Aryee, S., Walumbwa, F.O., Seidu, E.Y.M., & Otaye, L.E. (2012). Impact of high-

performance work systems on individual- and branch-level performance: Test

of a multilevel model of intermediate linkages. Journal of Applied Psychology,

97 (2), 287-300.

Balkundi, P., Kilduff, M., & Harrison, D. A. (2011). Centrality and charisma: com-

paring how leader networks and attributions affect team performance. Jour-

nal of Applied Psychology, 96 (6), 1209-1222.

Bansal, P., & Clelland, I. (2004). Talking trash: Legitimacy, impression manage-

ment, and unsystematic risk in the context of the natural environment. Academy

of Management Journal, 47 (1), 93-103.

Barnes, C. M., Hollenbeck, J. R., Wagner, D. T., DeRue, D. S., Nahrgang, J. D.,

& Schwind, K. M. (2008). Harmful help: the costs of backing-up behavior in

teams. Journal of Applied Psychology, 93 (3), 529-539.

Barnett, M. L., & King, A. A. (2008). Good fences make good neighbors: A longi-

tudinal analysis of an industry self-regulatory institution. Academy of Man-

agement Journal, 51 (6), 1150-1170.

Barrick, M. R., Swider, B. W., & Stewart, G. L. (2010). Initial evaluations in the
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interview: relationships with subsequent interviewer evaluations and employ-

ment offers. Journal of Applied Psychology, 95 (6), 1163-1172.

*Bartram, D. (2005). The Great Eight competencies: a criterion-centric approach

to validation. Journal of Applied Psychology, 90 (6), 1185-1203.

Bell, B. S., Wiechmann, D., & Ryan, A. M. (2006). Consequences of organizational

justice expectations in a selection system. Journal of Applied Psychology,

91 (2), 455-466.

Bernerth, J. B., Taylor, S. G., Walker, H. J., & Whitman, D. S. (2012). An empir-

ical investigation of dispositional antecedents and performance-related out-

comes of credit scores. Journal of Applied Psychology, 97 (2), 469-478.

*Blader, S. L., & Tyler, T. R. (2009). Testing and extending the group engage-

ment model: linkages between social identity, procedural justice, economic

outcomes, and extrarole behavior. Journal of Applied Psychology, 94 (2), 445-

464.

Bordia, P., Restubog, S. L. D., & Tang, R. L. (2008). When employees strike back:

investigating mediating mechanisms between psychological contract breach

and workplace deviance. Journal of Applied Psychology, 93 (5), 1104-1117.

*Bowling, N. A., & Beehr, T. A. (2006). Workplace harassment from the victim’s

perspective: a theoretical model and meta-analysis. Journal of Applied Psy-

chology, 91 (5), 998-1012.

*Brown, M.E. & Treviño, L.K. (2009). Leader-follower values congruence: Are so-

cialized charismatic leaders better able to achieve it? Journal of Applied Psy-

chology, 94 (2), 478-490.

143



www.manaraa.com

Brown, M.E., & Treviño, L.K. (2006). Socialized charismatic leadership, values

congruence, and deviance in work groups. Journal of Applied Psychology,

91 (4), 954-962.

Brown, R. P., Osterman, L. L., & Barnes, C. D. (2009). School violence and the

culture of honor. Psychological Science, 20 (11), 1400-1405.

*Buchan, N. R., Brewer, M. B., Grimalda, G., Wilson, R. K., Fatas, E., & Foddy,

M. (2011). Global social identity and global cooperation. Psychological sci-

ence, 22 (6), 821-828.

*Cable, D. M., & Kay, V. S. (2012). Striving for self-verification during organiza-

tional entry. Academy of Management Journal, 55 (2), 360-380.

Carton, A. M., Murphy, C., & Clark, J. R. (2014). A (blurry) vision of the future:

How leader rhetoric about ultimate goals influences performance. Academy of

Management Journal, 57 (6), 1544-1570.

*Chao, M. M., Chen, J., Roisman, G. I., & Hong, Y. Y. (2007). Essentializing race:

Implications for bicultural individuals’ cognition and physiological reactivity.

Psychological science, 18 (4), 341-348.

Charles, S. T., Piazza, J. R., Mogle, J., Sliwinski, M. J., & Almeida, D. M. (2013).

The wear and tear of daily stressors on mental health. Psychological science,

24 (5), 733-741.

Chen, G., Sharma, P.N., Edinger, S.K., Shapiro, D.L., & Farh, J. (2011). Motivat-

ing and demotivating forces in teams: Cross-level influences of empowering

leadership and relationship conflict. Journal of Applied Psychology, 96 (3),

541-557.
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Chen, G., Thomas, B., & Wallace, J.C. (2005). A multilevel examination of the

relationships among training outcomes, mediating regulatory processes, and

adaptive performance. Journal of Applied Psychology, 90 (5), 827-841.

Christmann, P. (2004). Multinational companies and the natural environment: De-

terminants of global environmental policy. Academy of Management Journal,

47 (5), 747-760.

+Chun, J. S., & Choi, J. N. (2014). Members’ needs, intragroup conflict, and group

performance. Journal of Applied Psychology, 99 (3), 437-450.

*Collins, C. J., & Smith, K. G. (2006). Knowledge exchange and combination: The

role of human resource practices in the performance of high-technology firms.

Academy of management journal, 49 (3), 544-560.

Conlon, D. E., Morgeson, F. P., McNamara, G., Wiseman, R. M., & Skilton, P. F.

(2006). From the editors: examining the impact and role of special issue and

regular journal articles in the field of management. Academy of Management

Journal, 49 (5), 857-872.
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Appendix D: Table of Kendall’s Tau Correlations Between Rank Orders According to

Selected Predictor Metrics

Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Agle et al.

(2006).

3 CEO charisma 0.33 0.33 0.33 0.33 1.00 -0.33 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Anderson et al.

(2008).

12 Influence 0.55 0.70 0.76 0.55 0.88 0.45 0.76 0.85

Anderson et al.

(2008).

12 Influence 0.42 0.67 0.58 0.42 0.85 0.70 0.76 0.70

Aryee et al.

(2012).

5 Branch market

performance

0.20 0.40 0.40 0.20 1.00 0.20 0.40 0.80

Austin (2003). 5 Goal attainment 0.60 0.60 0.80 0.60 1.00 0.60 1.00 1.00

Austin (2003). 5 Ext evaluation 1.00 1.00 1.00 1.00 0.80 0.80 1.00 1.00

Austin (2003). 5 Internal

evaluation

0.40 0.40 0.40 0.40 0.80 0.40 0.80 1.00

Balkundi et al.

(2011).

8 Team

performance

0.79 0.79 0.79 0.79 0.79 0.79 0.93 0.71

Balkundi et al.

(2011).

7 Leader charisma 0.24 0.62 0.52 0.24 0.90 0.43 0.43 0.62
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Balkundi et al.

(2011).

7 Leader

centrality

0.43 0.62 0.62 0.43 0.90 0.05 0.62 0.62

Balkundi et al.

(2011).

6 Leader charisma

(T2)

0.33 0.47 0.47 0.33 0.73 0.20 0.73 0.87

Balkundi et al.

(2011).

6 Leader

centrality (T2)

0.47 0.47 0.47 0.47 0.47 -0.07 0.60 1.00

Balkundi et al.

(2011).

8 Team

performance

(T3)

0.43 0.79 0.79 0.43 0.79 0.36 0.71 0.64

Bansal &

Clelland (2004).

11 Unsystematic

risk

0.71 0.67 0.64 0.71 0.85 0.38 0.78 0.75

Barnes et

al.(2008).

3 Team

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Barnett & King

(2008).

5 cumulative

abnormal return

0.60 0.80 0.80 0.60 0.60 0.20 0.80 0.80
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Barnett & King

(2008).

3 cumulative

abnormal return

0.33 0.33 0.33 0.33 0.33 -0.33 0.33 1.00

Barrick et al.

(2010).

4 Interview score 0.67 0.67 1.00 0.67 0.67 0.67 1.00 1.00

Barrick et al.

(2010).

4 Interview score

(structured

only; in

Interview 3)

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Barrick et al.

(2010).

4 Second

interview

0.33 0.67 1.00 0.33 1.00 -0.33 1.00 0.67

Bell et al.

(2006).

5 Procedural

justice

expectations (1)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Bell et al.

(2006).

5 Distributive

justice

expectations (1)

0.80 0.60 0.60 0.80 0.60 -0.20 0.60 0.80

Bell et al.

(2006).

5 Interpersonal

justice

expectations (1)

1.00 0.80 0.80 1.00 0.80 0.60 0.80 0.80

Bell et al.

(2006).

5 Informational

justice

expectations (1)

1.00 0.40 0.40 1.00 0.40 0.40 0.40 0.40

Bell et al.

(2006).

9 Test-taking

efficacy (1)

0.67 0.67 0.67 0.67 0.94 0.67 0.67 1.00

Bell et al.

(2006).

9 Test-taking

motivation (1)

0.56 0.72 0.72 0.56 0.89 0.67 0.67 0.83

Bell et al.

(2006).

9 Intention to

accept job (1)

0.78 0.83 0.78 0.78 0.83 0.67 0.83 0.83
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Bell et al.

(2006).

9 Intention to

recommend job

(1)

0.72 0.89 0.89 0.72 0.89 0.67 0.89 0.83

Bell et al.

(2006).

10 Procedural

justice

perceptions (2)

0.16 0.16 0.16 0.16 0.73 -0.02 0.47 0.91

Bell et al.

(2006).

10 Distributive

justice

perceptions (2)

0.42 0.56 0.56 0.42 0.82 0.33 0.73 0.87

Bell et al.

(2006).

10 Interpersonal

justice

perceptions (2)

0.33 0.38 0.42 0.33 0.82 0.38 0.64 0.87

Bell et al.

(2006).

10 Informational

justice

perceptions (2)

0.64 0.73 0.73 0.64 0.91 0.56 0.73 0.91
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Bernerth et al.

(2012).

5 FICO 0.80 1.00 1.00 0.80 1.00 0.60 1.00 0.80

Bordia et al.

(2008).

4 Minor offenses

(Time 2)

0.33 1.00 1.00 0.33 1.00 1.00 0.33 0.33

Bordia et al.

(2008).

4 Major offenses

(Time 2)

0.67 1.00 0.67 0.67 1.00 0.67 0.67 0.67

Brett & Stroh

(2003).

20 Work hours 0.28 0.47 0.47 0.28 0.92 0.22 0.63 0.79

Brett & Stroh

(2003).

20 Work hours 0.28 0.45 0.48 0.28 0.84 0.12 0.66 0.83

Brown &

Treviño (2009).

6 Self-

enhancement

(E)

0.60 0.87 0.73 0.60 1.00 0.07 0.60 0.73

Brown &

Treviño (2009).

6 Openness to

change (E)

0.47 0.60 0.60 0.47 1.00 0.07 0.60 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Brown &

Treviño (2009).

6 Conservation

(E)

0.20 0.47 0.47 0.20 0.87 0.33 0.73 0.73

Brown &

Treviño (2009).

5 Self-

enhancement

(L)

0.60 0.60 0.60 0.60 1.00 0.20 1.00 1.00

Brown &

Treviño (2009).

5 Openness to

change (L)

0.80 1.00 1.00 0.80 1.00 1.00 1.00 0.80

Brown &

Treviño (2009).

5 Conservation

(L)

0.80 0.80 0.80 0.80 1.00 1.00 0.80 1.00

Brown &

Treviño (2006).

4 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Values

congruence

0.67 1.00 1.00 0.67 1.00 0.67 1.00 0.67

Brown &

Treviño (2006).

4 Interpersonal

deviance

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Brown &

Treviño (2006).

5 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Carton et

al.(2014).

20 heart attack

readmission

prevention

0.13 0.35 0.33 0.13 0.89 0.32 0.37 0.65

Carton et

al.(2014).

18 heart attack

readmission

prevention

0.14 0.35 0.29 0.14 0.87 0.35 0.48 0.63

Charles et

al.(2013).

7 Wave 2 general

affective distress

0.81 1.00 1.00 0.81 0.90 0.71 1.00 0.81

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 1.00 1.00 0.87 0.87 0.73 1.00 0.87

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 1.00 1.00 0.87 0.87 0.47 0.87 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Chen et

al.(2011).

4 Psychological

empowerment

0.67 0.67 0.67 0.67 1.00 0.00 0.67 1.00

Chen et

al.(2011).

4 Affective

commitment

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Chen et

al.(2005).

3 Transition

processes

0.33 1.00 1.00 0.33 1.00 0.33 1.00 0.33

Chen et

al.(2005).

4 Action processes 0.67 0.67 0.67 0.67 0.67 0.67 0.67 1.00

Chen et

al.(2005).

5 Team adaptive

performance

0.40 0.80 0.80 0.40 1.00 0.00 0.80 0.60

Christmann

(2004).

8 Level of internal

global

environmental

performance

standards

0.57 0.64 0.64 0.57 0.86 0.14 0.93 0.79
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Christmann

(2004).

8 Global

operational

environmental

policy

standardization

0.50 0.50 0.57 0.50 0.93 0.29 0.64 1.00

Christmann

(2004).

8 Global

environmental

communication

standardization

0.29 0.64 0.50 0.29 0.86 0.21 0.57 0.64

Conlon et al.

(2006).

8 Logged

Citations

0.36 0.71 0.71 0.36 0.93 0.43 0.71 0.64

Conlon et al.

(2006).

10 Logged

Citations

0.11 0.73 0.64 0.11 1.00 0.56 0.64 0.38

Courtright et al.

(2014).

4 Engagement 1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Courtright et al.

(2014).

5 Emotional

exhaustion

0.80 0.80 0.80 0.80 0.80 0.80 0.80 1.00

Courtright et al.

(2014).

6 Transformational

leadership

0.47 0.47 0.47 0.47 0.87 0.07 0.60 1.00

Courtright et al.

(2014).

6 Laissez faire

leadership

0.33 0.73 0.73 0.33 0.87 0.33 0.60 0.33

Cross &

Cummings

(2004).

11 Performance 0.31 0.49 0.49 0.31 0.89 0.02 0.71 0.82

Cross &

Cummings

(2004).

11 Performance 0.42 0.56 0.56 0.42 0.82 0.35 0.64 0.85

Curhan,

Elfenbein &

Kilduff (2009).

11 Compensation

satisfaction

0.49 0.82 0.75 0.49 0.93 0.20 0.71 0.67
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Curhan,

Elfenbein &

Kilduff (2009).

11 Job satisfaction 0.45 0.75 0.67 0.45 1.00 0.31 0.85 0.71

Curhan,

Elfenbein &

Kilduff (2009).

11 Turnover

intention

0.60 0.75 0.75 0.56 0.89 0.31 0.78 0.85

Dabos &

Rousseau

(2004).

3 Scientist

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Relational (S)

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Balanced (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Dabos &

Rousseau

(2004).

3 Director

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Relational (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Balanced (S)

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Davidson et al.

(2004).

7 Discretionary

current accruals

0.81 0.71 0.71 0.81 0.62 0.33 0.62 0.71

Davidson et al.

(2004).

6 Discretionary

current accruals

0.60 1.00 1.00 0.60 0.87 0.20 0.87 0.60

Davidson et al.

(2004).

5 Discretionary

current accruals

1.00 0.60 0.60 1.00 0.60 0.20 0.60 0.60
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

de Jong et al.

(2014).

4 team

performance

0.67 1.00 1.00 0.67 1.00 1.00 0.67 0.67

de Vries et

al.(2014).

4 interteam

coordination

0.67 0.67 0.67 0.67 1.00 -0.33 0.67 1.00

de Vries et

al.(2014).

3 cognitive

complexity

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

de Vries et

al.(2014).

5 interteam

coordination

0.80 0.80 0.80 0.80 1.00 0.00 0.80 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

0.33 1.00 1.00 0.33 1.00 -0.33 0.33 0.33

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

-1.00 0.33 0.33 -1.00 1.00 -1.00 0.33 -0.33
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

0.33 0.33 0.33 0.33 1.00 0.33 1.00 1.00

DeChurch &

Marks (2006).

4 MTS

performance

0.00 0.00 0.00 0.00 1.00 -0.33 0.00 1.00

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 0.67 0.67 1.00 0.33 0.67 1.00

DeChurch &

Marks (2006).

4 MTS

performance

0.67 1.00 0.67 0.67 1.00 0.67 1.00 0.67

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 0.67 0.67 1.00 0.33 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

DeChurch &

Marks (2006).

5 MTS

performance

0.80 1.00 1.00 0.80 1.00 0.20 1.00 0.80

DeChurch &

Marks (2006).

5 MTS

performance

0.80 0.80 0.80 0.80 1.00 0.40 0.80 1.00

DeChurch et al.

(2013).

5 Performance 0.80 0.80 0.80 0.80 1.00 0.60 0.80 1.00

DeChurch et al.

(2013).

5 Affective

outcomes

0.80 0.80 0.80 0.80 1.00 0.60 1.00 1.00

DeChurch et al.

(2013).

3 Performance 0.33 0.33 0.33 0.33 1.00 0.33 0.33 1.00

DeChurch et al.

(2013).

3 Affective

outcomes

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeRue &

Morgeson

(2007).

3 Person–role fit

(Time 5)

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

DeRue et al.

(2008).

6 team

performance

0.47 0.73 0.73 0.47 1.00 0.20 0.87 0.73

Detert et al.

(2008).

10 Moral

disengagement

0.64 0.91 0.91 0.64 1.00 0.24 0.87 0.73

Detert et al.

(2008).

11 Unethical

decisions

0.45 0.75 0.75 0.45 1.00 0.45 0.75 0.71

Detert et al.

(2007).

15 Operating profit 0.39 0.50 0.50 0.39 0.85 0.33 0.73 0.81

Detert et al.

(2007).

15 Customer

Satisfaction

0.31 0.64 0.56 0.31 0.81 0.45 0.60 0.68

Detert et al.

(2007).

14 Food loss 0.69 0.80 0.76 0.69 0.87 0.45 0.74 0.85

Dierdorff &

Morgeson

(2007).

6 Task

requirements

0.47 0.60 0.60 0.47 0.60 0.73 0.60 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Dierdorff &

Morgeson

(2007).

6 Responsibility

requirements

0.47 0.60 0.60 0.47 0.87 0.33 0.87 0.60

Dierdorff &

Morgeson

(2007).

6 Trait

requirements

0.60 0.60 0.60 0.60 0.87 0.20 0.87 1.00

Drescher et al.

(2014).

6 trusting

behavior change

0.33 0.33 0.33 0.33 1.00 0.33 0.60 1.00

Drescher et al.

(2014).

6 trusting

behavior time 3

0.60 1.00 1.00 0.60 1.00 0.47 1.00 0.60

Duffy et al.

(2012).

8 Social

undermining,

time 2

0.57 0.79 0.79 0.57 0.93 0.14 0.86 0.79
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Eby et al.

(2008).

9 Protege

intentions to

leave the

relationship

0.33 0.44 0.44 0.33 0.78 0.00 0.67 0.89

Eby et al.

(2008).

9 Protege receipt

of career-related

mentoring

0.39 0.56 0.50 0.39 0.83 0.33 0.83 0.83

Eby et al.

(2008).

9 Protege receipt

of psychosocial

mentoring

0.33 0.50 0.33 0.33 0.78 0.39 0.67 0.72

Eby et al.

(2008).

9 Mentor

intentions to

leave the

relationship

0.22 0.39 0.44 0.22 0.89 0.28 0.72 0.72
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Eby et al.

(2008).

9 Mentor burnout 0.00 0.61 0.50 0.00 0.78 0.06 0.61 0.28

Edwards et al.

(2006).

3 Average team

performanc

0.33 0.33 0.33 0.33 1.00 -0.33 1.00 1.00

Edwards et al.

(2006).

3 Average team

performanc

0.33 0.33 0.33 0.33 0.33 1.00 1.00 1.00

Firth et al.

(2014).

8 initial work

adjustment

0.57 0.71 0.64 0.57 1.00 0.57 0.64 0.86

Firth et al.

(2014).

9 work

adjustment

change

0.39 0.61 0.61 0.39 0.94 0.50 0.44 0.78

Firth et al.

(2014).

10 premature

return intention

0.38 0.69 0.64 0.38 0.78 0.51 0.78 0.69

Firth et al.

(2014).

10 job satisfaction 0.38 0.69 0.69 0.38 0.96 0.69 0.78 0.69
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Fisher (2014). 5 Coordination 0.20 0.00 0.00 0.20 0.40 0.00 0.20 0.40

Fisher (2014). 5 Interpersonal

processes

0.20 0.40 0.40 0.20 1.00 0.00 1.00 0.80

Fisher (2014). 5 Coordination 0.40 0.20 0.20 0.40 0.20 0.20 0.40 0.40

Fisher (2014). 5 Interpersonal

processes

0.20 0.40 0.40 0.20 0.80 -0.20 0.80 0.80

Fisher et al.

(2012).

7 TMM similarity 0.62 0.71 0.81 0.62 0.71 0.71 0.81 0.71

Fisher et al.

(2012).

4 Implicit

coordination

0.33 1.00 1.00 0.33 1.00 1.00 0.67 0.33

Fisher et al.

(2012).

4 Team

performance

-0.33 -0.33 -0.33 -0.33 -0.33 1.00 0.33 1.00

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.73 0.87 0.60 1.00 0.47 1.00 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Flynn &

Brockner

(2003).

6 Commitment 0.73 0.87 0.87 0.73 0.87 0.60 1.00 0.87

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.47 0.47 0.60 0.87 0.20 1.00 0.87

Flynn &

Brockner

(2003).

6 Commitment 0.47 0.60 0.60 0.47 1.00 0.33 0.87 0.87

Flynn &

Schaumberg

(2012).

3 Affective

commitment

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Flynn &

Schaumberg

(2012).

4 Affective

commitment

1.00 1.00 1.00 1.00 0.67 0.67 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Flynn &

Schaumberg

(2012).

4 Work effort 1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Flynn &

Schaumberg

(2012).

8 Affective

commitment

0.43 0.79 0.86 0.43 1.00 -0.29 0.71 0.64

Flynn &

Schaumberg

(2012).

8 Work effort 0.57 0.57 0.57 0.57 0.86 0.29 0.57 1.00

Fritz &

Sonnentag

(2006).

12 health

complaints t3

0.27 0.58 0.61 0.27 0.94 0.27 0.73 0.70

Fritz &

Sonnentag

(2006).

12 health

complaints t4

0.09 0.27 0.24 0.09 0.94 0.18 0.55 0.82
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Fritz &

Sonnentag

(2006).

12 Exhaustion T3 0.52 0.58 0.55 0.52 0.88 0.48 0.70 0.88

Fritz &

Sonnentag

(2006).

12 Exhaustion T4 0.61 0.79 0.82 0.58 0.94 0.67 0.82 0.70

Fritz &

Sonnentag

(2006).

12 Disengagement

T3

0.27 0.39 0.42 0.27 0.91 0.21 0.52 0.82

Fritz &

Sonnentag

(2006).

12 Disengagement

T4

0.45 0.58 0.55 0.45 0.91 0.48 0.70 0.82

Fritz &

Sonnentag

(2006).

12 Task

performance T3

0.30 0.58 0.48 0.30 1.00 0.24 0.55 0.73
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Fritz &

Sonnentag

(2006).

12 Task

performance T4

0.27 0.64 0.73 0.27 0.91 0.12 0.79 0.64

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T3

0.67 0.82 0.76 0.67 0.91 0.45 0.79 0.79

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T4

0.21 0.64 0.64 0.21 0.94 0.30 0.58 0.58

Fritz et al.

(2010).

9 Exhaustion 0.72 0.78 0.78 0.72 1.00 0.67 0.72 0.94

Fritz et al.

(2010).

9 Life satisfaction 0.56 0.72 0.72 0.56 1.00 0.56 0.67 0.83
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Gardner et al.

(2012).

9 Knowledge

integration

capability

0.56 0.78 0.78 0.56 0.89 0.61 0.72 0.78

Glebbeek & Bax

(2004).

4 Net Result,

1995–98

0.33 1.00 1.00 0.33 1.00 0.67 0.67 0.33

Glebbeek & Bax

(2004).

3 Net Result,

1995–98

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Glebbeek & Bax

(2004).

3 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 -0.33 1.00 1.00

Glebbeek & Bax

(2004).

5 Net Result,

1996–98

0.80 0.80 0.80 0.80 1.00 0.60 0.80 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1996–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Glebbeek & Bax

(2004).

5 Net Result,

1997–98

1.00 1.00 1.00 1.00 0.80 0.20 1.00 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Gong et al.

(2009).

14 Firm

performance

0.43 0.67 0.71 0.43 0.89 0.36 0.67 0.71

Gong et al.

(2009).

12 Affective

commitment

0.58 0.70 0.70 0.58 0.85 0.21 0.76 0.88

Gong et al.

(2009).

12 Continuance

commitment

0.27 0.42 0.45 0.27 0.79 0.39 0.58 0.85

Gonzalez-Mulé

et al. (2014).

5 cooperative

group norms

0.60 0.80 0.80 0.60 1.00 0.40 0.80 0.80

Gonzalez-Mulé

et al. (2014).

6 cwb 0.47 0.73 0.73 0.47 1.00 0.47 0.47 0.73
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Gonzalez-Mulé

et al. (2014).

6 ocb 1.00 1.00 1.00 1.00 0.87 -0.20 1.00 1.00

Gonzalez-Mulé

et al. (2014).

6 task

performance

0.47 0.60 0.47 0.47 1.00 0.20 0.87 0.87

Gonzalez-Mulé

et al. (2014).

6 job performance 1.00 0.87 0.87 1.00 1.00 0.47 1.00 0.87

Gupta et al.

(2013).

6 Sales

performance

1.00 1.00 1.00 1.00 0.87 0.47 1.00 1.00

Gupta et al.

(2013).

6 Performance

appraisal

0.87 1.00 0.73 0.87 1.00 0.33 0.87 0.87

Gupta et al.

(2013).

7 Sales

performance

0.81 1.00 0.90 0.81 1.00 0.24 0.90 0.81

Gupta et al.

(2013).

7 Performance

appraisal

0.62 0.62 0.62 0.62 0.81 0.14 0.71 0.81
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Gupta et al.

(2013).

4 Sales at Month

1

-0.33 -0.33 -0.33 -0.33 -0.33 -0.33 -0.33 1.00

Gupta et al.

(2013).

4 Sales at Month

2

-0.33 0.00 0.00 -0.33 0.00 0.00 0.00 0.67

Gupta et al.

(2013).

4 Sales at Month

3

0.33 0.33 0.33 0.33 1.00 0.33 0.33 1.00

Gupta et al.

(2013).

4 Sales at Month

4

0.33 0.33 0.33 0.33 1.00 -0.33 0.33 1.00

Gupta et al.

(2013).

4 Sales at Month

5

0.67 0.67 0.67 0.67 1.00 0.33 0.67 1.00

Gupta et al.

(2013).

5 Sales at Month

1

-0.40 0.40 0.40 -0.40 0.40 0.40 0.40 0.20

Gupta et al.

(2013).

5 Sales at Month

2

0.20 0.60 0.60 0.20 0.60 0.60 0.60 0.20
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Gupta et al.

(2013).

5 Sales at Month

3

0.00 0.00 0.00 0.00 0.40 0.00 0.20 1.00

Gupta et al.

(2013).

5 Sales at Month

4

0.20 0.60 0.60 0.20 1.00 0.40 0.60 0.60

Gupta et al.

(2013).

5 Sales at Month

5

0.20 0.60 0.20 0.20 1.00 -0.20 0.20 0.60

Hannah et al.

(2013).

4 Adaptive

decision-making

0.33 0.67 1.00 0.33 0.67 0.33 1.00 0.67

Harris et al.

(2008).

8 Pay level

satisfaction

0.00 0.50 0.50 0.00 0.71 0.14 0.79 0.36

Hay et al.

(2011).

4 Parental reports

of infance

aggressiveness

1.00 1.00 1.00 1.00 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Hay et al.

(2011).

4 Observed use of

instrumental

force

0.33 0.67 0.67 0.33 1.00 0.33 0.33 0.67

Hay et al.

(2011).

4 Observed use of

bodily force

0.67 1.00 1.00 0.67 1.00 1.00 1.00 0.67

Heimeriks et al.

(2012).

11 Acquisition

integration

performance

0.64 0.71 0.64 0.64 0.75 0.42 0.78 0.93

Heimeriks et al.

(2012).

11 Risk

management

practices

0.27 0.64 0.56 0.27 0.82 0.45 0.64 0.64

Hewlin (2009). 4 Nonparticipative

environments

0.67 0.67 0.67 0.67 1.00 -0.33 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Hinkin &

Schriesheim

(2008).

4 Supervisor

effectiveness

0.00 1.00 1.00 0.00 1.00 -0.33 1.00 0.00

Hinkin &

Schriesheim

(2008).

4 Supervisor

satisfaction

0.33 0.67 1.00 0.33 1.00 0.33 1.00 0.67

Hinkin &

Schriesheim

(2008).

3 Role clarity 1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Hirschfeld et al.

(2013).

6 Within-team

participation

rate

0.20 0.60 0.60 0.20 1.00 -0.07 0.60 0.60

Hirschfeld et al.

(2013).

10 Observed

teamwork

effectiveness

0.33 0.51 0.56 0.33 0.96 0.24 0.69 0.82
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Hirschfeld &

Bernerth (2008).

4 Team mental

efficacy

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Hirschfeld &

Bernerth (2008).

4 Team physical

efficacy

1.00 1.00 1.00 1.00 1.00 0.00 1.00 1.00

Hirschfeld &

Bernerth (2008).

8 Project X Phase

2 results

0.50 0.71 0.71 0.50 0.79 0.29 0.86 0.79

Hirschfeld &

Bernerth (2008).

8 Problem solving

results

0.21 0.86 0.86 0.21 1.00 0.57 0.71 0.36

Hirschfeld &

Bernerth (2008).

8 Field operations

results

0.50 0.79 0.64 0.50 0.86 0.14 0.93 0.71

Hirschfeld &

Bernerth (2008).

9 Internal social

cohesion

0.44 0.72 0.72 0.44 0.72 0.56 0.50 0.72

Hirschfeld &

Bernerth (2008).

10 Observed

teamwork

effectiveness

0.51 0.60 0.56 0.51 0.87 0.20 0.78 0.91
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Hult et al.

(2004).

3 Knowledge

acquisition

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Hult et al.

(2004).

4 Information

distribution

0.67 0.67 0.67 0.67 0.67 0.67 1.00 1.00

Hult et al.

(2004).

5 Shared meaning 0.80 0.80 0.80 0.80 0.60 0.80 0.80 1.00

Hult et al.

(2004).

6 Subjective cycle

time

0.60 0.73 0.60 0.60 1.00 0.07 1.00 0.87

Ilies & Judge

(2003).

5 Job satisfaction 0.20 0.40 0.40 0.20 0.80 0.00 0.40 0.80

Jackson et al.

(2006).

6 Citizenship

behavior

0.73 0.87 0.87 0.73 1.00 0.33 0.87 0.87

Jackson et al.

(2006).

6 Counter-

productive

behavior

0.60 0.87 0.87 0.60 0.60 0.33 0.87 0.73
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Jackson et al.

(2006).

6 Withdrawal

behavior

0.60 0.87 0.87 0.60 1.00 -0.07 0.87 0.73

Jackson et al.

(2006).

4 Task

Performance

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Janssen & Van

Yperen (2004).

6 In-role job

performance

0.47 0.60 0.73 0.47 0.47 0.07 1.00 0.87

Janssen & Van

Yperen (2004).

6 Innovative job

performance

0.47 0.60 0.60 0.47 0.73 0.07 0.87 0.87

Janssen & Van

Yperen (2004).

6 Job satisfaction 0.73 0.87 0.87 0.73 1.00 0.73 0.87 0.87

Janssen & Van

Yperen (2004).

5 Leader-member

exchange

0.40 0.40 0.40 0.40 0.60 0.60 0.40 1.00

Jehn et al.

(2010).

4 Group

performance

score

0.67 0.67 0.33 0.67 0.67 0.33 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Jehn et al.

(2010).

4 Creativity 0.67 0.67 0.67 0.67 1.00 -1.00 0.67 1.00

Jehn et al.

(2010).

4 Group

performance

score

0.33 0.67 0.67 0.33 1.00 0.67 0.67 0.67

Jehn et al.

(2010).

4 Creativity 0.33 0.67 0.67 0.33 1.00 0.33 0.67 0.67

Jiang et al.

(2012).

3 Human Capital 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Jiang et al.

(2012).

3 Employee

Motivation

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Johnson,

Morgeson, Ilgen,

Meyer & Lloyd

(2006).

6 Job satisfaction 0.87 0.87 0.87 0.87 1.00 0.73 0.87 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Judge et al.

(2007).

8 Work-related

performance

0.50 0.86 0.93 0.50 1.00 0.07 0.86 0.64

Judge et al.

(2007).

7 Work-related

performance

0.52 0.81 0.90 0.52 1.00 -0.05 0.90 0.71

Judge et

al.(2006).

6 Leadership—self 0.33 0.60 0.60 0.33 1.00 -0.33 0.87 0.73

Judge et

al.(2006).

6 Leadership—other 0.20 0.60 0.73 0.20 1.00 -0.20 0.87 0.60

Judge et

al.(2006).

6 Leadership—self -0.07 0.60 0.73 -0.07 1.00 -0.33 0.73 0.33

Judge et

al.(2006).

6 Leadership—other -0.07 0.60 0.60 -0.07 1.00 0.20 0.47 0.33

Judge et

al.(2006).

6 Workplace

deviance—self

0.87 1.00 1.00 0.87 1.00 0.33 1.00 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Judge et

al.(2006).

6 Workplace

deviance—other

0.87 1.00 1.00 0.87 1.00 0.20 1.00 0.87

Judge et

al.(2006).

6 Contextual per-

formance—self

0.60 0.60 0.60 0.60 1.00 0.47 0.87 1.00

Judge et

al.(2006).

6 Contextual per-

formance—other

0.60 0.87 0.73 0.60 1.00 0.47 0.87 0.73

Judge et

al.(2006).

6 Task perfor-

mance—self

0.60 0.73 0.73 0.60 1.00 0.33 0.73 0.87

Judge et

al.(2006).

6 Task perfor-

mance—other

0.60 0.87 0.87 0.60 1.00 0.87 0.87 0.73

Kim & Jensen

(2014).

25 foreign box

office

performance

0.43 0.57 0.55 0.43 0.73 0.35 0.71 0.81

239



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Kim & Jensen

(2014).

21 foreign box

office

performance

0.39 0.59 0.62 0.39 0.82 0.22 0.65 0.78

Kirkman et al.

(2004).

3 Process

improvement

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Kirkman et al.

(2004).

3 Team customer

satisfaction

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Klehe &

Anderson

(2007).

7 Typical

Performance 1

0.71 0.71 0.71 0.71 1.00 0.52 0.81 0.81

Klehe &

Anderson

(2007).

9 Typical

Performance 2

0.44 0.56 0.61 0.44 0.94 0.39 0.83 0.89
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Klehe &

Anderson

(2007).

5 Typical

Performance 1

0.80 1.00 1.00 0.80 1.00 0.80 1.00 0.80

Klehe &

Anderson

(2007).

5 Typical

Performance 2

0.60 0.80 0.80 0.60 1.00 0.20 0.80 0.80

Klehe &

Anderson

(2007).

3 Maximum

Perforance

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Kraimer et al.

(2012).

9 International

Employee

Identity

0.61 0.72 0.72 0.61 0.83 0.17 0.78 0.89

Kwong & Wong

(2014).

5 escalation

allocation

0.80 0.60 0.60 0.80 0.80 0.80 0.80 0.80
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Kwong & Wong

(2014).

4 escalation

allocation

0.67 0.67 0.67 0.67 1.00 0.67 1.00 1.00

Lai et al.

(2009).

3 Acceptance 1.00 1.00 1.00 1.00 1.00 -0.33 1.00 1.00

Leavitt et al.

(2012).

3 Sphere of

concern

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Lee et al.(2014). 8 speed 0.79 0.86 0.86 0.79 1.00 0.29 1.00 0.93

Lee et al.(2014). 8 accuracy 0.57 0.79 0.79 0.57 1.00 0.36 0.79 0.79

Lee et al.

(2004).

4 Performance

(in-role)

0.33 1.00 1.00 0.33 1.00 0.67 0.67 0.33

Lee et al.

(2004).

4 OCB

(extra-role)

0.00 0.33 0.33 0.00 1.00 0.00 1.00 0.67

Lee et al.

(2004).

4 Volitional

absences

0.67 0.67 1.00 0.67 0.67 0.67 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Lian et al.

(2012).

8 interpersonal

deviance at

work

0.50 0.64 0.64 0.50 0.86 0.57 0.71 0.86

Lian et al.

(2012).

8 interpersonal

deviance at

home

0.50 0.79 0.79 0.50 0.93 0.43 0.71 0.71

Lievens &

Sackett (2012).

3 Internship

performance

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Lievens &

Sackett (2012).

3 Job

performance

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Lim & Ployhart

(2004).

5 Transformational

leadership

0.40 0.80 0.80 0.40 1.00 0.40 0.80 0.60

Madjar et

al.(2011).

21 Radical

Creativity

0.44 0.64 0.68 0.44 0.92 0.38 0.72 0.76
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Madjar et

al.(2011).

21 Incremental

Creativity

0.32 0.49 0.49 0.32 0.87 0.47 0.57 0.69

Madjar et

al.(2011).

21 Routine

performance

0.16 0.41 0.39 0.16 0.86 0.13 0.57 0.71

McDonald &

Westphal

(2010).

11 identification

with corporate

elite

0.31 0.56 0.53 0.31 0.96 0.24 0.75 0.75

Moon et al.

(2008).

6 Taking charge 0.60 0.87 1.00 0.60 0.73 0.20 0.87 0.73

Moon et al.

(2008).

6 Taking charge

(cow)

0.73 1.00 1.00 0.73 1.00 0.60 0.87 0.73

Moon et al.

(2008).

6 Taking charge

(sup)

0.47 0.47 0.60 0.47 1.00 0.60 0.73 1.00

Mumford et al.

(2008).

7 task role

performance

0.62 1.00 1.00 0.62 0.90 0.24 1.00 0.62
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Mumford et al.

(2008).

7 social role

performance

0.71 0.62 0.71 0.71 1.00 0.81 0.71 0.90

Mumford et al.

(2008).

7 overall team

performance

0.62 0.90 0.90 0.62 0.90 0.33 0.90 0.71

Mumford et al.

(2008).

9 task role

performance

0.44 0.83 0.83 0.44 0.94 0.28 0.83 0.61

Mumford et al.

(2008).

9 social role

performance

0.44 0.50 0.50 0.44 1.00 0.39 0.44 0.94

Mumford et al.

(2008).

9 overall team

performance

0.28 0.67 0.61 0.28 0.94 0.22 0.72 0.61

Nifadkar et al.

(2012).

11 Feedback

Seeking

0.13 0.20 0.24 0.13 0.89 0.02 0.53 0.85

Nifadkar et al.

(2012).

11 Interaction

Avoidance

0.49 0.71 0.64 0.49 0.89 0.16 0.75 0.78
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Oh & Kilduff

(2008).

6 Direct brokerage 1.00 1.00 0.73 1.00 0.87 0.60 1.00 1.00

Oh & Kilduff

(2008).

7 Indirect

brokerage

0.52 0.62 0.62 0.52 0.81 0.33 0.90 0.90

Porath &

Bateman

(2006).

4 Learning goal

orientation

0.67 1.00 1.00 0.67 1.00 0.00 1.00 0.67

Porath &

Bateman

(2006).

4 Performance-

prove goal

orientation

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Porath &

Bateman

(2006).

4 Performance-

avoid goal

orientation

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Porath &

Bateman

(2006).

4 Performance 0.33 0.67 0.67 0.33 1.00 0.33 0.67 0.67

Porath &

Bateman

(2006).

5 Performance -0.20 0.40 0.40 -0.20 1.00 0.20 0.20 0.40

Ragins et al.

(2007).

8 degree of

disclosure

0.50 0.79 0.79 0.50 1.00 0.57 0.79 0.71

Ragins et al.

(2007).

8 Fear of

disclosure

0.71 0.71 0.71 0.71 0.71 0.64 0.71 1.00

Raja et al.

(2004).

6 Intentions to

quit

0.60 0.87 0.87 0.60 0.73 0.47 1.00 0.73

Raja et al.

(2004).

6 Affective

commitment

0.33 0.73 0.87 0.33 1.00 0.20 0.87 0.60

247



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Raja et al.

(2004).

6 Job satisfaction 0.33 0.33 0.33 0.33 0.87 0.20 0.73 1.00

Raja et al.

(2004).

5 Intentions to

quit

1.00 1.00 1.00 1.00 1.00 0.60 1.00 1.00

Raja et al.

(2004).

5 Affective

commitment

0.40 0.60 0.80 0.40 1.00 -0.20 1.00 0.80

Raja et al.

(2004).

5 Job satisfaction 0.40 0.80 0.80 0.40 0.60 0.40 1.00 0.60

Raja et al.

(2004).

6 Intentions to

quit

0.47 0.47 0.47 0.47 0.73 0.33 0.87 1.00

Raja et al.

(2004).

6 Affective

commitment

0.33 0.47 0.60 0.33 0.87 0.33 0.60 0.87

Raja et al.

(2004).

6 Job satisfaction 0.20 0.47 0.20 0.20 0.73 -0.07 0.73 0.73
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Raja et al.

(2004).

12 Intentions to

quit

0.36 0.48 0.39 0.36 0.73 0.21 0.79 0.88

Raja et al.

(2004).

12 Affective

commitment

0.58 0.61 0.67 0.58 0.88 0.48 0.97 0.85

Raja et al.

(2004).

12 Job satisfaction 0.45 0.48 0.45 0.45 0.70 0.36 0.67 0.91

Raja et al.

(2004).

10 Intentions to

quit

0.20 0.24 0.24 0.20 0.96 0.07 0.64 0.87

Raja et al.

(2004).

10 Affective

commitment

0.64 0.60 0.64 0.64 0.78 0.56 0.96 0.96

Raja et al.

(2004).

10 Job satisfaction 0.20 0.29 0.24 0.20 0.91 0.11 0.78 0.91

Raub & Liao

(2012).

8 Aggregated

PCSP

0.64 0.57 0.57 0.64 0.86 0.43 0.79 0.79
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Raub & Liao

(2012).

10 Customer

service

satisfaction

0.33 0.69 0.60 0.33 0.78 0.02 0.78 0.56

Raver et al.

(2010).

3 Organizational

commitment

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

0.33 1.00 1.00 0.33 1.00 -1.00 0.33 0.33

Raver et al.

(2010).

3 Organizational

commitment

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Reynolds

(2008).

7 Charitable

giving

0.52 0.71 0.81 0.52 1.00 0.52 0.62 0.81

Reynolds

(2008).

7 Self-reported

moral behavior

0.81 0.81 0.81 0.81 1.00 0.71 0.81 1.00

Reynolds

(2008).

7 Others’ moral

behavior

0.81 0.90 0.90 0.81 1.00 0.81 0.90 0.90

Reynolds

(2008).

4 Moral awareness

(“present”

scenario)

1.00 1.00 1.00 1.00 0.67 0.33 1.00 1.00

Reynolds

(2008).

4 Moral awareness

(“absent”

scenario)

0.67 1.00 1.00 0.67 1.00 0.33 1.00 0.67

Reynolds et al.

(2010).

5 Considerations

for shareholders

1.00 1.00 1.00 1.00 1.00 0.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Reynolds et al.

(2010).

5 Libertarianism 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Rhee & Fiss

(2014).

16 stock market

reaction

0.62 0.85 0.85 0.62 0.85 0.70 0.83 0.73

Rhee & Fiss

(2014).

15 stock market

reaction

0.68 0.81 0.81 0.68 0.83 0.62 0.79 0.83

Rhee & Fiss

(2014).

14 stock market

reaction

0.76 0.78 0.78 0.76 0.80 0.56 0.76 0.93

Rhee & Fiss

(2014).

14 stock market

reaction

0.76 0.65 0.63 0.76 0.63 0.43 0.63 0.67

Rhee & Fiss

(2014).

13 stock market

reaction

0.79 0.67 0.67 0.79 0.64 0.41 0.64 0.77

Richards et al.

(2011).

12 Surface acting 0.48 0.79 0.82 0.48 0.97 0.55 0.79 0.70
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Richards et al.

(2011).

12 Instrumental

support seeking

0.55 0.85 0.73 0.55 0.85 0.39 0.79 0.70

Richards et al.

(2011).

12 Emotional

support seeking

0.64 0.79 0.82 0.64 0.97 0.42 0.85 0.85

Richards et al.

(2011).

12 Turnover

intention

0.33 0.33 0.33 0.33 0.88 0.27 0.85 0.88

Richards et al.

(2011).

12 organizational

citizenship

behaviors

directed at the

organization

0.52 0.73 0.70 0.52 0.88 0.48 0.88 0.79

Salamon &

Robinson

(2008).

6 Responsibility

norms

0.73 0.73 0.73 0.73 1.00 0.73 0.87 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Salamon &

Robinson

(2008).

7 Sales 0.43 0.81 0.81 0.43 0.90 0.24 0.81 0.62

Salamon &

Robinson

(2008).

7 Customer

service

0.24 0.52 0.62 0.24 0.81 0.24 0.71 0.52

Saparito et al.

(2004).

14 Likelihood of

switching

0.23 0.67 0.67 0.23 0.78 0.56 0.67 0.52

Schuelke et al.

(2009).

3 Links 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Coherence 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Closeness 0.33 0.33 0.33 0.33 1.00 -0.33 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Schuelke et al.

(2009).

3 Correlation 1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 0.80 0.80 0.80 0.80 1.00 0.80 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 0.80 0.80 0.80 0.80 0.80 0.80 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 0.80 1.00 1.00 0.80 1.00 0.80 1.00 0.80

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 0.80 0.80 0.80 0.80 1.00 0.80 0.80 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Scott & Judge

(2009).

5 Organizational

citizenship

behavior

received by

employee

0.80 0.80 0.80 0.80 1.00 0.60 0.80 1.00

Scott & Judge

(2009).

5 Counterproductive

work behavior

received by

employee

0.00 0.20 0.00 0.00 0.80 0.00 0.20 0.80

Shaffer et al.

(2006).

5 Cultural

adjustment

0.00 0.40 0.40 0.00 0.80 -0.40 1.00 0.60

Shaffer et al.

(2006).

5 Interaction

adjustment

0.60 0.60 0.60 0.60 1.00 0.60 0.80 1.00

Shaffer et al.

(2006).

5 Work

adjustment

0.80 1.00 1.00 0.80 1.00 0.40 1.00 0.80
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Shaffer et al.

(2006).

5 Withdrawal

cognitions

0.60 0.80 0.80 0.60 1.00 0.60 0.80 0.80

Shaffer et al.

(2006).

5 Contextual

performance

0.00 0.20 0.20 0.00 1.00 -0.20 0.20 0.80

Shaffer et al.

(2006).

5 Task

performance

0.80 0.60 0.40 0.80 1.00 0.60 1.00 0.80

Shaffer et al.

(2006).

4 Cultural

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

0.67 0.67 0.67 0.67 1.00 0.67 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

0.00 0.33 0.33 0.00 1.00 -0.33 0.67 0.67

Shaffer et al.

(2006).

4 Withdrawal

cognitions

0.33 1.00 1.00 0.33 1.00 0.00 1.00 0.33
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Shaffer et al.

(2006).

4 Contextual

performance

0.67 0.67 0.67 0.67 1.00 0.33 0.67 1.00

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 1.00 1.00 0.67 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Cultural

adjustment

0.67 0.67 0.67 0.67 1.00 0.67 0.67 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Shaffer et al.

(2006).

4 Withdrawal

cognitions

1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Shaffer et al.

(2006).

4 Contextual

performance

1.00 1.00 1.00 1.00 1.00 0.33 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shapiro et al.

(2011).

19 Employee’s

turnover

intentions

0.32 0.71 0.71 0.32 0.91 0.43 0.68 0.59

Shapiro et al.

(2011).

19 Employee’s

psychological

withdrawal

0.49 0.73 0.75 0.49 0.88 0.43 0.78 0.73

Shapiro et al.

(2011).

16 Leader–member

exchange

0.48 0.72 0.73 0.48 0.95 0.48 0.77 0.73

Simons et al.

(2007).

7 Trust in

manager

0.14 0.33 0.33 0.14 0.90 0.14 0.52 0.62

Simons et al.

(2007).

7 Interpersonal

justice

0.71 0.90 0.90 0.71 0.90 0.90 0.81 0.81
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Simons et al.

(2007).

7 Satisfaction 0.71 0.71 0.71 0.71 0.81 0.62 0.90 0.81

Simons et al.

(2007).

7 Commitment 0.81 0.81 0.81 0.81 1.00 0.52 0.81 1.00

Simons et al.

(2007).

7 Intent to stay 0.71 0.81 0.81 0.71 0.90 0.62 0.71 0.90

Slaughter et al.

(2014).

14 initial belief

confidence

0.30 0.49 0.47 0.30 0.82 0.25 0.63 0.80

Strauss et al.

(2012).

8 Proactive career

behavior

0.93 0.93 0.93 0.93 1.00 0.79 1.00 1.00

Strauss et al.

(2012).

5 Proactive career

behavior

0.60 0.60 0.60 0.60 1.00 0.60 0.60 1.00

Strauss et al.

(2012).

6 Proactive career

behavior Time 2

0.60 0.73 0.60 0.60 1.00 0.73 0.60 0.87
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Summers et al.

(2012).

5 Task

performance,

time 3

1.00 1.00 1.00 1.00 1.00 0.80 1.00 1.00

Takeuchi et al.

(2007).

13 Collective

human capital

0.31 0.64 0.64 0.31 0.85 0.67 0.69 0.62

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.28 0.49 0.56 0.28 0.67 0.26 0.56 0.79

Takeuchi et al.

(2007).

13 Collective

human capital

0.38 0.62 0.67 0.38 0.90 0.51 0.67 0.67

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.72 0.79 0.79 0.67 0.90 0.26 0.87 0.77
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.28 0.60 0.56 0.28 0.96 0.47 0.50 0.68

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.10 0.37 0.35 0.10 0.90 0.03 0.58 0.73

Tay et al.

(2006).

11 Interview

success

0.13 0.53 0.42 0.13 1.00 0.42 0.78 0.45

Tay et al.

(2006).

10 Initial Interview

Self Elficacy

-0.20 0.24 0.29 -0.20 0.82 0.07 0.33 0.56

Trevor &

Nyberg (2008).

17 turnover 0.25 0.54 0.59 0.26 0.91 0.46 0.63 0.71

Trevor &

Nyberg (2008).

16 turnover 0.22 0.53 0.50 0.23 0.92 0.37 0.58 0.68
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Trevor &

Nyberg (2008).

16 commitment 0.43 0.58 0.57 0.43 0.88 0.35 0.70 0.75

van Hooft &

Noordzij (2009).

8 Job search

behavior

0.36 0.50 0.50 0.36 0.79 0.36 0.57 0.86

van Hooft &

Noordzij (2009).

7 Job search

intention

0.90 1.00 1.00 0.90 0.90 0.81 1.00 0.90

Van Hoye &

Lievens (2009).

4 Positive

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

4 Negative

word-of-mouth

0.67 0.67 0.67 0.67 0.67 0.67 0.67 1.00

Van Hoye &

Lievens (2009).

7 Organizational

attractiveness

0.33 0.52 0.52 0.33 0.90 0.24 0.81 0.81

Van Iddekinge

et al. (2011).

6 Technical

knowledge

0.07 0.60 0.33 0.07 0.87 0.73 0.47 0.47
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Van Iddekinge

et al. (2011).

6 Interpersonal

knowledge

0.20 0.87 0.60 0.20 1.00 0.60 0.60 0.33

Van Iddekinge

et al. (2011).

6 Task proficiency 0.60 0.87 0.73 0.60 0.87 0.60 0.73 0.47

Van Iddekinge

et al. (2011).

6 Effort 0.33 0.73 0.47 0.33 0.87 0.87 0.87 0.60

Van Iddekinge

et al. (2011).

6 Continuance

intentions

0.60 0.60 0.60 0.60 1.00 -0.07 0.73 1.00

Wallace et al.

(2006).

4 Safety climate 1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00

Wallace et al.

(2006).

5 Accidents 0.40 0.60 0.60 0.40 1.00 0.40 0.60 0.80

Wallace et al.

(2006).

4 Safety climate 1.00 1.00 1.00 1.00 1.00 0.67 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τβ,ryxp
τβ,GD τβ,ε τβ,rS2 τβ,U τβ,C τβ,m τryxp ,GD

Wallace et al.

(2006).

5 Accidents 0.60 0.80 0.80 0.60 0.80 0.80 0.80 0.80

Walters et al.

(2010).

16 holding period

returns

0.55 0.75 0.75 0.55 0.88 0.52 0.72 0.77

Walters et al.

(2010).

17 holding period

returns

0.51 0.76 0.74 0.51 0.81 0.51 0.72 0.75

Zhang &

Peterson (2011).

7 Team

performance

0.62 0.62 0.62 0.62 1.00 0.43 0.81 1.00

Zhang &

Peterson (2011).

6 Advice network

density

0.87 0.87 0.87 0.87 1.00 0.47 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 0.33 0.33 0.33 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 0.33 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Anderson et al.

(2008).

12 Influence 0.79 1.00 0.48 0.85 0.79 0.94 0.85
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Anderson et al.

(2008).

12 Influence 0.85 1.00 0.45 0.30 0.67 0.85 0.70

Aryee et al.

(2012).

5 Branch market

performance

0.80 1.00 0.20 0.20 0.80 1.00 0.80

Austin (2003). 5 Goal attainment 0.80 1.00 0.60 1.00 0.60 0.80 1.00

Austin (2003). 5 Ext evaluation 1.00 1.00 0.80 0.80 1.00 1.00 1.00

Austin (2003). 5 Internal

evaluation

1.00 1.00 0.20 1.00 0.60 1.00 1.00

Balkundi et al.

(2011).

8 Team

performance

0.71 1.00 0.71 0.57 0.86 1.00 0.71

Balkundi et al.

(2011).

7 Leader charisma 0.71 1.00 0.33 0.43 0.81 0.90 0.62

Balkundi et al.

(2011).

7 Leader

centrality

0.62 1.00 0.52 0.43 0.81 1.00 0.62
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Balkundi et al.

(2011).

6 Leader charisma

(T2)

0.87 1.00 0.33 0.07 0.60 1.00 0.87

Balkundi et al.

(2011).

6 Leader

centrality (T2)

1.00 1.00 0.20 0.47 0.87 1.00 1.00

Balkundi et al.

(2011).

8 Team

performance

(T3)

0.64 1.00 0.36 0.36 0.71 1.00 0.64

Bansal &

Clelland (2004).

11 Unsystematic

risk

0.71 1.00 0.71 0.67 0.93 0.96 0.75

Barnes et

al.(2008).

3 Team

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Barnett & King

(2008).

5 cumulative

abnormal return

0.80 1.00 1.00 0.60 0.80 1.00 0.80

Barnett & King

(2008).

3 cumulative

abnormal return

1.00 1.00 1.00 0.33 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Barrick et al.

(2010).

4 Interview score 0.67 1.00 0.33 1.00 0.67 0.67 1.00

Barrick et al.

(2010).

4 Interview score

(structured

only; in

Interview 3)

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Barrick et al.

(2010).

4 Second

interview

0.33 1.00 0.33 0.33 0.33 0.67 0.67

Bell et al.

(2006).

5 Procedural

justice

expectations (1)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Bell et al.

(2006).

5 Distributive

justice

expectations (1)

0.80 1.00 0.80 0.00 0.80 1.00 0.80
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Bell et al.

(2006).

5 Interpersonal

justice

expectations (1)

0.80 1.00 0.80 0.60 0.80 1.00 0.80

Bell et al.

(2006).

5 Informational

justice

expectations (1)

0.40 1.00 0.40 0.40 0.40 1.00 0.40

Bell et al.

(2006).

9 Test-taking

efficacy (1)

1.00 1.00 0.72 0.89 1.00 1.00 1.00

Bell et al.

(2006).

9 Test-taking

motivation (1)

0.83 1.00 0.67 0.67 0.89 1.00 0.83

Bell et al.

(2006).

9 Intention to

accept job (1)

0.78 1.00 0.61 0.89 0.83 0.94 0.83

Bell et al.

(2006).

9 Intention to

recommend job

(1)

0.83 1.00 0.83 0.94 0.83 1.00 0.83
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Bell et al.

(2006).

10 Procedural

justice

perceptions (2)

0.91 1.00 0.24 0.56 0.69 1.00 0.91

Bell et al.

(2006).

10 Distributive

justice

perceptions (2)

0.87 1.00 0.42 0.64 0.69 1.00 0.87

Bell et al.

(2006).

10 Interpersonal

justice

perceptions (2)

0.82 1.00 0.42 0.78 0.69 0.96 0.87

Bell et al.

(2006).

10 Informational

justice

perceptions (2)

0.82 1.00 0.56 0.73 0.91 0.91 0.91

Bernerth et al.

(2012).

5 FICO 0.80 1.00 0.80 0.80 0.80 1.00 0.80
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Bordia et al.

(2008).

4 Minor offenses

(Time 2)

0.33 1.00 0.33 0.33 1.00 1.00 0.33

Bordia et al.

(2008).

4 Major offenses

(Time 2)

1.00 1.00 0.67 1.00 1.00 0.67 0.67

Brett & Stroh

(2003).

20 Work hours 0.73 1.00 0.35 0.62 0.65 0.92 0.79

Brett & Stroh

(2003).

20 Work hours 0.78 1.00 0.36 0.81 0.62 0.95 0.83

Brown &

Treviño (2009).

6 Self-

enhancement

(E)

0.87 1.00 0.60 -0.33 1.00 0.87 0.73

Brown &

Treviño (2009).

6 Openness to

change (E)

0.87 1.00 0.47 0.07 0.87 1.00 0.87

Brown &

Treviño (2009).

6 Conservation

(E)

0.73 1.00 0.33 0.60 0.47 1.00 0.73
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Brown &

Treviño (2009).

5 Self-

enhancement

(L)

1.00 1.00 0.60 0.60 0.60 1.00 1.00

Brown &

Treviño (2009).

5 Openness to

change (L)

0.80 1.00 0.80 0.80 0.80 1.00 0.80

Brown &

Treviño (2009).

5 Conservation

(L)

1.00 1.00 0.80 0.80 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Values

congruence

0.67 1.00 0.67 1.00 0.67 1.00 0.67

Brown &

Treviño (2006).

4 Interpersonal

deviance

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Brown &

Treviño (2006).

5 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Carton et

al.(2014).

20 heart attack

readmission

prevention

0.63 0.98 0.11 0.47 0.76 0.96 0.67

Carton et

al.(2014).

18 heart attack

readmission

prevention

0.63 0.97 0.08 0.48 0.66 0.90 0.66

Charles et

al.(2013).

7 Wave 2 general

affective distress

0.81 1.00 0.71 0.90 0.81 1.00 0.81

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 1.00 0.73 0.87 0.87 1.00 0.87

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 1.00 0.73 0.60 0.73 1.00 0.87

Chen et

al.(2011).

4 Psychological

empowerment

1.00 1.00 0.67 -0.33 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Chen et

al.(2011).

4 Affective

commitment

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Chen et

al.(2005).

3 Transition

processes

0.33 1.00 0.33 1.00 0.33 1.00 0.33

Chen et

al.(2005).

4 Action processes 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Chen et

al.(2005).

5 Team adaptive

performance

0.60 1.00 0.40 0.60 0.60 1.00 0.60

Christmann

(2004).

8 Level of internal

global

environmental

performance

standards

0.79 1.00 0.57 0.57 0.64 1.00 0.79
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Christmann

(2004).

8 Global

operational

environmental

policy

standardization

0.93 1.00 0.57 0.79 0.86 0.93 1.00

Christmann

(2004).

8 Global

environmental

communication

standardization

0.79 1.00 0.43 0.21 0.71 0.86 0.64

Conlon et al.

(2006).

8 Logged

Citations

0.64 1.00 0.43 0.07 0.64 1.00 0.64

Conlon et al.

(2006).

10 Logged

Citations

0.38 1.00 0.11 0.02 0.47 0.91 0.38

Courtright et al.

(2014).

4 Engagement 1.00 1.00 1.00 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Courtright et al.

(2014).

5 Emotional

exhaustion

1.00 1.00 0.60 1.00 1.00 1.00 1.00

Courtright et al.

(2014).

6 Transformational

leadership

1.00 1.00 0.60 0.33 0.87 1.00 1.00

Courtright et al.

(2014).

6 Laissez faire

leadership

0.33 1.00 0.20 -0.33 0.73 1.00 0.33

Cross &

Cummings

(2004).

11 Performance 0.82 1.00 0.35 0.56 0.60 1.00 0.82

Cross &

Cummings

(2004).

11 Performance 0.85 1.00 0.45 0.78 0.78 1.00 0.85

Curhan,

Elfenbein &

Kilduff (2009).

11 Compensation

satisfaction

0.75 1.00 0.49 0.42 0.78 0.93 0.67
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Curhan,

Elfenbein &

Kilduff (2009).

11 Job satisfaction 0.78 1.00 0.45 0.13 0.60 0.93 0.71

Curhan,

Elfenbein &

Kilduff (2009).

11 Turnover

intention

0.85 0.96 0.56 0.49 0.75 1.00 0.82

Dabos &

Rousseau

(2004).

3 Scientist

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Relational (S)

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Balanced (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Dabos &

Rousseau

(2004).

3 Director

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Relational (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Balanced (S)

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Davidson et al.

(2004).

7 Discretionary

current accruals

0.71 1.00 0.62 0.33 0.62 1.00 0.71

Davidson et al.

(2004).

6 Discretionary

current accruals

0.60 1.00 0.47 0.07 0.47 1.00 0.60

Davidson et al.

(2004).

5 Discretionary

current accruals

0.60 1.00 0.60 0.20 0.60 1.00 0.60
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

de Jong et al.

(2014).

4 team

performance

0.67 1.00 0.67 0.67 1.00 1.00 0.67

de Vries et

al.(2014).

4 interteam

coordination

1.00 1.00 0.67 0.00 1.00 1.00 1.00

de Vries et

al.(2014).

3 cognitive

complexity

1.00 1.00 1.00 1.00 1.00 1.00 1.00

de Vries et

al.(2014).

5 interteam

coordination

1.00 1.00 0.80 0.20 1.00 1.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

0.33 1.00 0.33 0.33 1.00 1.00 0.33

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

-0.33 1.00 -1.00 1.00 -0.33 1.00 -0.33
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

1.00 1.00 0.33 1.00 0.33 1.00 1.00

DeChurch &

Marks (2006).

4 MTS

performance

1.00 1.00 0.00 0.67 1.00 1.00 1.00

DeChurch &

Marks (2006).

4 MTS

performance

1.00 1.00 0.67 0.67 1.00 1.00 1.00

DeChurch &

Marks (2006).

4 MTS

performance

1.00 1.00 0.67 1.00 0.67 0.67 0.67

DeChurch &

Marks (2006).

4 MTS

performance

1.00 1.00 0.67 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

DeChurch &

Marks (2006).

5 MTS

performance

0.80 1.00 0.80 0.40 0.80 1.00 0.80

DeChurch &

Marks (2006).

5 MTS

performance

1.00 1.00 0.80 0.60 1.00 1.00 1.00

DeChurch et al.

(2013).

5 Performance 1.00 1.00 0.80 0.80 1.00 1.00 1.00

DeChurch et al.

(2013).

5 Affective

outcomes

1.00 1.00 0.80 0.80 0.80 1.00 1.00

DeChurch et al.

(2013).

3 Performance 1.00 1.00 0.33 1.00 1.00 1.00 1.00

DeChurch et al.

(2013).

3 Affective

outcomes

1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeRue &

Morgeson

(2007).

3 Person–role fit

(Time 5)

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

DeRue et al.

(2008).

6 team

performance

0.73 1.00 0.47 0.20 0.60 1.00 0.73

Detert et al.

(2008).

10 Moral

disengagement

0.73 1.00 0.64 0.33 0.78 1.00 0.73

Detert et al.

(2008).

11 Unethical

decisions

0.71 1.00 0.45 0.78 0.71 1.00 0.71

Detert et al.

(2007).

15 Operating profit 0.81 1.00 0.35 0.94 0.66 1.00 0.81

Detert et al.

(2007).

15 Customer

Satisfaction

0.75 1.00 0.43 0.64 0.71 0.92 0.68

Detert et al.

(2007).

14 Food loss 0.80 1.00 0.60 0.63 0.91 0.91 0.85

Dierdorff &

Morgeson

(2007).

6 Task

requirements

0.87 1.00 0.60 0.20 0.87 1.00 0.87
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Dierdorff &

Morgeson

(2007).

6 Responsibility

requirements

0.60 1.00 0.33 0.87 0.60 1.00 0.60

Dierdorff &

Morgeson

(2007).

6 Trait

requirements

1.00 1.00 0.47 0.60 0.73 1.00 1.00

Drescher et al.

(2014).

6 trusting

behavior change

1.00 1.00 0.33 1.00 0.73 1.00 1.00

Drescher et al.

(2014).

6 trusting

behavior time 3

0.60 1.00 0.60 0.87 0.60 1.00 0.60

Duffy et al.

(2012).

8 Social

undermining,

time 2

0.79 1.00 0.64 0.14 0.71 1.00 0.79
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Eby et al.

(2008).

9 Protege

intentions to

leave the

relationship

0.89 1.00 0.33 0.67 0.67 1.00 0.89

Eby et al.

(2008).

9 Protege receipt

of career-related

mentoring

0.78 1.00 0.33 0.94 0.56 0.94 0.83

Eby et al.

(2008).

9 Protege receipt

of psychosocial

mentoring

0.89 1.00 0.22 0.94 0.67 0.83 0.72

Eby et al.

(2008).

9 Mentor

intentions to

leave the

relationship

0.67 1.00 0.11 0.94 0.50 0.94 0.72
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Eby et al.

(2008).

9 Mentor burnout 0.28 1.00 0.00 0.39 0.39 0.89 0.28

Edwards et al.

(2006).

3 Average team

performanc

1.00 1.00 0.33 0.33 0.33 1.00 1.00

Edwards et al.

(2006).

3 Average team

performanc

1.00 1.00 1.00 0.33 0.33 1.00 1.00

Firth et al.

(2014).

8 initial work

adjustment

0.93 1.00 0.57 0.86 0.93 0.93 0.86

Firth et al.

(2014).

9 work

adjustment

change

0.78 1.00 0.44 0.56 0.94 1.00 0.78

Firth et al.

(2014).

10 premature

return intention

0.73 1.00 0.33 0.24 0.60 0.96 0.69

Firth et al.

(2014).

10 job satisfaction 0.69 1.00 0.42 0.69 0.60 0.91 0.69
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Fisher (2014). 5 Coordination 0.40 1.00 0.00 0.40 1.00 1.00 0.40

Fisher (2014). 5 Interpersonal

processes

0.80 1.00 0.20 0.80 0.20 1.00 0.80

Fisher (2014). 5 Coordination 0.40 1.00 0.40 0.40 1.00 1.00 0.40

Fisher (2014). 5 Interpersonal

processes

0.80 1.00 0.40 0.60 0.40 1.00 0.80

Fisher et al.

(2012).

7 TMM similarity 0.62 1.00 0.71 0.52 0.81 0.90 0.71

Fisher et al.

(2012).

4 Implicit

coordination

0.33 1.00 0.33 0.33 0.67 1.00 0.33

Fisher et al.

(2012).

4 Team

performance

1.00 1.00 1.00 -0.33 0.33 1.00 1.00

Flynn &

Brockner

(2003).

6 Commitment 0.73 1.00 0.60 0.87 0.60 0.87 0.87
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Flynn &

Brockner

(2003).

6 Commitment 0.87 1.00 0.60 0.87 0.73 1.00 0.87

Flynn &

Brockner

(2003).

6 Commitment 0.87 1.00 0.47 0.60 0.60 1.00 0.87

Flynn &

Brockner

(2003).

6 Commitment 0.87 1.00 0.47 0.87 0.60 1.00 0.87

Flynn &

Schaumberg

(2012).

3 Affective

commitment

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Flynn &

Schaumberg

(2012).

4 Affective

commitment

1.00 1.00 0.67 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Flynn &

Schaumberg

(2012).

4 Work effort 1.00 1.00 1.00 0.67 1.00 1.00 1.00

Flynn &

Schaumberg

(2012).

8 Affective

commitment

0.57 1.00 0.43 0.00 0.71 0.93 0.64

Flynn &

Schaumberg

(2012).

8 Work effort 1.00 1.00 0.57 0.57 1.00 1.00 1.00

Fritz &

Sonnentag

(2006).

12 health

complaints t3

0.67 1.00 0.27 0.82 0.55 0.97 0.70

Fritz &

Sonnentag

(2006).

12 health

complaints t4

0.79 1.00 0.09 0.85 0.55 0.91 0.82
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Fritz &

Sonnentag

(2006).

12 Exhaustion T3 0.85 1.00 0.45 0.91 0.82 0.91 0.88

Fritz &

Sonnentag

(2006).

12 Exhaustion T4 0.67 0.97 0.61 0.82 0.79 0.97 0.73

Fritz &

Sonnentag

(2006).

12 Disengagement

T3

0.85 1.00 0.30 0.94 0.76 0.97 0.82

Fritz &

Sonnentag

(2006).

12 Disengagement

T4

0.79 1.00 0.36 0.85 0.76 0.97 0.82

Fritz &

Sonnentag

(2006).

12 Task

performance T3

0.82 1.00 0.30 0.21 0.76 0.91 0.73
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Fritz &

Sonnentag

(2006).

12 Task

performance T4

0.55 1.00 0.30 0.85 0.48 0.91 0.64

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T3

0.73 1.00 0.64 0.55 0.88 0.94 0.79

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T4

0.58 1.00 0.21 0.42 0.64 1.00 0.58

Fritz et al.

(2010).

9 Exhaustion 0.94 1.00 0.72 0.72 1.00 1.00 0.94

Fritz et al.

(2010).

9 Life satisfaction 0.83 1.00 0.56 0.89 0.89 1.00 0.83
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Gardner et al.

(2012).

9 Knowledge

integration

capability

0.78 1.00 0.67 0.72 0.83 1.00 0.78

Glebbeek & Bax

(2004).

4 Net Result,

1995–98

0.33 1.00 0.33 0.00 0.67 1.00 0.33

Glebbeek & Bax

(2004).

3 Net Result,

1995–98

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Glebbeek & Bax

(2004).

3 Net Result,

1997–98

1.00 1.00 1.00 -0.33 1.00 1.00 1.00

Glebbeek & Bax

(2004).

5 Net Result,

1996–98

1.00 1.00 0.80 0.40 1.00 1.00 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1996–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Glebbeek & Bax

(2004).

5 Net Result,

1997–98

1.00 1.00 0.80 0.20 1.00 1.00 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Gong et al.

(2009).

14 Firm

performance

0.71 1.00 0.32 0.49 0.76 0.91 0.71

Gong et al.

(2009).

12 Affective

commitment

0.88 1.00 0.67 0.64 0.82 1.00 0.88

Gong et al.

(2009).

12 Continuance

commitment

0.82 1.00 0.30 0.64 0.70 0.91 0.85

Gonzalez-Mulé

et al. (2014).

5 cooperative

group norms

0.80 1.00 0.60 0.80 0.80 1.00 0.80

Gonzalez-Mulé

et al. (2014).

6 cwb 0.73 1.00 0.47 -0.07 1.00 1.00 0.73
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Gonzalez-Mulé

et al. (2014).

6 ocb 1.00 1.00 0.87 -0.20 1.00 1.00 1.00

Gonzalez-Mulé

et al. (2014).

6 task

performance

1.00 1.00 0.47 0.47 0.60 0.87 0.87

Gonzalez-Mulé

et al. (2014).

6 job performance 0.87 1.00 1.00 0.47 1.00 1.00 0.87

Gupta et al.

(2013).

6 Sales

performance

1.00 1.00 0.87 0.47 1.00 1.00 1.00

Gupta et al.

(2013).

6 Performance

appraisal

0.87 1.00 0.87 0.20 1.00 0.73 0.87

Gupta et al.

(2013).

7 Sales

performance

0.71 1.00 0.81 0.43 0.90 0.90 0.81

Gupta et al.

(2013).

7 Performance

appraisal

0.81 1.00 0.43 0.52 0.90 0.81 0.81
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Gupta et al.

(2013).

4 Sales at Month

1

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

2

0.67 1.00 0.67 0.67 0.67 1.00 0.67

Gupta et al.

(2013).

4 Sales at Month

3

1.00 1.00 0.33 -0.33 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

4

1.00 1.00 0.33 -0.33 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

5

1.00 1.00 0.67 0.67 1.00 1.00 1.00

Gupta et al.

(2013).

5 Sales at Month

1

0.20 1.00 0.20 0.20 0.20 1.00 0.20

Gupta et al.

(2013).

5 Sales at Month

2

0.20 1.00 0.20 0.20 0.20 1.00 0.20

295



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Gupta et al.

(2013).

5 Sales at Month

3

1.00 1.00 0.60 0.20 0.80 1.00 1.00

Gupta et al.

(2013).

5 Sales at Month

4

0.60 1.00 0.20 0.00 0.60 1.00 0.60

Gupta et al.

(2013).

5 Sales at Month

5

1.00 1.00 0.20 0.60 1.00 0.60 0.60

Hannah et al.

(2013).

4 Adaptive

decision-making

0.33 1.00 0.00 1.00 0.33 0.67 0.67

Harris et al.

(2008).

8 Pay level

satisfaction

0.36 1.00 0.29 -0.43 0.21 1.00 0.36

Hay et al.

(2011).

4 Parental reports

of infance

aggressiveness

1.00 1.00 0.67 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Hay et al.

(2011).

4 Observed use of

instrumental

force

0.67 1.00 0.33 0.33 1.00 1.00 0.67

Hay et al.

(2011).

4 Observed use of

bodily force

0.67 1.00 0.67 0.67 0.67 1.00 0.67

Heimeriks et al.

(2012).

11 Acquisition

integration

performance

0.85 1.00 0.53 0.78 0.85 0.93 0.93

Heimeriks et al.

(2012).

11 Risk

management

practices

0.71 1.00 0.24 0.82 0.64 0.93 0.64

Hewlin (2009). 4 Nonparticipative

environments

1.00 1.00 0.67 0.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Hinkin &

Schriesheim

(2008).

4 Supervisor

effectiveness

0.00 1.00 0.00 0.67 0.00 1.00 0.00

Hinkin &

Schriesheim

(2008).

4 Supervisor

satisfaction

0.33 1.00 0.33 1.00 0.33 0.67 0.67

Hinkin &

Schriesheim

(2008).

3 Role clarity 1.00 1.00 1.00 0.33 1.00 1.00 1.00

Hirschfeld et al.

(2013).

6 Within-team

participation

rate

0.60 1.00 0.20 0.47 0.60 1.00 0.60

Hirschfeld et al.

(2013).

10 Observed

teamwork

effectiveness

0.78 1.00 0.29 0.91 0.64 0.87 0.82
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Hirschfeld &

Bernerth (2008).

4 Team mental

efficacy

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Hirschfeld &

Bernerth (2008).

4 Team physical

efficacy

1.00 1.00 1.00 0.00 1.00 1.00 1.00

Hirschfeld &

Bernerth (2008).

8 Project X Phase

2 results

0.79 1.00 0.29 0.79 0.64 1.00 0.79

Hirschfeld &

Bernerth (2008).

8 Problem solving

results

0.36 1.00 0.21 0.21 0.50 1.00 0.36

Hirschfeld &

Bernerth (2008).

8 Field operations

results

0.71 1.00 0.50 0.21 0.57 0.86 0.71

Hirschfeld &

Bernerth (2008).

9 Internal social

cohesion

0.72 1.00 0.17 0.67 0.94 1.00 0.72

Hirschfeld &

Bernerth (2008).

10 Observed

teamwork

effectiveness

0.87 1.00 0.47 0.69 0.73 0.96 0.91
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Hult et al.

(2004).

3 Knowledge

acquisition

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Hult et al.

(2004).

4 Information

distribution

1.00 1.00 0.33 1.00 0.67 1.00 1.00

Hult et al.

(2004).

5 Shared meaning 1.00 1.00 0.40 1.00 1.00 1.00 1.00

Hult et al.

(2004).

6 Subjective cycle

time

1.00 1.00 0.60 0.47 0.60 0.87 0.87

Ilies & Judge

(2003).

5 Job satisfaction 0.80 1.00 0.40 0.80 0.80 1.00 0.80

Jackson et al.

(2006).

6 Citizenship

behavior

0.87 1.00 0.73 0.07 0.87 1.00 0.87

Jackson et al.

(2006).

6 Counter-

productive

behavior

0.73 1.00 0.47 0.47 0.73 1.00 0.73
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Jackson et al.

(2006).

6 Withdrawal

behavior

0.73 1.00 0.60 -0.20 0.73 1.00 0.73

Jackson et al.

(2006).

4 Task

Performance

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Janssen & Van

Yperen (2004).

6 In-role job

performance

0.73 1.00 0.47 0.33 0.47 0.87 0.87

Janssen & Van

Yperen (2004).

6 Innovative job

performance

0.87 1.00 0.73 0.60 0.60 1.00 0.87

Janssen & Van

Yperen (2004).

6 Job satisfaction 0.87 1.00 0.73 1.00 0.87 1.00 0.87

Janssen & Van

Yperen (2004).

5 Leader-member

exchange

1.00 1.00 0.80 0.40 1.00 1.00 1.00

Jehn et al.

(2010).

4 Group

performance

score

0.67 1.00 1.00 0.67 0.67 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Jehn et al.

(2010).

4 Creativity 1.00 1.00 0.67 -0.67 1.00 1.00 1.00

Jehn et al.

(2010).

4 Group

performance

score

0.67 1.00 0.33 0.00 0.67 1.00 0.67

Jehn et al.

(2010).

4 Creativity 0.67 1.00 0.33 0.33 0.67 1.00 0.67

Jiang et al.

(2012).

3 Human Capital 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Jiang et al.

(2012).

3 Employee

Motivation

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Johnson,

Morgeson, Ilgen,

Meyer & Lloyd

(2006).

6 Job satisfaction 1.00 1.00 0.87 0.87 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Judge et al.

(2007).

8 Work-related

performance

0.57 1.00 0.50 0.57 0.64 0.93 0.64

Judge et al.

(2007).

7 Work-related

performance

0.62 1.00 0.52 0.24 0.62 0.90 0.71

Judge et

al.(2006).

6 Leadership—self 0.73 1.00 0.33 0.33 0.47 1.00 0.73

Judge et

al.(2006).

6 Leadership—other 0.47 1.00 0.20 0.33 0.33 0.87 0.60

Judge et

al.(2006).

6 Leadership—self 0.20 1.00 -0.07 0.73 0.20 0.87 0.33

Judge et

al.(2006).

6 Leadership—other 0.33 1.00 -0.07 0.20 0.47 1.00 0.33

Judge et

al.(2006).

6 Workplace

deviance—self

0.87 1.00 0.87 0.47 0.87 1.00 0.87
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Judge et

al.(2006).

6 Workplace

deviance—other

0.87 1.00 0.87 0.07 0.87 1.00 0.87

Judge et

al.(2006).

6 Contextual per-

formance—self

1.00 1.00 0.60 0.87 0.73 1.00 1.00

Judge et

al.(2006).

6 Contextual per-

formance—other

0.60 1.00 0.60 0.60 0.73 0.87 0.73

Judge et

al.(2006).

6 Task perfor-

mance—self

0.87 1.00 0.60 0.73 0.87 1.00 0.87

Judge et

al.(2006).

6 Task perfor-

mance—other

0.73 1.00 0.60 0.47 0.73 1.00 0.73

Kim & Jensen

(2014).

25 foreign box

office

performance

0.81 1.00 0.45 0.89 0.71 0.96 0.81
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Kim & Jensen

(2014).

21 foreign box

office

performance

0.73 1.00 0.44 0.77 0.74 0.95 0.78

Kirkman et al.

(2004).

3 Process

improvement

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Kirkman et al.

(2004).

3 Team customer

satisfaction

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Klehe &

Anderson

(2007).

7 Typical

Performance 1

0.81 1.00 0.71 0.81 0.90 1.00 0.81

Klehe &

Anderson

(2007).

9 Typical

Performance 2

0.83 1.00 0.39 0.94 0.61 0.94 0.89
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Klehe &

Anderson

(2007).

5 Typical

Performance 1

0.80 1.00 0.80 1.00 0.80 1.00 0.80

Klehe &

Anderson

(2007).

5 Typical

Performance 2

0.80 1.00 0.60 0.60 0.80 1.00 0.80

Klehe &

Anderson

(2007).

3 Maximum

Perforance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Kraimer et al.

(2012).

9 International

Employee

Identity

0.89 1.00 0.56 0.44 0.83 1.00 0.89

Kwong & Wong

(2014).

5 escalation

allocation

0.80 1.00 0.60 1.00 1.00 1.00 0.80
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Kwong & Wong

(2014).

4 escalation

allocation

1.00 1.00 0.67 1.00 0.67 1.00 1.00

Lai et al.

(2009).

3 Acceptance 1.00 1.00 1.00 -0.33 1.00 1.00 1.00

Leavitt et al.

(2012).

3 Sphere of

concern

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Lee et al.(2014). 8 speed 0.93 1.00 0.79 0.36 0.79 1.00 0.93

Lee et al.(2014). 8 accuracy 0.79 1.00 0.57 0.50 0.79 1.00 0.79

Lee et al.

(2004).

4 Performance

(in-role)

0.33 1.00 0.33 0.00 0.67 1.00 0.33

Lee et al.

(2004).

4 OCB

(extra-role)

0.67 1.00 0.00 0.33 0.00 1.00 0.67

Lee et al.

(2004).

4 Volitional

absences

0.67 1.00 1.00 1.00 1.00 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Lian et al.

(2012).

8 interpersonal

deviance at

work

0.86 1.00 0.36 0.93 0.79 1.00 0.86

Lian et al.

(2012).

8 interpersonal

deviance at

home

0.71 1.00 0.57 0.93 0.79 0.86 0.71

Lievens &

Sackett (2012).

3 Internship

performance

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Lievens &

Sackett (2012).

3 Job

performance

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Lim & Ployhart

(2004).

5 Transformational

leadership

0.60 1.00 0.40 1.00 0.60 1.00 0.60

Madjar et

al.(2011).

21 Radical

Creativity

0.74 1.00 0.48 0.68 0.71 0.96 0.76
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Madjar et

al.(2011).

21 Incremental

Creativity

0.67 1.00 0.42 0.59 0.73 0.96 0.69

Madjar et

al.(2011).

21 Routine

performance

0.68 1.00 0.27 0.59 0.59 0.92 0.71

McDonald &

Westphal

(2010).

11 identification

with corporate

elite

0.78 1.00 0.35 0.42 0.56 0.96 0.75

Moon et al.

(2008).

6 Taking charge 0.60 1.00 0.33 0.07 0.73 0.87 0.73

Moon et al.

(2008).

6 Taking charge

(cow)

0.73 1.00 0.73 0.60 0.87 1.00 0.73

Moon et al.

(2008).

6 Taking charge

(sup)

0.87 1.00 0.47 0.87 0.73 0.87 1.00

Mumford et al.

(2008).

7 task role

performance

0.62 1.00 0.52 0.05 0.62 1.00 0.62
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Mumford et al.

(2008).

7 social role

performance

1.00 1.00 0.71 0.71 1.00 0.90 0.90

Mumford et al.

(2008).

7 overall team

performance

0.71 1.00 0.71 0.14 0.71 1.00 0.71

Mumford et al.

(2008).

9 task role

performance

0.61 1.00 0.39 0.50 0.61 1.00 0.61

Mumford et al.

(2008).

9 social role

performance

0.94 1.00 0.44 0.72 1.00 1.00 0.94

Mumford et al.

(2008).

9 overall team

performance

0.67 1.00 0.22 0.50 0.56 0.94 0.61

Nifadkar et al.

(2012).

11 Feedback

Seeking

0.82 1.00 0.09 0.82 0.60 0.96 0.85

Nifadkar et al.

(2012).

11 Interaction

Avoidance

0.78 1.00 0.45 0.45 0.75 0.93 0.78
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Oh & Kilduff

(2008).

6 Direct brokerage 0.73 1.00 0.87 0.60 1.00 0.73 1.00

Oh & Kilduff

(2008).

7 Indirect

brokerage

0.90 1.00 0.71 0.81 0.62 1.00 0.90

Porath &

Bateman

(2006).

4 Learning goal

orientation

0.67 1.00 0.67 0.33 0.67 1.00 0.67

Porath &

Bateman

(2006).

4 Performance-

prove goal

orientation

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Porath &

Bateman

(2006).

4 Performance-

avoid goal

orientation

1.00 1.00 1.00 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Porath &

Bateman

(2006).

4 Performance 0.67 1.00 0.33 -0.33 0.67 1.00 0.67

Porath &

Bateman

(2006).

5 Performance 0.40 1.00 -0.20 0.20 0.60 1.00 0.40

Ragins et al.

(2007).

8 degree of

disclosure

0.71 1.00 0.50 0.79 0.71 1.00 0.71

Ragins et al.

(2007).

8 Fear of

disclosure

1.00 1.00 0.86 0.93 1.00 1.00 1.00

Raja et al.

(2004).

6 Intentions to

quit

0.73 1.00 0.33 0.87 0.60 1.00 0.73

Raja et al.

(2004).

6 Affective

commitment

0.47 1.00 0.33 0.87 0.47 0.87 0.60
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Raja et al.

(2004).

6 Job satisfaction 1.00 1.00 0.20 0.87 0.60 1.00 1.00

Raja et al.

(2004).

5 Intentions to

quit

1.00 1.00 1.00 0.60 1.00 1.00 1.00

Raja et al.

(2004).

5 Affective

commitment

0.60 1.00 0.40 0.40 0.40 0.80 0.80

Raja et al.

(2004).

5 Job satisfaction 0.60 1.00 0.00 1.00 0.40 1.00 0.60

Raja et al.

(2004).

6 Intentions to

quit

1.00 1.00 0.20 0.87 0.60 1.00 1.00

Raja et al.

(2004).

6 Affective

commitment

0.73 1.00 0.47 1.00 0.73 0.87 0.87

Raja et al.

(2004).

6 Job satisfaction 1.00 1.00 0.20 0.73 0.47 0.73 0.73
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Raja et al.

(2004).

12 Intentions to

quit

0.85 1.00 0.15 0.85 0.58 0.91 0.88

Raja et al.

(2004).

12 Affective

commitment

0.85 1.00 0.52 0.91 0.61 0.94 0.85

Raja et al.

(2004).

12 Job satisfaction 0.94 1.00 0.27 0.91 0.79 0.97 0.91

Raja et al.

(2004).

10 Intentions to

quit

0.87 1.00 0.16 0.87 0.56 1.00 0.87

Raja et al.

(2004).

10 Affective

commitment

0.91 1.00 0.69 0.91 0.69 0.96 0.96

Raja et al.

(2004).

10 Job satisfaction 0.96 1.00 0.20 0.91 0.42 0.96 0.91

Raub & Liao

(2012).

8 Aggregated

PCSP

0.79 1.00 0.50 0.36 0.86 1.00 0.79
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Raub & Liao

(2012).

10 Customer

service

satisfaction

0.38 1.00 0.29 0.33 0.56 0.82 0.56

Raver et al.

(2010).

3 Organizational

commitment

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

0.33 1.00 0.33 -0.33 1.00 1.00 0.33

Raver et al.

(2010).

3 Organizational

commitment

1.00 1.00 1.00 0.33 1.00 1.00 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

1.00 1.00 1.00 0.33 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Reynolds

(2008).

7 Charitable

giving

0.71 1.00 0.52 0.62 0.90 0.90 0.81

Reynolds

(2008).

7 Self-reported

moral behavior

1.00 1.00 0.81 0.90 1.00 1.00 1.00

Reynolds

(2008).

7 Others’ moral

behavior

0.90 1.00 0.81 0.81 0.90 1.00 0.90

Reynolds

(2008).

4 Moral awareness

(“present”

scenario)

1.00 1.00 0.67 0.33 1.00 1.00 1.00

Reynolds

(2008).

4 Moral awareness

(“absent”

scenario)

0.67 1.00 0.67 0.67 0.67 1.00 0.67

Reynolds et al.

(2010).

5 Considerations

for shareholders

1.00 1.00 1.00 0.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Reynolds et al.

(2010).

5 Libertarianism 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Rhee & Fiss

(2014).

16 stock market

reaction

0.73 1.00 0.73 0.55 0.75 1.00 0.73

Rhee & Fiss

(2014).

15 stock market

reaction

0.83 1.00 0.77 0.64 0.85 1.00 0.83

Rhee & Fiss

(2014).

14 stock market

reaction

0.93 1.00 0.87 0.71 0.96 1.00 0.93

Rhee & Fiss

(2014).

14 stock market

reaction

0.69 1.00 0.65 0.45 0.69 0.98 0.67

Rhee & Fiss

(2014).

13 stock market

reaction

0.77 1.00 0.74 0.51 0.79 1.00 0.77

Richards et al.

(2011).

12 Surface acting 0.67 1.00 0.52 0.52 0.70 0.97 0.70
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Richards et al.

(2011).

12 Instrumental

support seeking

0.70 1.00 0.58 0.85 0.76 0.88 0.70

Richards et al.

(2011).

12 Emotional

support seeking

0.82 1.00 0.67 0.79 0.79 0.97 0.85

Richards et al.

(2011).

12 Turnover

intention

0.94 1.00 0.21 0.94 0.48 0.94 0.88

Richards et al.

(2011).

12 organizational

citizenship

behaviors

directed at the

organization

0.76 1.00 0.52 0.97 0.64 0.97 0.79

Salamon &

Robinson

(2008).

6 Responsibility

norms

1.00 1.00 0.73 1.00 0.87 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Salamon &

Robinson

(2008).

7 Sales 0.62 1.00 0.33 0.24 0.62 1.00 0.62

Salamon &

Robinson

(2008).

7 Customer

service

0.43 1.00 0.05 0.81 0.52 0.90 0.52

Saparito et al.

(2004).

14 Likelihood of

switching

0.52 1.00 0.27 0.45 0.47 1.00 0.52

Schuelke et al.

(2009).

3 Links 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Coherence 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Closeness 1.00 1.00 0.33 0.33 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Schuelke et al.

(2009).

3 Correlation 1.00 1.00 1.00 0.33 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 0.80 1.00 0.80 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 1.00 1.00 0.80 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 0.80 1.00 0.80 1.00 0.80 1.00 0.80

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 1.00 1.00 0.80 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Scott & Judge

(2009).

5 Organizational

citizenship

behavior

received by

employee

1.00 1.00 0.80 0.80 1.00 1.00 1.00

Scott & Judge

(2009).

5 Counterproductive

work behavior

received by

employee

1.00 1.00 0.20 1.00 0.80 0.80 0.80

Shaffer et al.

(2006).

5 Cultural

adjustment

0.60 1.00 0.20 0.60 0.00 1.00 0.60

Shaffer et al.

(2006).

5 Interaction

adjustment

1.00 1.00 0.60 1.00 0.80 1.00 1.00

Shaffer et al.

(2006).

5 Work

adjustment

0.80 1.00 0.80 0.60 0.80 1.00 0.80
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Shaffer et al.

(2006).

5 Withdrawal

cognitions

0.80 1.00 0.60 0.60 0.80 1.00 0.80

Shaffer et al.

(2006).

5 Contextual

performance

0.80 1.00 0.00 0.80 0.80 1.00 0.80

Shaffer et al.

(2006).

5 Task

performance

0.60 1.00 0.80 0.80 0.80 0.80 0.80

Shaffer et al.

(2006).

4 Cultural

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

1.00 1.00 0.67 1.00 0.67 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

0.67 1.00 0.00 0.67 0.33 1.00 0.67

Shaffer et al.

(2006).

4 Withdrawal

cognitions

0.33 1.00 0.33 0.67 0.33 1.00 0.33
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Shaffer et al.

(2006).

4 Contextual

performance

1.00 1.00 0.67 0.67 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 0.67 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Cultural

adjustment

1.00 1.00 0.67 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Withdrawal

cognitions

1.00 1.00 1.00 0.67 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Contextual

performance

1.00 1.00 1.00 0.33 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shapiro et al.

(2011).

19 Employee’s

turnover

intentions

0.61 1.00 0.32 0.29 0.64 0.98 0.59

Shapiro et al.

(2011).

19 Employee’s

psychological

withdrawal

0.68 1.00 0.49 0.75 0.68 0.95 0.73

Shapiro et al.

(2011).

16 Leader–member

exchange

0.72 1.00 0.47 0.60 0.72 0.98 0.73

Simons et al.

(2007).

7 Trust in

manager

0.62 1.00 0.24 1.00 0.62 1.00 0.62

Simons et al.

(2007).

7 Interpersonal

justice

0.81 1.00 0.62 0.81 0.71 1.00 0.81
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Simons et al.

(2007).

7 Satisfaction 0.81 1.00 0.52 0.90 0.81 1.00 0.81

Simons et al.

(2007).

7 Commitment 1.00 1.00 0.81 0.71 1.00 1.00 1.00

Simons et al.

(2007).

7 Intent to stay 0.90 1.00 0.81 0.52 1.00 1.00 0.90

Slaughter et al.

(2014).

14 initial belief

confidence

0.82 1.00 0.43 0.91 0.67 0.93 0.80

Strauss et al.

(2012).

8 Proactive career

behavior

1.00 1.00 0.93 0.86 0.93 1.00 1.00

Strauss et al.

(2012).

5 Proactive career

behavior

1.00 1.00 0.60 1.00 1.00 1.00 1.00

Strauss et al.

(2012).

6 Proactive career

behavior Time 2

1.00 1.00 0.60 0.87 1.00 0.87 0.87
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Summers et al.

(2012).

5 Task

performance,

time 3

1.00 1.00 1.00 0.80 1.00 1.00 1.00

Takeuchi et al.

(2007).

13 Collective

human capital

0.62 1.00 0.36 0.33 0.62 0.95 0.62

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.72 0.95 0.36 0.82 0.72 0.92 0.79

Takeuchi et al.

(2007).

13 Collective

human capital

0.56 1.00 0.38 0.26 0.72 0.90 0.67

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.82 0.95 0.67 0.28 0.79 0.95 0.77
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.71 1.00 0.24 0.39 0.77 0.96 0.68

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.75 1.00 0.09 0.16 0.52 0.98 0.73

Tay et al.

(2006).

11 Interview

success

0.56 1.00 0.13 0.20 0.35 0.89 0.45

Tay et al.

(2006).

10 Initial Interview

Self Elficacy

0.51 1.00 -0.02 0.11 0.47 0.96 0.56

Trevor &

Nyberg (2008).

17 turnover 0.66 0.99 0.28 0.74 0.62 0.93 0.72

Trevor &

Nyberg (2008).

16 turnover 0.72 0.98 0.30 0.78 0.63 0.97 0.70
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Trevor &

Nyberg (2008).

16 commitment 0.77 1.00 0.42 0.58 0.73 0.98 0.75

van Hooft &

Noordzij (2009).

8 Job search

behavior

0.86 1.00 0.14 0.71 0.79 1.00 0.86

van Hooft &

Noordzij (2009).

7 Job search

intention

0.90 1.00 0.81 0.90 0.90 1.00 0.90

Van Hoye &

Lievens (2009).

4 Positive

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

4 Negative

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

7 Organizational

attractiveness

0.81 1.00 0.43 0.90 0.52 1.00 0.81

Van Iddekinge

et al. (2011).

6 Technical

knowledge

0.73 1.00 0.20 0.07 0.60 0.73 0.47
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Van Iddekinge

et al. (2011).

6 Interpersonal

knowledge

0.60 1.00 0.20 0.60 0.60 0.73 0.33

Van Iddekinge

et al. (2011).

6 Task proficiency 0.60 1.00 0.47 0.20 0.87 0.87 0.47

Van Iddekinge

et al. (2011).

6 Effort 0.87 1.00 0.47 0.47 0.47 0.73 0.60

Van Iddekinge

et al. (2011).

6 Continuance

intentions

1.00 1.00 0.60 0.33 0.87 1.00 1.00

Wallace et al.

(2006).

4 Safety climate 1.00 1.00 1.00 0.67 1.00 1.00 1.00

Wallace et al.

(2006).

5 Accidents 0.80 1.00 0.40 1.00 0.80 1.00 0.80

Wallace et al.

(2006).

4 Safety climate 1.00 1.00 1.00 0.67 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τryxp ,ε τryxp ,r
2
s

τryxp ,U τryxp ,C τryxp ,m τGD,ε τGD,r2
s

Wallace et al.

(2006).

5 Accidents 0.80 1.00 0.40 0.80 0.80 1.00 0.80

Walters et al.

(2010).

16 holding period

returns

0.77 1.00 0.57 0.63 0.73 1.00 0.77

Walters et al.

(2010).

17 holding period

returns

0.78 1.00 0.56 0.76 0.74 0.97 0.75

Zhang &

Peterson (2011).

7 Team

performance

1.00 1.00 0.62 0.81 0.81 1.00 1.00

Zhang &

Peterson (2011).

6 Advice network

density

1.00 1.00 0.87 0.60 0.87 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Agle et al.

(2006).

3 CEO charisma 0.33 0.33 0.33 1.00 1.00 -0.33 0.33

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 0.33 1.00 1.00 1.00 0.33 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Anderson et al.

(2008).

12 Influence 0.64 0.76 0.82 0.79 0.79 0.39 0.82
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Anderson et al.

(2008).

12 Influence 0.76 0.61 0.85 0.85 0.85 0.67 0.82

Aryee et al.

(2012).

5 Branch market

performance

0.40 0.40 1.00 0.80 0.80 0.20 1.00

Austin (2003). 5 Goal attainment 0.60 1.00 0.60 0.80 0.80 0.60 0.80

Austin (2003). 5 Ext evaluation 0.80 0.80 1.00 1.00 1.00 0.60 1.00

Austin (2003). 5 Internal

evaluation

0.20 1.00 0.60 1.00 1.00 0.20 0.60

Balkundi et al.

(2011).

8 Team

performance

1.00 0.57 0.86 0.71 0.71 0.57 0.86

Balkundi et al.

(2011).

7 Leader charisma 0.71 0.62 0.81 0.71 0.71 0.52 0.71

Balkundi et al.

(2011).

7 Leader

centrality

0.52 0.43 0.81 0.62 0.62 -0.05 0.81
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Balkundi et al.

(2011).

6 Leader charisma

(T2)

0.47 0.20 0.73 0.87 0.87 0.20 0.73

Balkundi et al.

(2011).

6 Leader

centrality (T2)

0.20 0.47 0.87 1.00 1.00 0.20 0.87

Balkundi et al.

(2011).

8 Team

performance

(T3)

0.57 0.43 0.64 0.64 0.64 0.14 0.64

Bansal &

Clelland (2004).

11 Unsystematic

risk

0.75 0.56 0.75 0.71 0.71 0.38 0.71

Barnes et

al.(2008).

3 Team

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Barnett & King

(2008).

5 cumulative

abnormal return

0.80 0.40 1.00 0.80 0.80 0.60 1.00

Barnett & King

(2008).

3 cumulative

abnormal return

1.00 0.33 1.00 1.00 1.00 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Barrick et al.

(2010).

4 Interview score 0.33 1.00 0.67 0.67 0.67 0.33 1.00

Barrick et al.

(2010).

4 Interview score

(structured

only; in

Interview 3)

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Barrick et al.

(2010).

4 Second

interview

0.67 0.00 0.67 0.33 0.33 -0.33 1.00

Bell et al.

(2006).

5 Procedural

justice

expectations (1)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Bell et al.

(2006).

5 Distributive

justice

expectations (1)

1.00 0.20 1.00 0.80 0.80 0.20 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Bell et al.

(2006).

5 Interpersonal

justice

expectations (1)

1.00 0.80 1.00 0.80 0.80 0.80 1.00

Bell et al.

(2006).

5 Informational

justice

expectations (1)

1.00 1.00 1.00 0.40 0.40 1.00 1.00

Bell et al.

(2006).

9 Test-taking

efficacy (1)

0.72 0.89 1.00 1.00 1.00 0.72 1.00

Bell et al.

(2006).

9 Test-taking

motivation (1)

0.83 0.72 0.94 0.83 0.83 0.56 0.94

Bell et al.

(2006).

9 Intention to

accept job (1)

0.78 0.83 0.89 0.78 0.78 0.72 0.83

Bell et al.

(2006).

9 Intention to

recommend job

(1)

1.00 0.78 1.00 0.83 0.83 0.78 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Bell et al.

(2006).

10 Procedural

justice

perceptions (2)

0.33 0.56 0.69 0.91 0.91 0.07 0.69

Bell et al.

(2006).

10 Distributive

justice

perceptions (2)

0.56 0.69 0.82 0.87 0.87 0.42 0.82

Bell et al.

(2006).

10 Interpersonal

justice

perceptions (2)

0.47 0.82 0.73 0.82 0.82 0.47 0.78

Bell et al.

(2006).

10 Informational

justice

perceptions (2)

0.64 0.73 1.00 0.82 0.82 0.47 0.91

Bernerth et al.

(2012).

5 FICO 1.00 0.60 1.00 0.80 0.80 0.60 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Bordia et al.

(2008).

4 Minor offenses

(Time 2)

1.00 1.00 0.33 0.33 0.33 1.00 0.33

Bordia et al.

(2008).

4 Major offenses

(Time 2)

1.00 0.67 0.67 1.00 1.00 0.67 1.00

Brett & Stroh

(2003).

20 Work hours 0.52 0.52 0.82 0.73 0.73 0.26 0.76

Brett & Stroh

(2003).

20 Work hours 0.51 0.64 0.79 0.78 0.78 0.19 0.78

Brown &

Treviño (2009).

6 Self-

enhancement

(E)

0.87 -0.07 0.73 0.87 0.87 0.07 0.87

Brown &

Treviño (2009).

6 Openness to

change (E)

0.60 0.20 1.00 0.87 0.87 0.07 1.00

Brown &

Treviño (2009).

6 Conservation

(E)

0.60 0.60 0.73 0.73 0.73 0.20 0.73
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Brown &

Treviño (2009).

5 Self-

enhancement

(L)

0.60 0.60 0.60 1.00 1.00 0.20 0.60

Brown &

Treviño (2009).

5 Openness to

change (L)

1.00 1.00 1.00 0.80 0.80 1.00 1.00

Brown &

Treviño (2009).

5 Conservation

(L)

0.80 0.80 1.00 1.00 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Values

congruence

1.00 0.67 1.00 0.67 0.67 0.67 1.00

Brown &

Treviño (2006).

4 Interpersonal

deviance

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Brown &

Treviño (2006).

5 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Carton et

al.(2014).

20 heart attack

readmission

prevention

0.31 0.69 0.52 0.65 0.65 0.27 0.52

Carton et

al.(2014).

18 heart attack

readmission

prevention

0.37 0.79 0.42 0.66 0.66 0.40 0.45

Charles et

al.(2013).

7 Wave 2 general

affective distress

0.90 0.71 1.00 0.81 0.81 0.62 1.00

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 0.73 1.00 0.87 0.87 0.60 1.00

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.87 0.47 0.87 0.87 0.87 0.33 0.87

Chen et

al.(2011).

4 Psychological

empowerment

0.67 -0.33 1.00 1.00 1.00 0.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Chen et

al.(2011).

4 Affective

commitment

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Chen et

al.(2005).

3 Transition

processes

1.00 0.33 1.00 0.33 0.33 0.33 1.00

Chen et

al.(2005).

4 Action processes 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Chen et

al.(2005).

5 Team adaptive

performance

0.80 0.20 1.00 0.60 0.60 0.00 1.00

Christmann

(2004).

8 Level of internal

global

environmental

performance

standards

0.64 0.36 0.71 0.79 0.79 0.14 0.71
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Christmann

(2004).

8 Global

operational

environmental

policy

standardization

0.57 0.79 0.86 0.93 0.93 0.36 0.93

Christmann

(2004).

8 Global

environmental

communication

standardization

0.79 0.43 0.64 0.79 0.79 0.21 0.64

Conlon et al.

(2006).

8 Logged

Citations

0.79 0.29 0.86 0.64 0.64 0.36 0.86

Conlon et al.

(2006).

10 Logged

Citations

0.73 0.56 0.82 0.38 0.38 0.56 0.73

Courtright et al.

(2014).

4 Engagement 1.00 0.67 1.00 1.00 1.00 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Courtright et al.

(2014).

5 Emotional

exhaustion

0.60 1.00 1.00 1.00 1.00 0.60 1.00

Courtright et al.

(2014).

6 Transformational

leadership

0.60 0.33 0.87 1.00 1.00 -0.07 0.87

Courtright et al.

(2014).

6 Laissez faire

leadership

0.87 0.33 0.33 0.33 0.33 0.47 0.33

Cross &

Cummings

(2004).

11 Performance 0.53 0.45 0.78 0.82 0.82 0.05 0.78

Cross &

Cummings

(2004).

11 Performance 0.60 0.71 0.93 0.85 0.85 0.31 0.93

Curhan,

Elfenbein &

Kilduff (2009).

11 Compensation

satisfaction

0.82 0.31 0.89 0.75 0.75 0.20 0.96
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Curhan,

Elfenbein &

Kilduff (2009).

11 Job satisfaction 0.75 0.42 0.82 0.78 0.78 0.31 0.75

Curhan,

Elfenbein &

Kilduff (2009).

11 Turnover

intention

0.71 0.56 0.75 0.82 0.82 0.35 0.75

Dabos &

Rousseau

(2004).

3 Scientist

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Relational (S)

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Balanced (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Dabos &

Rousseau

(2004).

3 Director

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Relational (S)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Balanced (S)

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Davidson et al.

(2004).

7 Discretionary

current accruals

0.90 0.62 0.90 0.71 0.71 0.52 0.90

Davidson et al.

(2004).

6 Discretionary

current accruals

0.87 0.20 0.87 0.60 0.60 0.07 0.87

Davidson et al.

(2004).

5 Discretionary

current accruals

1.00 0.60 1.00 0.60 0.60 0.60 1.00

344



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

de Jong et al.

(2014).

4 team

performance

1.00 1.00 0.67 0.67 0.67 1.00 0.67

de Vries et

al.(2014).

4 interteam

coordination

0.67 0.00 1.00 1.00 1.00 -0.33 1.00

de Vries et

al.(2014).

3 cognitive

complexity

1.00 1.00 1.00 1.00 1.00 1.00 1.00

de Vries et

al.(2014).

5 interteam

coordination

0.80 0.20 1.00 1.00 1.00 0.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

1.00 -0.33 0.33 0.33 0.33 -0.33 0.33

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

0.33 -0.33 1.00 -0.33 -0.33 -1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

0.33 1.00 0.33 1.00 1.00 0.33 0.33

DeChurch &

Marks (2006).

4 MTS

performance

0.00 0.67 1.00 1.00 1.00 -0.33 1.00

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 1.00 1.00 1.00 0.33 1.00

DeChurch &

Marks (2006).

4 MTS

performance

1.00 0.67 1.00 1.00 1.00 0.67 0.67

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 1.00 1.00 1.00 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

DeChurch &

Marks (2006).

5 MTS

performance

1.00 0.20 1.00 0.80 0.80 0.20 1.00

DeChurch &

Marks (2006).

5 MTS

performance

0.80 0.60 1.00 1.00 1.00 0.40 1.00

DeChurch et al.

(2013).

5 Performance 0.80 0.80 1.00 1.00 1.00 0.60 1.00

DeChurch et al.

(2013).

5 Affective

outcomes

0.80 0.80 0.80 1.00 1.00 0.60 0.80

DeChurch et al.

(2013).

3 Performance 0.33 1.00 1.00 1.00 1.00 0.33 1.00

DeChurch et al.

(2013).

3 Affective

outcomes

1.00 1.00 1.00 1.00 1.00 1.00 1.00

DeRue &

Morgeson

(2007).

3 Person–role fit

(Time 5)

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

DeRue et al.

(2008).

6 team

performance

0.73 0.20 0.87 0.73 0.73 0.20 0.87

Detert et al.

(2008).

10 Moral

disengagement

0.91 0.24 0.87 0.73 0.73 0.24 0.87

Detert et al.

(2008).

11 Unethical

decisions

0.75 0.64 0.93 0.71 0.71 0.45 0.93

Detert et al.

(2007).

15 Operating profit 0.47 0.83 0.77 0.81 0.81 0.30 0.77

Detert et al.

(2007).

15 Customer

Satisfaction

0.60 0.62 0.85 0.75 0.75 0.60 0.89

Detert et al.

(2007).

14 Food loss 0.71 0.56 0.85 0.80 0.80 0.41 0.80

Dierdorff &

Morgeson

(2007).

6 Task

requirements

0.73 0.33 1.00 0.87 0.87 0.60 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Dierdorff &

Morgeson

(2007).

6 Responsibility

requirements

0.47 0.73 0.73 0.60 0.60 0.20 0.73

Dierdorff &

Morgeson

(2007).

6 Trait

requirements

0.47 0.60 0.73 1.00 1.00 0.07 0.73

Drescher et al.

(2014).

6 trusting

behavior change

0.33 1.00 0.73 1.00 1.00 0.33 0.73

Drescher et al.

(2014).

6 trusting

behavior time 3

1.00 0.47 1.00 0.60 0.60 0.47 1.00

Duffy et al.

(2012).

8 Social

undermining,

time 2

0.86 0.21 0.93 0.79 0.79 0.07 0.93
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Eby et al.

(2008).

9 Protege

intentions to

leave the

relationship

0.44 0.56 0.78 0.89 0.89 0.00 0.78

Eby et al.

(2008).

9 Protege receipt

of career-related

mentoring

0.50 0.78 0.72 0.78 0.78 0.28 0.67

Eby et al.

(2008).

9 Protege receipt

of psychosocial

mentoring

0.50 0.78 0.50 0.89 0.89 0.28 0.56

Eby et al.

(2008).

9 Mentor

intentions to

leave the

relationship

0.39 0.78 0.67 0.67 0.67 0.17 0.72
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Eby et al.

(2008).

9 Mentor burnout 0.61 0.33 0.44 0.28 0.28 0.06 0.44

Edwards et al.

(2006).

3 Average team

performanc

0.33 0.33 0.33 1.00 1.00 -0.33 0.33

Edwards et al.

(2006).

3 Average team

performanc

1.00 0.33 0.33 1.00 1.00 0.33 0.33

Firth et al.

(2014).

8 initial work

adjustment

0.71 0.86 0.93 0.93 0.93 0.57 1.00

Firth et al.

(2014).

9 work

adjustment

change

0.67 0.78 0.83 0.78 0.78 0.56 0.83

Firth et al.

(2014).

10 premature

return intention

0.64 0.47 0.82 0.73 0.73 0.56 0.78

Firth et al.

(2014).

10 job satisfaction 0.73 0.91 0.82 0.69 0.69 0.64 0.91
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Fisher (2014). 5 Coordination 0.60 1.00 0.40 0.40 0.40 0.60 0.40

Fisher (2014). 5 Interpersonal

processes

0.40 0.60 0.40 0.80 0.80 0.00 0.40

Fisher (2014). 5 Coordination 1.00 1.00 0.40 0.40 0.40 1.00 0.40

Fisher (2014). 5 Interpersonal

processes

0.60 0.40 0.60 0.80 0.80 0.00 0.60

Fisher et al.

(2012).

7 TMM similarity 1.00 0.81 0.90 0.62 0.62 0.81 0.81

Fisher et al.

(2012).

4 Implicit

coordination

1.00 1.00 0.67 0.33 0.33 1.00 0.67

Fisher et al.

(2012).

4 Team

performance

1.00 -0.33 0.33 1.00 1.00 -0.33 0.33

Flynn &

Brockner

(2003).

6 Commitment 0.73 0.73 0.73 0.73 0.73 0.47 0.87
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Flynn &

Brockner

(2003).

6 Commitment 0.73 0.73 0.87 0.87 0.87 0.47 0.87

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.47 0.47 0.87 0.87 0.07 0.47

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.73 0.73 0.87 0.87 0.33 0.73

Flynn &

Schaumberg

(2012).

3 Affective

commitment

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Flynn &

Schaumberg

(2012).

4 Affective

commitment

0.67 0.67 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Flynn &

Schaumberg

(2012).

4 Work effort 1.00 0.67 1.00 1.00 1.00 0.67 1.00

Flynn &

Schaumberg

(2012).

8 Affective

commitment

0.79 -0.07 0.79 0.57 0.57 -0.29 0.86

Flynn &

Schaumberg

(2012).

8 Work effort 0.57 0.57 1.00 1.00 1.00 0.29 1.00

Fritz &

Sonnentag

(2006).

12 health

complaints t3

0.58 0.70 0.79 0.67 0.67 0.27 0.76

Fritz &

Sonnentag

(2006).

12 health

complaints t4

0.27 0.85 0.67 0.79 0.79 0.18 0.64
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Fritz &

Sonnentag

(2006).

12 Exhaustion T3 0.58 0.79 0.82 0.85 0.85 0.42 0.85

Fritz &

Sonnentag

(2006).

12 Exhaustion T4 0.73 0.88 0.79 0.70 0.70 0.61 0.82

Fritz &

Sonnentag

(2006).

12 Disengagement

T3

0.42 0.76 0.88 0.85 0.85 0.24 0.91

Fritz &

Sonnentag

(2006).

12 Disengagement

T4

0.55 0.79 0.76 0.79 0.79 0.39 0.73

Fritz &

Sonnentag

(2006).

12 Task

performance T3

0.58 0.24 0.91 0.82 0.82 0.24 0.94
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Fritz &

Sonnentag

(2006).

12 Task

performance T4

0.67 0.48 0.85 0.55 0.55 0.15 0.88

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T3

0.79 0.52 0.91 0.73 0.73 0.42 0.85

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T4

0.58 0.48 0.88 0.58 0.58 0.36 0.88

Fritz et al.

(2010).

9 Exhaustion 0.78 0.78 0.94 0.94 0.94 0.67 0.94

Fritz et al.

(2010).

9 Life satisfaction 0.72 0.83 0.94 0.83 0.83 0.56 0.94
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Gardner et al.

(2012).

9 Knowledge

integration

capability

0.78 0.72 0.83 0.78 0.78 0.61 0.83

Glebbeek & Bax

(2004).

4 Net Result,

1995–98

1.00 0.67 0.67 0.33 0.33 0.67 0.67

Glebbeek & Bax

(2004).

3 Net Result,

1995–98

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Glebbeek & Bax

(2004).

3 Net Result,

1997–98

1.00 -0.33 1.00 1.00 1.00 -0.33 1.00

Glebbeek & Bax

(2004).

5 Net Result,

1996–98

0.80 0.40 1.00 1.00 1.00 0.60 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1996–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Glebbeek & Bax

(2004).

5 Net Result,

1997–98

0.80 0.20 1.00 1.00 1.00 0.40 1.00

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Gong et al.

(2009).

14 Firm

performance

0.56 0.52 0.74 0.71 0.71 0.25 0.69

Gong et al.

(2009).

12 Affective

commitment

0.73 0.52 0.82 0.88 0.88 0.30 0.82

Gong et al.

(2009).

12 Continuance

commitment

0.45 0.67 0.85 0.82 0.82 0.42 0.88

Gonzalez-Mulé

et al. (2014).

5 cooperative

group norms

0.80 0.60 1.00 0.80 0.80 0.40 1.00

Gonzalez-Mulé

et al. (2014).

6 cwb 0.73 0.20 0.73 0.73 0.73 0.47 0.73

358



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Gonzalez-Mulé

et al. (2014).

6 ocb 0.87 -0.20 1.00 1.00 1.00 -0.33 1.00

Gonzalez-Mulé

et al. (2014).

6 task

performance

0.60 0.60 0.47 1.00 1.00 0.20 0.60

Gonzalez-Mulé

et al. (2014).

6 job performance 0.87 0.33 0.87 0.87 0.87 0.47 0.87

Gupta et al.

(2013).

6 Sales

performance

0.87 0.47 1.00 1.00 1.00 0.60 1.00

Gupta et al.

(2013).

6 Performance

appraisal

1.00 0.33 0.87 0.87 0.87 0.33 0.87

Gupta et al.

(2013).

7 Sales

performance

1.00 0.24 0.90 0.71 0.71 0.24 0.81

Gupta et al.

(2013).

7 Performance

appraisal

0.62 0.52 0.90 0.81 0.81 0.33 0.90
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Gupta et al.

(2013).

4 Sales at Month

1

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

2

1.00 1.00 1.00 0.67 0.67 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

3

0.33 -0.33 1.00 1.00 1.00 0.33 1.00

Gupta et al.

(2013).

4 Sales at Month

4

0.33 -0.33 1.00 1.00 1.00 -0.33 1.00

Gupta et al.

(2013).

4 Sales at Month

5

0.67 0.67 1.00 1.00 1.00 0.33 1.00

Gupta et al.

(2013).

5 Sales at Month

1

1.00 1.00 1.00 0.20 0.20 1.00 1.00

Gupta et al.

(2013).

5 Sales at Month

2

1.00 1.00 1.00 0.20 0.20 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Gupta et al.

(2013).

5 Sales at Month

3

0.60 0.20 0.80 1.00 1.00 0.60 0.80

Gupta et al.

(2013).

5 Sales at Month

4

0.60 0.40 1.00 0.60 0.60 0.40 1.00

Gupta et al.

(2013).

5 Sales at Month

5

0.60 0.20 0.60 1.00 1.00 -0.20 1.00

Hannah et al.

(2013).

4 Adaptive

decision-making

0.33 0.67 0.67 0.33 0.33 0.00 1.00

Harris et al.

(2008).

8 Pay level

satisfaction

0.79 0.07 0.43 0.36 0.36 0.29 0.43

Hay et al.

(2011).

4 Parental reports

of infance

aggressiveness

0.67 1.00 1.00 1.00 1.00 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Hay et al.

(2011).

4 Observed use of

instrumental

force

0.67 0.67 0.67 0.67 0.67 0.33 0.67

Hay et al.

(2011).

4 Observed use of

bodily force

1.00 1.00 1.00 0.67 0.67 1.00 1.00

Heimeriks et al.

(2012).

11 Acquisition

integration

performance

0.60 0.71 0.93 0.85 0.85 0.31 0.85

Heimeriks et al.

(2012).

11 Risk

management

practices

0.53 0.75 0.78 0.71 0.71 0.35 0.71

Hewlin (2009). 4 Nonparticipative

environments

0.67 0.00 1.00 1.00 1.00 -0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Hinkin &

Schriesheim

(2008).

4 Supervisor

effectiveness

1.00 -0.33 1.00 0.00 0.00 -0.33 1.00

Hinkin &

Schriesheim

(2008).

4 Supervisor

satisfaction

0.67 0.67 0.67 0.33 0.33 0.33 1.00

Hinkin &

Schriesheim

(2008).

3 Role clarity 1.00 0.33 1.00 1.00 1.00 0.33 1.00

Hirschfeld et al.

(2013).

6 Within-team

participation

rate

0.60 0.33 1.00 0.60 0.60 -0.07 1.00

Hirschfeld et al.

(2013).

10 Observed

teamwork

effectiveness

0.47 0.73 0.82 0.78 0.78 0.20 0.87
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Hirschfeld &

Bernerth (2008).

4 Team mental

efficacy

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Hirschfeld &

Bernerth (2008).

4 Team physical

efficacy

1.00 0.00 1.00 1.00 1.00 0.00 1.00

Hirschfeld &

Bernerth (2008).

8 Project X Phase

2 results

0.50 0.57 0.71 0.79 0.79 0.07 0.71

Hirschfeld &

Bernerth (2008).

8 Problem solving

results

0.86 0.57 0.86 0.36 0.36 0.57 0.86

Hirschfeld &

Bernerth (2008).

8 Field operations

results

0.79 0.21 0.86 0.71 0.71 0.14 0.71

Hirschfeld &

Bernerth (2008).

9 Internal social

cohesion

0.44 0.83 0.67 0.72 0.72 0.28 0.67

Hirschfeld &

Bernerth (2008).

10 Observed

teamwork

effectiveness

0.56 0.60 0.73 0.87 0.87 0.16 0.69
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Hult et al.

(2004).

3 Knowledge

acquisition

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Hult et al.

(2004).

4 Information

distribution

0.33 1.00 0.67 1.00 1.00 0.33 0.67

Hult et al.

(2004).

5 Shared meaning 0.40 1.00 1.00 1.00 1.00 0.40 1.00

Hult et al.

(2004).

6 Subjective cycle

time

0.73 0.33 0.73 1.00 1.00 0.07 0.60

Ilies & Judge

(2003).

5 Job satisfaction 0.60 0.60 1.00 0.80 0.80 0.20 1.00

Jackson et al.

(2006).

6 Citizenship

behavior

0.87 0.20 1.00 0.87 0.87 0.33 1.00

Jackson et al.

(2006).

6 Counter-

productive

behavior

0.73 0.47 1.00 0.73 0.73 0.73 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Jackson et al.

(2006).

6 Withdrawal

behavior

0.87 -0.20 1.00 0.73 0.73 -0.07 1.00

Jackson et al.

(2006).

4 Task

Performance

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Janssen & Van

Yperen (2004).

6 In-role job

performance

0.60 0.20 0.60 0.73 0.73 -0.20 0.73

Janssen & Van

Yperen (2004).

6 Innovative job

performance

0.87 0.47 0.73 0.87 0.87 0.33 0.73

Janssen & Van

Yperen (2004).

6 Job satisfaction 0.87 0.87 1.00 0.87 0.87 0.73 1.00

Janssen & Van

Yperen (2004).

5 Leader-member

exchange

0.80 0.40 1.00 1.00 1.00 0.60 1.00

Jehn et al.

(2010).

4 Group

performance

score

1.00 0.67 0.67 0.67 0.67 0.67 0.33
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Jehn et al.

(2010).

4 Creativity 0.67 -0.67 1.00 1.00 1.00 -1.00 1.00

Jehn et al.

(2010).

4 Group

performance

score

0.67 0.33 1.00 0.67 0.67 0.67 1.00

Jehn et al.

(2010).

4 Creativity 0.67 0.67 1.00 0.67 0.67 0.33 1.00

Jiang et al.

(2012).

3 Human Capital 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Jiang et al.

(2012).

3 Employee

Motivation

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Johnson,

Morgeson, Ilgen,

Meyer & Lloyd

(2006).

6 Job satisfaction 0.87 0.87 1.00 1.00 1.00 0.73 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Judge et al.

(2007).

8 Work-related

performance

0.86 0.21 0.86 0.57 0.57 0.07 0.93

Judge et al.

(2007).

7 Work-related

performance

0.81 0.14 0.90 0.62 0.62 -0.05 1.00

Judge et

al.(2006).

6 Leadership—self 0.60 0.07 0.73 0.73 0.73 -0.33 0.73

Judge et

al.(2006).

6 Leadership—other 0.60 0.20 0.73 0.47 0.47 -0.20 0.87

Judge et

al.(2006).

6 Leadership—self 0.60 0.07 0.87 0.20 0.20 -0.33 1.00

Judge et

al.(2006).

6 Leadership—other 0.60 0.07 0.87 0.33 0.33 0.20 0.87

Judge et

al.(2006).

6 Workplace

deviance—self

1.00 0.33 1.00 0.87 0.87 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Judge et

al.(2006).

6 Workplace

deviance—other

1.00 0.20 1.00 0.87 0.87 0.20 1.00

Judge et

al.(2006).

6 Contextual per-

formance—self

0.60 0.87 0.73 1.00 1.00 0.47 0.73

Judge et

al.(2006).

6 Contextual per-

formance—other

0.87 0.60 1.00 0.60 0.60 0.47 0.87

Judge et

al.(2006).

6 Task perfor-

mance—self

0.73 0.60 1.00 0.87 0.87 0.33 1.00

Judge et

al.(2006).

6 Task perfor-

mance—other

0.87 0.73 1.00 0.73 0.73 0.87 1.00

Kim & Jensen

(2014).

25 foreign box

office

performance

0.55 0.74 0.84 0.81 0.81 0.38 0.83
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Kim & Jensen

(2014).

21 foreign box

office

performance

0.58 0.61 0.89 0.73 0.73 0.25 0.91

Kirkman et al.

(2004).

3 Process

improvement

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Kirkman et al.

(2004).

3 Team customer

satisfaction

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Klehe &

Anderson

(2007).

7 Typical

Performance 1

0.71 0.81 0.90 0.81 0.81 0.52 0.90

Klehe &

Anderson

(2007).

9 Typical

Performance 2

0.50 0.83 0.61 0.83 0.83 0.33 0.67
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Klehe &

Anderson

(2007).

5 Typical

Performance 1

1.00 0.80 1.00 0.80 0.80 0.80 1.00

Klehe &

Anderson

(2007).

5 Typical

Performance 2

0.80 0.40 1.00 0.80 0.80 0.20 1.00

Klehe &

Anderson

(2007).

3 Maximum

Perforance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Kraimer et al.

(2012).

9 International

Employee

Identity

0.67 0.44 0.94 0.89 0.89 0.11 0.94

Kwong & Wong

(2014).

5 escalation

allocation

0.80 0.80 0.80 0.80 0.80 0.60 0.80
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Kwong & Wong

(2014).

4 escalation

allocation

0.67 1.00 0.67 1.00 1.00 0.67 0.67

Lai et al.

(2009).

3 Acceptance 1.00 -0.33 1.00 1.00 1.00 -0.33 1.00

Leavitt et al.

(2012).

3 Sphere of

concern

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Lee et al.(2014). 8 speed 0.86 0.43 0.86 0.93 0.93 0.29 0.86

Lee et al.(2014). 8 accuracy 0.79 0.57 1.00 0.79 0.79 0.36 1.00

Lee et al.

(2004).

4 Performance

(in-role)

1.00 0.67 0.67 0.33 0.33 0.67 0.67

Lee et al.

(2004).

4 OCB

(extra-role)

0.33 0.67 0.33 0.67 0.67 0.00 0.33

Lee et al.

(2004).

4 Volitional

absences

1.00 1.00 1.00 0.67 0.67 1.00 0.67

372
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Lian et al.

(2012).

8 interpersonal

deviance at

work

0.50 0.93 0.93 0.86 0.86 0.43 0.93

Lian et al.

(2012).

8 interpersonal

deviance at

home

0.86 0.64 0.79 0.71 0.71 0.50 0.93

Lievens &

Sackett (2012).

3 Internship

performance

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Lievens &

Sackett (2012).

3 Job

performance

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Lim & Ployhart

(2004).

5 Transformational

leadership

0.80 0.60 1.00 0.60 0.60 0.40 1.00

Madjar et

al.(2011).

21 Radical

Creativity

0.68 0.57 0.84 0.74 0.74 0.40 0.88
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Madjar et

al.(2011).

21 Incremental

Creativity

0.60 0.68 0.80 0.67 0.67 0.58 0.78

Madjar et

al.(2011).

21 Routine

performance

0.50 0.53 0.69 0.68 0.68 0.24 0.69

McDonald &

Westphal

(2010).

11 identification

with corporate

elite

0.60 0.67 0.82 0.78 0.78 0.27 0.78

Moon et al.

(2008).

6 Taking charge 0.60 0.33 1.00 0.60 0.60 0.20 0.87

Moon et al.

(2008).

6 Taking charge

(cow)

1.00 0.60 0.87 0.73 0.73 0.60 0.87

Moon et al.

(2008).

6 Taking charge

(sup)

0.47 0.87 0.73 0.87 0.87 0.60 0.87

Mumford et al.

(2008).

7 task role

performance

0.90 0.24 1.00 0.62 0.62 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Mumford et al.

(2008).

7 social role

performance

0.62 0.62 0.90 1.00 1.00 0.81 1.00

Mumford et al.

(2008).

7 overall team

performance

1.00 0.43 1.00 0.71 0.71 0.43 1.00

Mumford et al.

(2008).

9 task role

performance

0.78 0.44 1.00 0.61 0.61 0.22 1.00

Mumford et al.

(2008).

9 social role

performance

0.50 0.67 0.94 0.94 0.94 0.39 0.94

Mumford et al.

(2008).

9 overall team

performance

0.61 0.44 0.94 0.67 0.67 0.17 0.89

Nifadkar et al.

(2012).

11 Feedback

Seeking

0.24 0.75 0.67 0.82 0.82 -0.02 0.71

Nifadkar et al.

(2012).

11 Interaction

Avoidance

0.67 0.38 0.89 0.78 0.78 0.05 0.82
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Oh & Kilduff

(2008).

6 Direct brokerage 0.87 0.60 1.00 0.73 0.73 0.73 0.73

Oh & Kilduff

(2008).

7 Indirect

brokerage

0.81 0.71 0.71 0.90 0.90 0.52 0.71

Porath &

Bateman

(2006).

4 Learning goal

orientation

1.00 0.00 1.00 0.67 0.67 0.00 1.00

Porath &

Bateman

(2006).

4 Performance-

prove goal

orientation

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Porath &

Bateman

(2006).

4 Performance-

avoid goal

orientation

1.00 0.67 1.00 1.00 1.00 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Porath &

Bateman

(2006).

4 Performance 0.67 0.00 1.00 0.67 0.67 0.33 1.00

Porath &

Bateman

(2006).

5 Performance 0.40 0.00 0.80 0.40 0.40 0.20 0.80

Ragins et al.

(2007).

8 degree of

disclosure

0.79 0.79 1.00 0.71 0.71 0.57 1.00

Ragins et al.

(2007).

8 Fear of

disclosure

0.86 0.93 1.00 1.00 1.00 0.79 1.00

Raja et al.

(2004).

6 Intentions to

quit

0.60 0.60 0.87 0.73 0.73 0.20 0.87

Raja et al.

(2004).

6 Affective

commitment

0.73 0.47 0.60 0.47 0.47 0.20 0.73
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Raja et al.

(2004).

6 Job satisfaction 0.20 0.87 0.60 1.00 1.00 0.07 0.60

Raja et al.

(2004).

5 Intentions to

quit

1.00 0.60 1.00 1.00 1.00 0.60 1.00

Raja et al.

(2004).

5 Affective

commitment

0.60 0.20 0.60 0.60 0.60 -0.20 0.80

Raja et al.

(2004).

5 Job satisfaction 0.40 0.60 0.80 0.60 0.60 0.00 0.80

Raja et al.

(2004).

6 Intentions to

quit

0.20 0.87 0.60 1.00 1.00 0.07 0.60

Raja et al.

(2004).

6 Affective

commitment

0.60 0.87 0.60 0.73 0.73 0.47 0.73

Raja et al.

(2004).

6 Job satisfaction 0.20 0.47 0.73 1.00 1.00 -0.07 0.47
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Raja et al.

(2004).

12 Intentions to

quit

0.27 0.73 0.64 0.85 0.85 0.00 0.55

Raja et al.

(2004).

12 Affective

commitment

0.61 0.82 0.64 0.85 0.85 0.42 0.70

Raja et al.

(2004).

12 Job satisfaction 0.30 0.82 0.76 0.94 0.94 0.18 0.79

Raja et al.

(2004).

10 Intentions to

quit

0.20 0.73 0.60 0.87 0.87 0.02 0.60

Raja et al.

(2004).

10 Affective

commitment

0.64 0.87 0.64 0.91 0.91 0.60 0.69

Raja et al.

(2004).

10 Job satisfaction 0.20 0.82 0.51 0.96 0.96 0.11 0.47

Raub & Liao

(2012).

8 Aggregated

PCSP

0.43 0.14 0.79 0.79 0.79 0.57 0.79
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Raub & Liao

(2012).

10 Customer

service

satisfaction

0.73 0.24 0.91 0.38 0.38 -0.02 0.82

Raver et al.

(2010).

3 Organizational

commitment

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

1.00 -1.00 0.33 0.33 0.33 -1.00 0.33

Raver et al.

(2010).

3 Organizational

commitment

1.00 0.33 1.00 1.00 1.00 0.33 1.00

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

1.00 0.33 1.00 1.00 1.00 0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Reynolds

(2008).

7 Charitable

giving

0.71 0.81 0.90 0.71 0.71 0.52 0.81

Reynolds

(2008).

7 Self-reported

moral behavior

0.81 0.90 1.00 1.00 1.00 0.71 1.00

Reynolds

(2008).

7 Others’ moral

behavior

0.90 0.90 1.00 0.90 0.90 0.81 1.00

Reynolds

(2008).

4 Moral awareness

(“present”

scenario)

0.67 0.33 1.00 1.00 1.00 0.00 1.00

Reynolds

(2008).

4 Moral awareness

(“absent”

scenario)

1.00 0.33 1.00 0.67 0.67 0.33 1.00

Reynolds et al.

(2010).

5 Considerations

for shareholders

1.00 0.00 1.00 1.00 1.00 0.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Reynolds et al.

(2010).

5 Libertarianism 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Rhee & Fiss

(2014).

16 stock market

reaction

1.00 0.82 0.98 0.73 0.73 0.82 0.98

Rhee & Fiss

(2014).

15 stock market

reaction

0.94 0.77 0.98 0.83 0.83 0.79 0.98

Rhee & Fiss

(2014).

14 stock market

reaction

0.93 0.74 0.98 0.93 0.93 0.76 0.98

Rhee & Fiss

(2014).

14 stock market

reaction

0.98 0.78 0.98 0.69 0.69 0.80 1.00

Rhee & Fiss

(2014).

13 stock market

reaction

0.97 0.74 0.97 0.77 0.77 0.77 0.97

Richards et al.

(2011).

12 Surface acting 0.82 0.58 0.94 0.67 0.67 0.58 0.91
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Richards et al.

(2011).

12 Instrumental

support seeking

0.82 0.55 0.94 0.70 0.70 0.42 0.88

Richards et al.

(2011).

12 Emotional

support seeking

0.82 0.64 0.94 0.82 0.82 0.45 0.97

Richards et al.

(2011).

12 Turnover

intention

0.27 0.82 0.48 0.94 0.94 0.15 0.48

Richards et al.

(2011).

12 organizational

citizenship

behaviors

directed at the

organization

0.73 0.76 0.79 0.76 0.76 0.48 0.76

Salamon &

Robinson

(2008).

6 Responsibility

norms

0.73 1.00 0.87 1.00 1.00 0.73 0.87
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Salamon &

Robinson

(2008).

7 Sales 0.71 0.24 1.00 0.62 0.62 0.14 1.00

Salamon &

Robinson

(2008).

7 Customer

service

0.52 0.71 0.81 0.43 0.43 0.24 0.90

Saparito et al.

(2004).

14 Likelihood of

switching

0.63 0.89 0.78 0.52 0.52 0.65 0.78

Schuelke et al.

(2009).

3 Links 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Coherence 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Closeness 0.33 0.33 1.00 1.00 1.00 -0.33 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Schuelke et al.

(2009).

3 Correlation 1.00 0.33 1.00 1.00 1.00 0.33 1.00

Schuelke et al.

(2009).

5 Skill acquisition 0.80 1.00 0.80 1.00 1.00 0.80 0.80

Schuelke et al.

(2009).

5 Skill transfer 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 0.80 1.00 1.00 1.00 0.80

Schuelke et al.

(2009).

5 Skill transfer 1.00 0.80 1.00 0.80 0.80 0.80 1.00

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 0.80 1.00 1.00 1.00 1.00 0.80 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Scott & Judge

(2009).

5 Organizational

citizenship

behavior

received by

employee

0.80 0.80 1.00 1.00 1.00 0.60 1.00

Scott & Judge

(2009).

5 Counterproductive

work behavior

received by

employee

0.40 0.80 0.60 1.00 1.00 0.20 0.80

Shaffer et al.

(2006).

5 Cultural

adjustment

0.60 0.20 0.40 0.60 0.60 -0.20 0.40

Shaffer et al.

(2006).

5 Interaction

adjustment

0.60 1.00 0.80 1.00 1.00 0.60 0.80

Shaffer et al.

(2006).

5 Work

adjustment

1.00 0.40 1.00 0.80 0.80 0.40 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Shaffer et al.

(2006).

5 Withdrawal

cognitions

0.80 0.80 1.00 0.80 0.80 0.60 1.00

Shaffer et al.

(2006).

5 Contextual

performance

0.20 0.60 1.00 0.80 0.80 -0.20 1.00

Shaffer et al.

(2006).

5 Task

performance

0.60 1.00 0.60 0.60 0.60 0.60 0.40

Shaffer et al.

(2006).

4 Cultural

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

0.67 1.00 0.67 1.00 1.00 0.67 0.67

Shaffer et al.

(2006).

4 Work

adjustment

0.33 0.33 0.67 0.67 0.67 -0.33 0.67

Shaffer et al.

(2006).

4 Withdrawal

cognitions

1.00 0.00 1.00 0.33 0.33 0.00 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Shaffer et al.

(2006).

4 Contextual

performance

0.67 0.67 1.00 1.00 1.00 0.33 1.00

Shaffer et al.

(2006).

4 Task

performance

0.67 1.00 1.00 1.00 1.00 0.67 1.00

Shaffer et al.

(2006).

4 Cultural

adjustment

0.67 1.00 1.00 1.00 1.00 0.67 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Shaffer et al.

(2006).

4 Withdrawal

cognitions

1.00 0.67 1.00 1.00 1.00 0.67 1.00

Shaffer et al.

(2006).

4 Contextual

performance

1.00 0.33 1.00 1.00 1.00 0.33 1.00

388



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Shapiro et al.

(2011).

19 Employee’s

turnover

intentions

0.71 0.32 0.84 0.61 0.61 0.43 0.86

Shapiro et al.

(2011).

19 Employee’s

psychological

withdrawal

0.75 0.63 0.91 0.68 0.68 0.43 0.88

Shapiro et al.

(2011).

16 Leader–member

exchange

0.70 0.60 0.95 0.72 0.72 0.43 0.97

Simons et al.

(2007).

7 Trust in

manager

0.43 0.62 0.62 0.62 0.62 0.24 0.62

Simons et al.

(2007).

7 Interpersonal

justice

0.81 1.00 0.90 0.81 0.81 0.81 0.90
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Simons et al.

(2007).

7 Satisfaction 0.71 0.90 0.81 0.81 0.81 0.62 0.81

Simons et al.

(2007).

7 Commitment 0.81 0.71 1.00 1.00 1.00 0.52 1.00

Simons et al.

(2007).

7 Intent to stay 0.90 0.62 0.90 0.90 0.90 0.71 0.90

Slaughter et al.

(2014).

14 initial belief

confidence

0.63 0.76 0.56 0.82 0.82 0.38 0.63

Strauss et al.

(2012).

8 Proactive career

behavior

0.93 0.86 0.93 1.00 1.00 0.79 0.93

Strauss et al.

(2012).

5 Proactive career

behavior

0.60 1.00 1.00 1.00 1.00 0.60 1.00

Strauss et al.

(2012).

6 Proactive career

behavior Time 2

0.73 1.00 0.87 1.00 1.00 0.73 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Summers et al.

(2012).

5 Task

performance,

time 3

1.00 0.80 1.00 1.00 1.00 0.80 1.00

Takeuchi et al.

(2007).

13 Collective

human capital

0.74 0.67 0.74 0.62 0.62 0.62 0.74

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.56 0.77 0.82 0.72 0.72 0.38 0.85

Takeuchi et al.

(2007).

13 Collective

human capital

0.62 0.54 0.64 0.56 0.56 0.51 0.59

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.90 0.31 0.82 0.77 0.77 0.26 0.77
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.56 0.60 0.83 0.71 0.71 0.47 0.87

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.35 0.31 0.68 0.75 0.75 0.05 0.66

Tay et al.

(2006).

11 Interview

success

0.53 0.75 0.60 0.56 0.56 0.42 0.49

Tay et al.

(2006).

10 Initial Interview

Self Elficacy

0.42 0.47 0.38 0.51 0.51 0.16 0.42

Trevor &

Nyberg (2008).

17 turnover 0.57 0.91 0.74 0.68 0.68 0.51 0.72

Trevor &

Nyberg (2008).

16 turnover 0.62 0.83 0.78 0.73 0.73 0.45 0.78
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Trevor &

Nyberg (2008).

16 commitment 0.57 0.53 0.85 0.77 0.77 0.43 0.87

van Hooft &

Noordzij (2009).

8 Job search

behavior

0.29 0.86 0.79 0.86 0.86 0.14 0.79

van Hooft &

Noordzij (2009).

7 Job search

intention

0.90 0.81 1.00 0.90 0.90 0.71 1.00

Van Hoye &

Lievens (2009).

4 Positive

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

4 Negative

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

7 Organizational

attractiveness

0.62 0.71 0.71 0.81 0.81 0.33 0.71

Van Iddekinge

et al. (2011).

6 Technical

knowledge

0.73 0.60 0.60 0.73 0.73 0.60 0.87
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Van Iddekinge

et al. (2011).

6 Interpersonal

knowledge

0.87 0.73 0.73 0.60 0.60 0.60 1.00

Van Iddekinge

et al. (2011).

6 Task proficiency 1.00 0.73 0.60 0.60 0.60 0.73 0.73

Van Iddekinge

et al. (2011).

6 Effort 0.87 0.87 0.87 0.87 0.87 0.73 0.60

Van Iddekinge

et al. (2011).

6 Continuance

intentions

0.60 0.33 0.87 1.00 1.00 -0.07 0.87

Wallace et al.

(2006).

4 Safety climate 1.00 0.67 1.00 1.00 1.00 0.67 1.00

Wallace et al.

(2006).

5 Accidents 0.60 0.80 1.00 0.80 0.80 0.40 1.00

Wallace et al.

(2006).

4 Safety climate 1.00 0.67 1.00 1.00 1.00 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τGD,U τGD,C τGD,m τε,r2
s

τε,U τε,C τε,m

Wallace et al.

(2006).

5 Accidents 0.60 1.00 1.00 0.80 0.80 0.60 1.00

Walters et al.

(2010).

16 holding period

returns

0.80 0.67 0.80 0.77 0.77 0.53 0.80

Walters et al.

(2010).

17 holding period

returns

0.81 0.75 0.84 0.78 0.78 0.56 0.81

Zhang &

Peterson (2011).

7 Team

performance

0.62 0.81 0.81 1.00 1.00 0.43 0.81

Zhang &

Peterson (2011).

6 Advice network

density

0.87 0.60 0.87 1.00 1.00 0.47 0.87
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Agle et al.

(2006).

3 CEO charisma 0.33 0.33 0.33 -0.33 1.00 -0.33

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 0.33 1.00 0.33 1.00 0.33

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00

Agle et al.

(2006).

3 CEO charisma 1.00 1.00 1.00 1.00 1.00 1.00

Anderson et al.

(2008).

12 Influence 0.48 0.85 0.79 0.39 0.70 0.64
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Anderson et al.

(2008).

12 Influence 0.45 0.30 0.67 0.67 0.73 0.52

Aryee et al.

(2012).

5 Branch market

performance

0.20 0.20 0.80 0.20 0.40 0.40

Austin (2003). 5 Goal attainment 0.60 1.00 0.60 0.60 1.00 0.60

Austin (2003). 5 Ext evaluation 0.80 0.80 1.00 0.60 0.80 0.80

Austin (2003). 5 Internal

evaluation

0.20 1.00 0.60 0.20 0.60 0.60

Balkundi et al.

(2011).

8 Team

performance

0.71 0.57 0.86 0.57 0.86 0.71

Balkundi et al.

(2011).

7 Leader charisma 0.33 0.43 0.81 0.52 0.52 0.43

Balkundi et al.

(2011).

7 Leader

centrality

0.52 0.43 0.81 -0.05 0.71 0.24
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Balkundi et al.

(2011).

6 Leader charisma

(T2)

0.33 0.07 0.60 0.20 0.47 -0.07

Balkundi et al.

(2011).

6 Leader

centrality (T2)

0.20 0.47 0.87 0.20 0.33 0.33

Balkundi et al.

(2011).

8 Team

performance

(T3)

0.36 0.36 0.71 0.14 0.64 0.07

Bansal &

Clelland (2004).

11 Unsystematic

risk

0.71 0.67 0.93 0.38 0.78 0.60

Barnes et

al.(2008).

3 Team

performance

1.00 1.00 1.00 1.00 1.00 1.00

Barnett & King

(2008).

5 cumulative

abnormal return

1.00 0.60 0.80 0.60 0.80 0.40

Barnett & King

(2008).

3 cumulative

abnormal return

1.00 0.33 1.00 0.33 1.00 0.33

398



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Barrick et al.

(2010).

4 Interview score 0.33 1.00 0.67 0.33 0.67 0.67

Barrick et al.

(2010).

4 Interview score

(structured

only; in

Interview 3)

1.00 0.67 1.00 0.67 1.00 0.67

Barrick et al.

(2010).

4 Second

interview

0.33 0.33 0.33 -0.33 1.00 -0.33

Bell et al.

(2006).

5 Procedural

justice

expectations (1)

1.00 1.00 1.00 1.00 1.00 1.00

Bell et al.

(2006).

5 Distributive

justice

expectations (1)

0.80 0.00 0.80 0.20 1.00 0.20

399



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Bell et al.

(2006).

5 Interpersonal

justice

expectations (1)

0.80 0.60 0.80 0.80 1.00 0.80

Bell et al.

(2006).

5 Informational

justice

expectations (1)

0.40 0.40 0.40 1.00 1.00 1.00

Bell et al.

(2006).

9 Test-taking

efficacy (1)

0.72 0.89 1.00 0.72 0.72 0.89

Bell et al.

(2006).

9 Test-taking

motivation (1)

0.67 0.67 0.89 0.56 0.78 0.67

Bell et al.

(2006).

9 Intention to

accept job (1)

0.61 0.89 0.83 0.72 0.78 0.83

Bell et al.

(2006).

9 Intention to

recommend job

(1)

0.83 0.94 0.83 0.78 1.00 0.78
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Bell et al.

(2006).

10 Procedural

justice

perceptions (2)

0.24 0.56 0.69 0.07 0.47 0.33

Bell et al.

(2006).

10 Distributive

justice

perceptions (2)

0.42 0.64 0.69 0.42 0.64 0.51

Bell et al.

(2006).

10 Interpersonal

justice

perceptions (2)

0.42 0.78 0.69 0.47 0.73 0.64

Bell et al.

(2006).

10 Informational

justice

perceptions (2)

0.56 0.73 0.91 0.47 0.64 0.73

Bernerth et al.

(2012).

5 FICO 0.80 0.80 0.80 0.60 1.00 0.60
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Bordia et al.

(2008).

4 Minor offenses

(Time 2)

0.33 0.33 1.00 1.00 0.33 0.33

Bordia et al.

(2008).

4 Major offenses

(Time 2)

0.67 1.00 1.00 0.67 0.67 1.00

Brett & Stroh

(2003).

20 Work hours 0.35 0.62 0.65 0.26 0.69 0.46

Brett & Stroh

(2003).

20 Work hours 0.36 0.81 0.62 0.19 0.63 0.43

Brown &

Treviño (2009).

6 Self-

enhancement

(E)

0.60 -0.33 1.00 0.07 0.60 -0.33

Brown &

Treviño (2009).

6 Openness to

change (E)

0.47 0.07 0.87 0.07 0.60 0.20

Brown &

Treviño (2009).

6 Conservation

(E)

0.33 0.60 0.47 0.20 0.60 0.60
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Brown &

Treviño (2009).

5 Self-

enhancement

(L)

0.60 0.60 0.60 0.20 1.00 0.20

Brown &

Treviño (2009).

5 Openness to

change (L)

0.80 0.80 0.80 1.00 1.00 1.00

Brown &

Treviño (2009).

5 Conservation

(L)

0.80 0.80 1.00 1.00 0.80 0.80

Brown &

Treviño (2006).

4 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00

Brown &

Treviño (2006).

4 Values

congruence

0.67 1.00 0.67 0.67 1.00 0.67

Brown &

Treviño (2006).

4 Interpersonal

deviance

1.00 0.67 1.00 0.67 1.00 0.67

Brown &

Treviño (2006).

5 Organizational

deviance

1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Carton et

al.(2014).

20 heart attack

readmission

prevention

0.11 0.47 0.74 0.27 0.35 0.29

Carton et

al.(2014).

18 heart attack

readmission

prevention

0.11 0.50 0.63 0.40 0.42 0.24

Charles et

al.(2013).

7 Wave 2 general

affective distress

0.71 0.90 0.81 0.62 0.90 0.71

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.73 0.87 0.87 0.60 0.87 0.73

Charles et

al.(2013).

6 Wave 2 general

affective distress

0.73 0.60 0.73 0.33 1.00 0.33

Chen et

al.(2011).

4 Psychological

empowerment

0.67 -0.33 1.00 0.00 0.67 -0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Chen et

al.(2011).

4 Affective

commitment

1.00 0.67 1.00 0.67 1.00 0.67

Chen et

al.(2005).

3 Transition

processes

0.33 1.00 0.33 0.33 1.00 0.33

Chen et

al.(2005).

4 Action processes 1.00 1.00 1.00 1.00 1.00 1.00

Chen et

al.(2005).

5 Team adaptive

performance

0.40 0.60 0.60 0.00 0.80 0.20

Christmann

(2004).

8 Level of internal

global

environmental

performance

standards

0.57 0.57 0.64 0.14 0.93 0.21
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Christmann

(2004).

8 Global

operational

environmental

policy

standardization

0.57 0.79 0.86 0.36 0.71 0.64

Christmann

(2004).

8 Global

environmental

communication

standardization

0.43 0.21 0.71 0.21 0.71 0.21

Conlon et al.

(2006).

8 Logged

Citations

0.43 0.07 0.64 0.36 0.79 0.29

Conlon et al.

(2006).

10 Logged

Citations

0.11 0.02 0.47 0.56 0.64 0.38

Courtright et al.

(2014).

4 Engagement 1.00 0.67 1.00 0.67 1.00 0.67
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Courtright et al.

(2014).

5 Emotional

exhaustion

0.60 1.00 1.00 0.60 0.60 1.00

Courtright et al.

(2014).

6 Transformational

leadership

0.60 0.33 0.87 -0.07 0.47 0.47

Courtright et al.

(2014).

6 Laissez faire

leadership

0.20 -0.33 0.73 0.47 0.47 -0.07

Cross &

Cummings

(2004).

11 Performance 0.35 0.56 0.60 0.05 0.75 0.24

Cross &

Cummings

(2004).

11 Performance 0.45 0.78 0.78 0.31 0.67 0.64

Curhan,

Elfenbein &

Kilduff (2009).

11 Compensation

satisfaction

0.49 0.42 0.78 0.20 0.71 0.27
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Curhan,

Elfenbein &

Kilduff (2009).

11 Job satisfaction 0.45 0.13 0.60 0.31 0.85 0.31

Curhan,

Elfenbein &

Kilduff (2009).

11 Turnover

intention

0.60 0.53 0.78 0.35 0.75 0.45

Dabos &

Rousseau

(2004).

3 Scientist

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Scientist

Relational (S)

1.00 0.33 1.00 0.33 1.00 0.33

Dabos &

Rousseau

(2004).

3 Scientist

Balanced (S)

1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Dabos &

Rousseau

(2004).

3 Director

Transactional

(S)

1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Relational (S)

1.00 1.00 1.00 1.00 1.00 1.00

Dabos &

Rousseau

(2004).

3 Director

Balanced (S)

1.00 0.33 1.00 0.33 1.00 0.33

Davidson et al.

(2004).

7 Discretionary

current accruals

0.62 0.33 0.62 0.52 1.00 0.52

Davidson et al.

(2004).

6 Discretionary

current accruals

0.47 0.07 0.47 0.07 1.00 0.07

Davidson et al.

(2004).

5 Discretionary

current accruals

0.60 0.20 0.60 0.60 1.00 0.60
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

de Jong et al.

(2014).

4 team

performance

0.67 0.67 1.00 1.00 0.67 0.67

de Vries et

al.(2014).

4 interteam

coordination

0.67 0.00 1.00 -0.33 0.67 0.00

de Vries et

al.(2014).

3 cognitive

complexity

1.00 1.00 1.00 1.00 1.00 1.00

de Vries et

al.(2014).

5 interteam

coordination

0.80 0.20 1.00 0.00 0.80 0.20

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

0.33 0.33 1.00 -0.33 0.33 0.33

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

-1.00 1.00 -0.33 -1.00 0.33 -0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

DeChurch &

Marks (2006).

3 Interteam

coordination

(explicit)

1.00 1.00 1.00 1.00 1.00 1.00

DeChurch &

Marks (2006).

3 Interteam

coordination

(implicit)

0.33 1.00 0.33 0.33 1.00 0.33

DeChurch &

Marks (2006).

4 MTS

performance

0.00 0.67 1.00 -0.33 0.00 0.67

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 1.00 0.33 0.67 0.67

DeChurch &

Marks (2006).

4 MTS

performance

0.67 1.00 0.67 0.67 1.00 0.67

DeChurch &

Marks (2006).

4 MTS

performance

0.67 0.67 1.00 0.33 0.67 0.67
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

DeChurch &

Marks (2006).

5 MTS

performance

0.80 0.40 0.80 0.20 1.00 0.20

DeChurch &

Marks (2006).

5 MTS

performance

0.80 0.60 1.00 0.40 0.80 0.60

DeChurch et al.

(2013).

5 Performance 0.80 0.80 1.00 0.60 0.80 0.80

DeChurch et al.

(2013).

5 Affective

outcomes

0.80 0.80 0.80 0.60 1.00 0.60

DeChurch et al.

(2013).

3 Performance 0.33 1.00 1.00 0.33 0.33 1.00

DeChurch et al.

(2013).

3 Affective

outcomes

1.00 1.00 1.00 1.00 1.00 1.00

DeRue &

Morgeson

(2007).

3 Person–role fit

(Time 5)

1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

DeRue et al.

(2008).

6 team

performance

0.47 0.20 0.60 0.20 0.87 0.07

Detert et al.

(2008).

10 Moral

disengagement

0.64 0.33 0.78 0.24 0.87 0.20

Detert et al.

(2008).

11 Unethical

decisions

0.45 0.78 0.71 0.45 0.75 0.56

Detert et al.

(2007).

15 Operating profit 0.35 0.94 0.66 0.30 0.70 0.60

Detert et al.

(2007).

15 Customer

Satisfaction

0.43 0.64 0.71 0.60 0.64 0.62

Detert et al.

(2007).

14 Food loss 0.60 0.63 0.91 0.41 0.69 0.58

Dierdorff &

Morgeson

(2007).

6 Task

requirements

0.60 0.20 0.87 0.60 0.73 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Dierdorff &

Morgeson

(2007).

6 Responsibility

requirements

0.33 0.87 0.60 0.20 0.73 0.47

Dierdorff &

Morgeson

(2007).

6 Trait

requirements

0.47 0.60 0.73 0.07 0.73 0.33

Drescher et al.

(2014).

6 trusting

behavior change

0.33 1.00 0.73 0.33 0.60 0.73

Drescher et al.

(2014).

6 trusting

behavior time 3

0.60 0.87 0.60 0.47 1.00 0.47

Duffy et al.

(2012).

8 Social

undermining,

time 2

0.64 0.14 0.71 0.07 0.93 0.14
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Eby et al.

(2008).

9 Protege

intentions to

leave the

relationship

0.33 0.67 0.67 0.00 0.67 0.33

Eby et al.

(2008).

9 Protege receipt

of career-related

mentoring

0.33 0.94 0.56 0.28 0.67 0.50

Eby et al.

(2008).

9 Protege receipt

of psychosocial

mentoring

0.22 0.94 0.67 0.28 0.56 0.61

Eby et al.

(2008).

9 Mentor

intentions to

leave the

relationship

0.11 0.94 0.50 0.17 0.61 0.56
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Eby et al.

(2008).

9 Mentor burnout 0.00 0.39 0.39 0.06 0.61 0.11

Edwards et al.

(2006).

3 Average team

performanc

0.33 0.33 0.33 -0.33 1.00 -0.33

Edwards et al.

(2006).

3 Average team

performanc

1.00 0.33 0.33 0.33 0.33 1.00

Firth et al.

(2014).

8 initial work

adjustment

0.57 0.86 0.93 0.57 0.64 0.79

Firth et al.

(2014).

9 work

adjustment

change

0.44 0.56 0.94 0.56 0.50 0.61

Firth et al.

(2014).

10 premature

return intention

0.33 0.24 0.60 0.56 0.64 0.47

Firth et al.

(2014).

10 job satisfaction 0.42 0.69 0.60 0.64 0.82 0.73
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Fisher (2014). 5 Coordination 0.00 0.40 1.00 0.60 0.00 0.40

Fisher (2014). 5 Interpersonal

processes

0.20 0.80 0.20 0.00 1.00 0.00

Fisher (2014). 5 Coordination 0.40 0.40 1.00 1.00 0.40 0.40

Fisher (2014). 5 Interpersonal

processes

0.40 0.60 0.40 0.00 1.00 0.00

Fisher et al.

(2012).

7 TMM similarity 0.71 0.52 0.81 0.81 0.90 0.71

Fisher et al.

(2012).

4 Implicit

coordination

0.33 0.33 0.67 1.00 0.67 0.67

Fisher et al.

(2012).

4 Team

performance

1.00 -0.33 0.33 -0.33 0.33 0.33

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.87 0.60 0.47 1.00 0.47
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Flynn &

Brockner

(2003).

6 Commitment 0.60 0.87 0.73 0.47 0.87 0.60

Flynn &

Brockner

(2003).

6 Commitment 0.47 0.60 0.60 0.07 0.87 0.20

Flynn &

Brockner

(2003).

6 Commitment 0.47 0.87 0.60 0.33 0.87 0.47

Flynn &

Schaumberg

(2012).

3 Affective

commitment

1.00 0.33 1.00 0.33 1.00 0.33

Flynn &

Schaumberg

(2012).

4 Affective

commitment

0.67 0.67 1.00 1.00 0.67 0.67
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Flynn &

Schaumberg

(2012).

4 Work effort 1.00 0.67 1.00 0.67 1.00 0.67

Flynn &

Schaumberg

(2012).

8 Affective

commitment

0.43 0.00 0.71 -0.29 0.71 -0.29

Flynn &

Schaumberg

(2012).

8 Work effort 0.57 0.57 1.00 0.29 0.57 0.57

Fritz &

Sonnentag

(2006).

12 health

complaints t3

0.27 0.82 0.55 0.27 0.73 0.48

Fritz &

Sonnentag

(2006).

12 health

complaints t4

0.09 0.85 0.55 0.18 0.48 0.52
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Fritz &

Sonnentag

(2006).

12 Exhaustion T3 0.45 0.91 0.82 0.42 0.64 0.73

Fritz &

Sonnentag

(2006).

12 Exhaustion T4 0.58 0.85 0.76 0.61 0.82 0.67

Fritz &

Sonnentag

(2006).

12 Disengagement

T3

0.30 0.94 0.76 0.24 0.55 0.70

Fritz &

Sonnentag

(2006).

12 Disengagement

T4

0.36 0.85 0.76 0.39 0.61 0.67

Fritz &

Sonnentag

(2006).

12 Task

performance T3

0.30 0.21 0.76 0.24 0.55 0.27
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Fritz &

Sonnentag

(2006).

12 Task

performance T4

0.30 0.85 0.48 0.15 0.76 0.33

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T3

0.64 0.55 0.88 0.42 0.76 0.55

Fritz &

Sonnentag

(2006).

12 Effort

expenditure T4

0.21 0.42 0.64 0.36 0.58 0.48

Fritz et al.

(2010).

9 Exhaustion 0.72 0.72 1.00 0.67 0.72 0.72

Fritz et al.

(2010).

9 Life satisfaction 0.56 0.89 0.89 0.56 0.67 0.78
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Gardner et al.

(2012).

9 Knowledge

integration

capability

0.67 0.72 0.83 0.61 0.83 0.67

Glebbeek & Bax

(2004).

4 Net Result,

1995–98

0.33 0.00 0.67 0.67 0.67 0.33

Glebbeek & Bax

(2004).

3 Net Result,

1995–98

1.00 0.33 1.00 0.33 1.00 0.33

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 0.67 1.00 0.67 1.00 0.67

Glebbeek & Bax

(2004).

3 Net Result,

1997–98

1.00 -0.33 1.00 -0.33 1.00 -0.33

Glebbeek & Bax

(2004).

5 Net Result,

1996–98

0.80 0.40 1.00 0.60 0.80 0.40

Glebbeek & Bax

(2004).

4 Net Result,

1996–98

1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Glebbeek & Bax

(2004).

5 Net Result,

1997–98

0.80 0.20 1.00 0.40 0.80 0.20

Glebbeek & Bax

(2004).

4 Net Result,

1997–98

1.00 1.00 1.00 1.00 1.00 1.00

Gong et al.

(2009).

14 Firm

performance

0.32 0.49 0.76 0.25 0.56 0.34

Gong et al.

(2009).

12 Affective

commitment

0.67 0.64 0.82 0.30 0.85 0.45

Gong et al.

(2009).

12 Continuance

commitment

0.30 0.64 0.70 0.42 0.61 0.52

Gonzalez-Mulé

et al. (2014).

5 cooperative

group norms

0.60 0.80 0.80 0.40 0.80 0.60

Gonzalez-Mulé

et al. (2014).

6 cwb 0.47 -0.07 1.00 0.47 0.47 -0.07
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Gonzalez-Mulé

et al. (2014).

6 ocb 0.87 -0.20 1.00 -0.33 0.87 -0.20

Gonzalez-Mulé

et al. (2014).

6 task

performance

0.47 0.47 0.60 0.20 0.87 0.07

Gonzalez-Mulé

et al. (2014).

6 job performance 1.00 0.47 1.00 0.47 1.00 0.47

Gupta et al.

(2013).

6 Sales

performance

0.87 0.47 1.00 0.60 0.87 0.47

Gupta et al.

(2013).

6 Performance

appraisal

0.87 0.20 1.00 0.33 0.87 0.20

Gupta et al.

(2013).

7 Sales

performance

0.81 0.43 0.90 0.24 0.90 0.33

Gupta et al.

(2013).

7 Performance

appraisal

0.43 0.52 0.90 0.33 0.52 0.43
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Gupta et al.

(2013).

4 Sales at Month

1

1.00 1.00 1.00 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

2

0.67 0.67 0.67 1.00 1.00 1.00

Gupta et al.

(2013).

4 Sales at Month

3

0.33 -0.33 1.00 0.33 0.33 -0.33

Gupta et al.

(2013).

4 Sales at Month

4

0.33 -0.33 1.00 -0.33 0.33 -0.33

Gupta et al.

(2013).

4 Sales at Month

5

0.67 0.67 1.00 0.33 0.67 0.67

Gupta et al.

(2013).

5 Sales at Month

1

0.20 0.20 0.20 1.00 1.00 1.00

Gupta et al.

(2013).

5 Sales at Month

2

0.20 0.20 0.20 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Gupta et al.

(2013).

5 Sales at Month

3

0.60 0.20 0.80 0.60 0.40 0.00

Gupta et al.

(2013).

5 Sales at Month

4

0.20 0.00 0.60 0.40 0.60 0.40

Gupta et al.

(2013).

5 Sales at Month

5

0.20 0.60 1.00 -0.20 0.20 0.60

Hannah et al.

(2013).

4 Adaptive

decision-making

0.00 1.00 0.33 0.00 0.67 0.33

Harris et al.

(2008).

8 Pay level

satisfaction

0.29 -0.43 0.21 0.29 0.64 0.07

Hay et al.

(2011).

4 Parental reports

of infance

aggressiveness

0.67 1.00 1.00 0.67 0.67 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Hay et al.

(2011).

4 Observed use of

instrumental

force

0.33 0.33 1.00 0.33 0.33 0.33

Hay et al.

(2011).

4 Observed use of

bodily force

0.67 0.67 0.67 1.00 1.00 1.00

Heimeriks et al.

(2012).

11 Acquisition

integration

performance

0.53 0.78 0.85 0.31 0.67 0.64

Heimeriks et al.

(2012).

11 Risk

management

practices

0.24 0.82 0.64 0.35 0.53 0.60

Hewlin (2009). 4 Nonparticipative

environments

0.67 0.00 1.00 -0.33 0.67 0.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Hinkin &

Schriesheim

(2008).

4 Supervisor

effectiveness

0.00 0.67 0.00 -0.33 1.00 -0.33

Hinkin &

Schriesheim

(2008).

4 Supervisor

satisfaction

0.33 1.00 0.33 0.33 1.00 0.33

Hinkin &

Schriesheim

(2008).

3 Role clarity 1.00 0.33 1.00 0.33 1.00 0.33

Hirschfeld et al.

(2013).

6 Within-team

participation

rate

0.20 0.47 0.60 -0.07 0.60 0.33

Hirschfeld et al.

(2013).

10 Observed

teamwork

effectiveness

0.29 0.91 0.64 0.20 0.64 0.56
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Hirschfeld &

Bernerth (2008).

4 Team mental

efficacy

1.00 0.67 1.00 0.67 1.00 0.67

Hirschfeld &

Bernerth (2008).

4 Team physical

efficacy

1.00 0.00 1.00 0.00 1.00 0.00

Hirschfeld &

Bernerth (2008).

8 Project X Phase

2 results

0.29 0.79 0.64 0.07 0.64 0.43

Hirschfeld &

Bernerth (2008).

8 Problem solving

results

0.21 0.21 0.50 0.57 0.71 0.43

Hirschfeld &

Bernerth (2008).

8 Field operations

results

0.50 0.21 0.57 0.14 0.93 0.21

Hirschfeld &

Bernerth (2008).

9 Internal social

cohesion

0.17 0.67 0.94 0.28 0.22 0.61

Hirschfeld &

Bernerth (2008).

10 Observed

teamwork

effectiveness

0.47 0.69 0.73 0.16 0.64 0.42
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Hult et al.

(2004).

3 Knowledge

acquisition

1.00 1.00 1.00 1.00 1.00 1.00

Hult et al.

(2004).

4 Information

distribution

0.33 1.00 0.67 0.33 0.67 0.67

Hult et al.

(2004).

5 Shared meaning 0.40 1.00 1.00 0.40 0.40 1.00

Hult et al.

(2004).

6 Subjective cycle

time

0.60 0.47 0.60 0.07 1.00 0.07

Ilies & Judge

(2003).

5 Job satisfaction 0.40 0.80 0.80 0.20 0.60 0.60

Jackson et al.

(2006).

6 Citizenship

behavior

0.73 0.07 0.87 0.33 0.87 0.20

Jackson et al.

(2006).

6 Counter-

productive

behavior

0.47 0.47 0.73 0.73 0.73 0.47

430



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Jackson et al.

(2006).

6 Withdrawal

behavior

0.60 -0.20 0.73 -0.07 0.87 -0.20

Jackson et al.

(2006).

4 Task

Performance

1.00 0.67 1.00 0.67 1.00 0.67

Janssen & Van

Yperen (2004).

6 In-role job

performance

0.47 0.33 0.47 -0.20 0.47 0.07

Janssen & Van

Yperen (2004).

6 Innovative job

performance

0.73 0.60 0.60 0.33 0.87 0.20

Janssen & Van

Yperen (2004).

6 Job satisfaction 0.73 1.00 0.87 0.73 0.87 0.87

Janssen & Van

Yperen (2004).

5 Leader-member

exchange

0.80 0.40 1.00 0.60 0.80 0.40

Jehn et al.

(2010).

4 Group

performance

score

1.00 0.67 0.67 0.67 0.67 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Jehn et al.

(2010).

4 Creativity 0.67 -0.67 1.00 -1.00 0.67 -0.67

Jehn et al.

(2010).

4 Group

performance

score

0.33 0.00 0.67 0.67 0.67 0.33

Jehn et al.

(2010).

4 Creativity 0.33 0.33 0.67 0.33 0.67 0.67

Jiang et al.

(2012).

3 Human Capital 1.00 1.00 1.00 1.00 1.00 1.00

Jiang et al.

(2012).

3 Employee

Motivation

1.00 1.00 1.00 1.00 1.00 1.00

Johnson,

Morgeson, Ilgen,

Meyer & Lloyd

(2006).

6 Job satisfaction 0.87 0.87 1.00 0.73 0.87 0.87
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Judge et al.

(2007).

8 Work-related

performance

0.50 0.57 0.64 0.07 0.86 0.21

Judge et al.

(2007).

7 Work-related

performance

0.52 0.24 0.62 -0.05 0.90 0.05

Judge et

al.(2006).

6 Leadership—self 0.33 0.33 0.47 -0.33 0.87 -0.20

Judge et

al.(2006).

6 Leadership—other 0.20 0.33 0.33 -0.20 0.87 -0.07

Judge et

al.(2006).

6 Leadership—self -0.07 0.73 0.20 -0.33 0.73 -0.07

Judge et

al.(2006).

6 Leadership—other -0.07 0.20 0.47 0.20 0.47 0.20

Judge et

al.(2006).

6 Workplace

deviance—self

0.87 0.47 0.87 0.33 1.00 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Judge et

al.(2006).

6 Workplace

deviance—other

0.87 0.07 0.87 0.20 1.00 0.20

Judge et

al.(2006).

6 Contextual per-

formance—self

0.60 0.87 0.73 0.47 0.87 0.60

Judge et

al.(2006).

6 Contextual per-

formance—other

0.60 0.60 0.73 0.47 0.87 0.60

Judge et

al.(2006).

6 Task perfor-

mance—self

0.60 0.73 0.87 0.33 0.73 0.60

Judge et

al.(2006).

6 Task perfor-

mance—other

0.60 0.47 0.73 0.87 0.87 0.73

Kim & Jensen

(2014).

25 foreign box

office

performance

0.45 0.89 0.71 0.38 0.67 0.63
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Kim & Jensen

(2014).

21 foreign box

office

performance

0.44 0.77 0.74 0.25 0.68 0.57

Kirkman et al.

(2004).

3 Process

improvement

1.00 0.33 1.00 0.33 1.00 0.33

Kirkman et al.

(2004).

3 Team customer

satisfaction

1.00 0.33 1.00 0.33 1.00 0.33

Klehe &

Anderson

(2007).

7 Typical

Performance 1

0.71 0.81 0.90 0.52 0.81 0.71

Klehe &

Anderson

(2007).

9 Typical

Performance 2

0.39 0.94 0.61 0.33 0.78 0.56
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Klehe &

Anderson

(2007).

5 Typical

Performance 1

0.80 1.00 0.80 0.80 1.00 0.80

Klehe &

Anderson

(2007).

5 Typical

Performance 2

0.60 0.60 0.80 0.20 0.80 0.40

Klehe &

Anderson

(2007).

3 Maximum

Perforance

1.00 1.00 1.00 1.00 1.00 1.00

Kraimer et al.

(2012).

9 International

Employee

Identity

0.56 0.44 0.83 0.11 0.72 0.39

Kwong & Wong

(2014).

5 escalation

allocation

0.60 1.00 1.00 0.60 0.60 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Kwong & Wong

(2014).

4 escalation

allocation

0.67 1.00 0.67 0.67 1.00 0.67

Lai et al.

(2009).

3 Acceptance 1.00 -0.33 1.00 -0.33 1.00 -0.33

Leavitt et al.

(2012).

3 Sphere of

concern

1.00 1.00 1.00 1.00 1.00 1.00

Lee et al.(2014). 8 speed 0.79 0.36 0.79 0.29 1.00 0.29

Lee et al.(2014). 8 accuracy 0.57 0.50 0.79 0.36 0.79 0.57

Lee et al.

(2004).

4 Performance

(in-role)

0.33 0.00 0.67 0.67 0.67 0.33

Lee et al.

(2004).

4 OCB

(extra-role)

0.00 0.33 0.00 0.00 1.00 0.00

Lee et al.

(2004).

4 Volitional

absences

1.00 1.00 1.00 1.00 1.00 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Lian et al.

(2012).

8 interpersonal

deviance at

work

0.36 0.93 0.79 0.43 0.57 0.86

Lian et al.

(2012).

8 interpersonal

deviance at

home

0.57 0.93 0.79 0.50 0.79 0.71

Lievens &

Sackett (2012).

3 Internship

performance

1.00 0.33 1.00 0.33 1.00 0.33

Lievens &

Sackett (2012).

3 Job

performance

1.00 0.33 1.00 0.33 1.00 0.33

Lim & Ployhart

(2004).

5 Transformational

leadership

0.40 1.00 0.60 0.40 0.80 0.60

Madjar et

al.(2011).

21 Radical

Creativity

0.48 0.68 0.71 0.40 0.74 0.50
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Madjar et

al.(2011).

21 Incremental

Creativity

0.42 0.59 0.73 0.58 0.69 0.63

Madjar et

al.(2011).

21 Routine

performance

0.27 0.59 0.59 0.24 0.66 0.35

McDonald &

Westphal

(2010).

11 identification

with corporate

elite

0.35 0.42 0.56 0.27 0.78 0.49

Moon et al.

(2008).

6 Taking charge 0.33 0.07 0.73 0.20 0.60 0.33

Moon et al.

(2008).

6 Taking charge

(cow)

0.73 0.60 0.87 0.60 0.87 0.47

Moon et al.

(2008).

6 Taking charge

(sup)

0.47 0.87 0.73 0.60 0.73 0.60

Mumford et al.

(2008).

7 task role

performance

0.52 0.05 0.62 0.33 0.90 0.24
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Mumford et al.

(2008).

7 social role

performance

0.71 0.71 1.00 0.81 0.71 0.71

Mumford et al.

(2008).

7 overall team

performance

0.71 0.14 0.71 0.43 1.00 0.43

Mumford et al.

(2008).

9 task role

performance

0.39 0.50 0.61 0.22 0.78 0.44

Mumford et al.

(2008).

9 social role

performance

0.44 0.72 1.00 0.39 0.44 0.72

Mumford et al.

(2008).

9 overall team

performance

0.22 0.50 0.56 0.17 0.67 0.50

Nifadkar et al.

(2012).

11 Feedback

Seeking

0.09 0.82 0.60 -0.02 0.42 0.49

Nifadkar et al.

(2012).

11 Interaction

Avoidance

0.45 0.45 0.75 0.05 0.71 0.27
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Oh & Kilduff

(2008).

6 Direct brokerage 0.87 0.60 1.00 0.73 0.87 0.60

Oh & Kilduff

(2008).

7 Indirect

brokerage

0.71 0.81 0.62 0.52 0.90 0.43

Porath &

Bateman

(2006).

4 Learning goal

orientation

0.67 0.33 0.67 0.00 1.00 0.00

Porath &

Bateman

(2006).

4 Performance-

prove goal

orientation

1.00 0.33 1.00 0.33 1.00 0.33

Porath &

Bateman

(2006).

4 Performance-

avoid goal

orientation

1.00 0.67 1.00 0.67 1.00 0.67

441



www.manaraa.com

Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Porath &

Bateman

(2006).

4 Performance 0.33 -0.33 0.67 0.33 0.67 0.00

Porath &

Bateman

(2006).

5 Performance -0.20 0.20 0.60 0.20 0.20 -0.20

Ragins et al.

(2007).

8 degree of

disclosure

0.50 0.79 0.71 0.57 0.79 0.79

Ragins et al.

(2007).

8 Fear of

disclosure

0.86 0.93 1.00 0.79 0.86 0.93

Raja et al.

(2004).

6 Intentions to

quit

0.33 0.87 0.60 0.20 0.73 0.47

Raja et al.

(2004).

6 Affective

commitment

0.33 0.87 0.47 0.20 0.87 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Raja et al.

(2004).

6 Job satisfaction 0.20 0.87 0.60 0.07 0.60 0.47

Raja et al.

(2004).

5 Intentions to

quit

1.00 0.60 1.00 0.60 1.00 0.60

Raja et al.

(2004).

5 Affective

commitment

0.40 0.40 0.40 -0.20 1.00 -0.20

Raja et al.

(2004).

5 Job satisfaction 0.00 1.00 0.40 0.00 0.60 0.40

Raja et al.

(2004).

6 Intentions to

quit

0.20 0.87 0.60 0.07 0.60 0.47

Raja et al.

(2004).

6 Affective

commitment

0.47 1.00 0.73 0.47 0.73 0.73

Raja et al.

(2004).

6 Job satisfaction 0.20 0.73 0.47 -0.07 0.47 0.20
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Raja et al.

(2004).

12 Intentions to

quit

0.15 0.85 0.58 0.00 0.52 0.42

Raja et al.

(2004).

12 Affective

commitment

0.52 0.91 0.61 0.42 0.85 0.52

Raja et al.

(2004).

12 Job satisfaction 0.27 0.91 0.79 0.18 0.48 0.70

Raja et al.

(2004).

10 Intentions to

quit

0.16 0.87 0.56 0.02 0.60 0.42

Raja et al.

(2004).

10 Affective

commitment

0.69 0.91 0.69 0.60 0.73 0.60

Raja et al.

(2004).

10 Job satisfaction 0.20 0.91 0.42 0.11 0.69 0.33

Raub & Liao

(2012).

8 Aggregated

PCSP

0.50 0.36 0.86 0.57 0.64 0.36
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Raub & Liao

(2012).

10 Customer

service

satisfaction

0.29 0.33 0.56 -0.02 0.73 0.16

Raver et al.

(2010).

3 Organizational

commitment

1.00 0.33 1.00 0.33 1.00 0.33

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

0.33 -0.33 1.00 -1.00 0.33 -0.33

Raver et al.

(2010).

3 Organizational

commitment

1.00 0.33 1.00 0.33 1.00 0.33

Raver et al.

(2010).

3 Job satisfaction 1.00 1.00 1.00 1.00 1.00 1.00

Raver et al.

(2010).

3 Turnover

intentions

1.00 0.33 1.00 0.33 1.00 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Reynolds

(2008).

7 Charitable

giving

0.52 0.62 0.90 0.52 0.62 0.71

Reynolds

(2008).

7 Self-reported

moral behavior

0.81 0.90 1.00 0.71 0.81 0.90

Reynolds

(2008).

7 Others’ moral

behavior

0.81 0.81 0.90 0.81 0.90 0.90

Reynolds

(2008).

4 Moral awareness

(“present”

scenario)

0.67 0.33 1.00 0.00 0.67 0.33

Reynolds

(2008).

4 Moral awareness

(“absent”

scenario)

0.67 0.67 0.67 0.33 1.00 0.33

Reynolds et al.

(2010).

5 Considerations

for shareholders

1.00 0.00 1.00 0.00 1.00 0.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Reynolds et al.

(2010).

5 Libertarianism 1.00 1.00 1.00 1.00 1.00 1.00

Rhee & Fiss

(2014).

16 stock market

reaction

0.73 0.55 0.75 0.82 0.98 0.80

Rhee & Fiss

(2014).

15 stock market

reaction

0.77 0.64 0.85 0.79 0.92 0.79

Rhee & Fiss

(2014).

14 stock market

reaction

0.87 0.71 0.96 0.76 0.91 0.76

Rhee & Fiss

(2014).

14 stock market

reaction

0.65 0.45 0.69 0.80 0.96 0.76

Rhee & Fiss

(2014).

13 stock market

reaction

0.74 0.51 0.79 0.77 0.95 0.72

Richards et al.

(2011).

12 Surface acting 0.52 0.52 0.70 0.58 0.82 0.58
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Richards et al.

(2011).

12 Instrumental

support seeking

0.58 0.85 0.76 0.42 0.82 0.61

Richards et al.

(2011).

12 Emotional

support seeking

0.67 0.79 0.79 0.45 0.82 0.58

Richards et al.

(2011).

12 Turnover

intention

0.21 0.94 0.48 0.15 0.73 0.42

Richards et al.

(2011).

12 organizational

citizenship

behaviors

directed at the

organization

0.52 0.97 0.64 0.48 0.82 0.61

Salamon &

Robinson

(2008).

6 Responsibility

norms

0.73 1.00 0.87 0.73 0.87 0.87
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Salamon &

Robinson

(2008).

7 Sales 0.33 0.24 0.62 0.14 0.71 0.24

Salamon &

Robinson

(2008).

7 Customer

service

0.05 0.81 0.52 0.24 0.52 0.52

Saparito et al.

(2004).

14 Likelihood of

switching

0.27 0.45 0.47 0.65 0.80 0.80

Schuelke et al.

(2009).

3 Links 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Coherence 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

3 Closeness 0.33 0.33 1.00 -0.33 0.33 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Schuelke et al.

(2009).

3 Correlation 1.00 0.33 1.00 0.33 1.00 0.33

Schuelke et al.

(2009).

5 Skill acquisition 0.80 1.00 0.80 0.80 1.00 0.80

Schuelke et al.

(2009).

5 Skill transfer 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 0.80 1.00 0.80 0.80

Schuelke et al.

(2009).

5 Skill transfer 0.80 1.00 0.80 0.80 1.00 0.80

Schuelke et al.

(2009).

5 Skill acquisition 1.00 1.00 1.00 1.00 1.00 1.00

Schuelke et al.

(2009).

5 Skill transfer 0.80 1.00 1.00 0.80 0.80 1.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Scott & Judge

(2009).

5 Organizational

citizenship

behavior

received by

employee

0.80 0.80 1.00 0.60 0.80 0.80

Scott & Judge

(2009).

5 Counterproductive

work behavior

received by

employee

0.20 1.00 0.80 0.20 0.40 0.80

Shaffer et al.

(2006).

5 Cultural

adjustment

0.20 0.60 0.00 -0.20 0.80 -0.40

Shaffer et al.

(2006).

5 Interaction

adjustment

0.60 1.00 0.80 0.60 0.80 0.80

Shaffer et al.

(2006).

5 Work

adjustment

0.80 0.60 0.80 0.40 1.00 0.40
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Shaffer et al.

(2006).

5 Withdrawal

cognitions

0.60 0.60 0.80 0.60 0.80 0.80

Shaffer et al.

(2006).

5 Contextual

performance

0.00 0.80 0.80 -0.20 0.20 0.60

Shaffer et al.

(2006).

5 Task

performance

0.80 0.80 0.80 0.60 1.00 0.60

Shaffer et al.

(2006).

4 Cultural

adjustment

1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

0.67 1.00 0.67 0.67 1.00 0.67

Shaffer et al.

(2006).

4 Work

adjustment

0.00 0.67 0.33 -0.33 0.67 0.00

Shaffer et al.

(2006).

4 Withdrawal

cognitions

0.33 0.67 0.33 0.00 1.00 0.00
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Shaffer et al.

(2006).

4 Contextual

performance

0.67 0.67 1.00 0.33 0.67 0.67

Shaffer et al.

(2006).

4 Task

performance

0.67 1.00 1.00 0.67 0.67 1.00

Shaffer et al.

(2006).

4 Cultural

adjustment

0.67 1.00 1.00 0.67 0.67 1.00

Shaffer et al.

(2006).

4 Interaction

adjustment

1.00 1.00 1.00 1.00 1.00 1.00

Shaffer et al.

(2006).

4 Work

adjustment

1.00 0.67 1.00 0.67 1.00 0.67

Shaffer et al.

(2006).

4 Withdrawal

cognitions

1.00 0.67 1.00 0.67 1.00 0.67

Shaffer et al.

(2006).

4 Contextual

performance

1.00 0.33 1.00 0.33 1.00 0.33
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Shaffer et al.

(2006).

4 Task

performance

1.00 1.00 1.00 1.00 1.00 1.00

Shapiro et al.

(2011).

19 Employee’s

turnover

intentions

0.32 0.29 0.64 0.43 0.68 0.32

Shapiro et al.

(2011).

19 Employee’s

psychological

withdrawal

0.49 0.75 0.68 0.43 0.80 0.56

Shapiro et al.

(2011).

16 Leader–member

exchange

0.47 0.60 0.72 0.43 0.75 0.58

Simons et al.

(2007).

7 Trust in

manager

0.24 1.00 0.62 0.24 0.62 0.62

Simons et al.

(2007).

7 Interpersonal

justice

0.62 0.81 0.71 0.81 0.90 0.90
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Simons et al.

(2007).

7 Satisfaction 0.52 0.90 0.81 0.62 0.71 0.71

Simons et al.

(2007).

7 Commitment 0.81 0.71 1.00 0.52 0.81 0.71

Simons et al.

(2007).

7 Intent to stay 0.81 0.52 1.00 0.71 0.81 0.52

Slaughter et al.

(2014).

14 initial belief

confidence

0.43 0.91 0.67 0.38 0.67 0.58

Strauss et al.

(2012).

8 Proactive career

behavior

0.93 0.86 0.93 0.79 1.00 0.79

Strauss et al.

(2012).

5 Proactive career

behavior

0.60 1.00 1.00 0.60 0.60 1.00

Strauss et al.

(2012).

6 Proactive career

behavior Time 2

0.60 0.87 1.00 0.73 0.60 0.87
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Summers et al.

(2012).

5 Task

performance,

time 3

1.00 0.80 1.00 0.80 1.00 0.80

Takeuchi et al.

(2007).

13 Collective

human capital

0.36 0.33 0.62 0.62 0.74 0.46

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.41 0.87 0.72 0.38 0.64 0.69

Takeuchi et al.

(2007).

13 Collective

human capital

0.38 0.26 0.72 0.51 0.67 0.28

Takeuchi et al.

(2007).

13 Degree of

establishment

social exchange

0.67 0.28 0.79 0.26 0.82 0.28
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.24 0.39 0.77 0.47 0.47 0.43

Takeuchi et al.

(2007).

15 Relative

establishment

performance

0.09 0.16 0.52 0.05 0.52 -0.01

Tay et al.

(2006).

11 Interview

success

0.13 0.20 0.35 0.42 0.78 0.42

Tay et al.

(2006).

10 Initial Interview

Self Elficacy

-0.02 0.11 0.47 0.16 0.51 -0.07

Trevor &

Nyberg (2008).

17 turnover 0.29 0.75 0.63 0.51 0.60 0.65

Trevor &

Nyberg (2008).

16 turnover 0.32 0.80 0.65 0.45 0.60 0.68
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Trevor &

Nyberg (2008).

16 commitment 0.42 0.58 0.73 0.43 0.65 0.45

van Hooft &

Noordzij (2009).

8 Job search

behavior

0.14 0.71 0.79 0.14 0.36 0.64

van Hooft &

Noordzij (2009).

7 Job search

intention

0.81 0.90 0.90 0.71 0.90 0.81

Van Hoye &

Lievens (2009).

4 Positive

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

4 Negative

word-of-mouth

1.00 1.00 1.00 1.00 1.00 1.00

Van Hoye &

Lievens (2009).

7 Organizational

attractiveness

0.43 0.90 0.52 0.33 0.71 0.43

Van Iddekinge

et al. (2011).

6 Technical

knowledge

0.20 0.07 0.60 0.60 0.33 0.47
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Van Iddekinge

et al. (2011).

6 Interpersonal

knowledge

0.20 0.60 0.60 0.60 0.60 0.73

Van Iddekinge

et al. (2011).

6 Task proficiency 0.47 0.20 0.87 0.73 0.60 0.33

Van Iddekinge

et al. (2011).

6 Effort 0.47 0.47 0.47 0.73 1.00 0.73

Van Iddekinge

et al. (2011).

6 Continuance

intentions

0.60 0.33 0.87 -0.07 0.73 0.20

Wallace et al.

(2006).

4 Safety climate 1.00 0.67 1.00 0.67 1.00 0.67

Wallace et al.

(2006).

5 Accidents 0.40 1.00 0.80 0.40 0.60 0.80

Wallace et al.

(2006).

4 Safety climate 1.00 0.67 1.00 0.67 1.00 0.67
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Article Number of

Predictors

Dependent

Variable

τr2
s ,U

τr2
s ,C

τr2
s ,m

τU,C τU,m τC,m

Wallace et al.

(2006).

5 Accidents 0.40 0.80 0.80 0.60 0.60 1.00

Walters et al.

(2010).

16 holding period

returns

0.57 0.63 0.73 0.53 0.73 0.47

Walters et al.

(2010).

17 holding period

returns

0.56 0.76 0.74 0.56 0.71 0.59

Zhang &

Peterson (2011).

7 Team

performance

0.62 0.81 0.81 0.43 0.81 0.62

Zhang &

Peterson (2011).

6 Advice network

density

0.87 0.60 0.87 0.47 1.00 0.47
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